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Comparing the RPL model with the CL and the LC
models

Different discrete choice models are obtained from various assumptions on the dis-
tribution of the random terms. We tested three types of models: conditional logit
(CL), random parameter logit (RPL), and latent class (LC). The RPL, which we
retained as the more suitable formulation, is presented in the main text. This ap-
pendix presents the CL and LC models, and discusses why we chose an RPL model.

We run CL estimations with the same specifications as those in our RPL model,
where (the “profit” and “health and environmental impacts” attributes are specified
as continuous variables, and the “production risk” and “administrative commit-
ment” attributes are modeled as effect-coded dummy variables), with and without
interactions with socioeconomic variables. Although the estimates are similar in
their order of magnitude, in both cases, the RPL models are preferable to the
CL models, owing to the higher values of their log-likelihood functions, and be-
cause the standard deviations in the RPL model are highly significant. We also
performed the test proposed by Hausman and McFadden (1984) to test the IIA
assumption. If this property is rejected, then the CL model is not appropriate.
The results of this test for both CL models, with and without interactions with
socioeconomic variables, are presented in Table 9.

Table 9: Test of independence of irrelevant alternatives (IIA)

The null hypothesis of the Hausman test stipulates that there is no significant
difference between the full model and a model with one alternative less. According
to Table 9, the Hausman tests lead to the result that the null hypothesis must be
rejected at the 5% and the 1% levels for the CL models, without and with inter-
actions, respectively, when the alternative status quo is dropped. Because both
CL models violate the IIA property, they are not suitable for modeling farmers’
preferences belonging to this sample.



Another way to take the heterogeneity in respondents’ preferences into account
would have been to analyze the sample using a latent class (LC) model. In this
model, respondents are sorted into classes C, in which preferences are assumed
to be homogeneous in their attributes. In contrast, preferences are allowed to be
heterogeneous between classes, thus partitioning the population. Table 10 shows
that, regardless of the number of classes considered, the RPL model outperforms
the LC model in terms of the Bayesian information criterion (BIC ) and the con-
sistent Akaike information criterion (CAIC ), because models with lower CAIC
and BIC measures are preferable to models with higher measures.

Table 10: Criteria for comparing RPL and LC models
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