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ABSTRACT 

 

The topic of this article is the estimation of the colored 

noise level in audio signals with mixed noise and 

sinusoidal components. The noise envelope model is 

based on the assumptions that the envelope varies only 

slowly with frequency and that the noise amplitudes obey 

a Rayleigh distribution. The method is an extension of a 

recently proposed approach of classification of sinusoidal 

and noise spectral peaks, which takes into account the 

noise envelope model to improve the detection of 

sinusoidal peaks. By means of iterative evaluation and 

adaptation of the noise envelope model, the classification 

of noise and sinusoidal peaks is iteratively refined until 

the detected noise peaks are coherently explained by the 

noise envelope model. Testing examples of nearly white 

noise and colored noise are demonstrated.  

 

1. INTRODUCTION 

 

Many applications for audio signals such as speech and 

music require an estimation of the noise level that should 

be local in time and in frequency. Noise level estimation, 

or noise spectral magnitude estimation, is usually done by 

explicit detection of time segments that contain only noise 

or estimation of harmonically related spectral components 

(for nearly-harmonic signals). Since some of the noise is 

related to the signal, relying only on pure noise segments 

will not allow to properly detect the noise introduced with 

the source signal. Therefore, it has been proposed to 

include several consecutive analysis frames assuming that 

the time segment contains low energy portion and the 

noise present within the segment is more stationary than 

the signal [1]. 

 

The other classical approach is to remove the sinusoids 

and estimate the noise afterwards [2]. This involves 

sinusoidal peak identification, either in single frame [3] 

[4] or by tracking sinusoidal components across frames 

[5] [6]. We decide to follow this approach because the 

assumptions compared to the methods reviewed in [1] are 

released. We propose to classify the spectral peaks in each 

short-time spectrum independently because the costly 

tracking of sinusoidal components could then be avoided. 

Moreover, the spectral peak classification method 

proposed in [3] [4] allows to control the classification 

results such that a bias towards sinusoids or noise can be 

easily altered. After subtracting the sinusoidal peaks from 

the observed spectrum, we expect that there are few 

sinusoidal peaks left in the residual spectrum. Then, a 

bandwise noise distribution fit is performed using a 

statistical measure. The outliers of the observed noise 

peaks are excluded through the process of distribution fit. 

Finally, an average noise level is estimated from the 

remaining noise peaks. 

 

This paper is organized as follows. First the problem of 

estimating noise level is defined. In section 3, we explain 

how the narrow band noise can be modeled. An iterative 

algorithm to approximate the noise level is then presented 

in section 4. Finally, nearly white noise and a polyphonic 

signal with colored noise are tested.  

 

2. PROBLEM DEFINITION 

 

A signal is called "white noise'' if the knowledge of the 

past samples does not tell anything about the subsequent 

samples to come. The power density spectrum of white 

noise is constant. By means of filtering a white noise 

signal, correlations between the samples are introduced. 

Since in most cases the power density spectrum will no 

longer be constant, filtered white noise signals are 

generally called "colored noise''. We define the "colored 

noise level'' as the expected magnitude level of the 

observed noise peaks. It could be represented as a smooth 

frequency dependent curve approximating the noise 

spectrum as shown in Figure 1. The noise level should 

include most of the noise peaks below it and also follows 

smoothly the variation of the observed spectral 

magnitudes. 

 

3. MODELING NARROW BAND NOISE USING 

RAYLEIGH DISTRIBUTION 

 

Under the assumption that noise is nearly white within the 

considered frequency band, we choose Rayleigh 

distribution to fit the distribution of the observed noise  
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Fig. 1. Colored noise level 

 

peaks in each subband 
1
. The Rayleigh distribution was 

originally derived by Lord Rayleigh in connection with a 

problem in the field of acoustics. A Rayleigh random 

variable X has probability density function [7]: 

 

p(x) =
x
2 e

x 2 / 2 2( )
                 (1) 

 

with 0 x < , > 0 , cumulative distribution function 

 

F(x) =1 e
x 2 / 2 2( )

                                                     (2) 

 

and the pth percentile  

 

xp = F 1 p( ) = 2log 1 p( ) , 0 < p <1           (3) 

 

In Figure 2, the probability density function is plotted 

for different values of . The larger the , the larger the 

maximum of the distribution. Notice that  is not the usual 

notation for the variance of one distribution but the mode 

of the Rayleigh distribution. The variance of Rayleigh 

distributed random variable is 

 

Var x( ) =
4

2
                                                       (4) 

 

    Consider a Rayleigh random variable X as the observed 

magnitudes of spectral peaks,  represents the most 

frequent magnitude values for noise peaks in a narrow 

band. For the spectral components of magnitudes close to 

, they are of higher probability to be noise. On the other  

 

                                                
1
 In fact,  Rice has showned  in the Bell Laboratories Journal in 

1944 and 1945 that Rayleigh distribution is suitable for modeling 

the probability distribution of a narrow band noise. 

0 1 2 3 4 5 6 7 8 9 10
0

0.2

0.4

0.6

0.8

1

1.2

1.4

x

p(
x)

 
Fig. 2. Rayleigh distribution with different  

 

hand, for the spectral peaks of magnitudes larger than , 

those of larger magnitudes are less probable to be noise 

(and thus they are more probable to be signal).  

 

 

4. NOISE LEVEL ESTIMATION 

 

For a given narrow band, e.g. each frequency bin k, the 

noise distribution can be modeled by means of a Rayleigh 

distribution with a frequency dependent (k). Once (k) 

across the spectrum be estimated, the curve passing 

through these -valued magnitudes defines a reference 

noise level L . By adjusting the percentage of noise to be 

included using eq.(3), the noise level Ln can be estimated 

by simply multiplying 2log 1 p( )  with L . 

Therefore, the problem comes to estimating the frequency 

dependent (k). 

 

    It is known that the mean of a Rayleigh random 

variable X is  

 

E X[ ] = /2                                                           (5) 

 

from which we have  

 

=
E x[ ]
/2

                                                                    (6) 

 

That is, the frequency dependent (k) can be obtained 

if the mean magnitude of noise components, which is also 

frequency dependent, can be estimated. We propose an 

iterative approximation of the average noise level Lm (thus 

L   Ln) using the cepstrally-smoothed curve over the 

peaks classified as noise.  

 

 



4.1. Spectral subtraction of sinusoids 

 

In [3], four spectral peak descriptors have been proposed 

to classify spectral peaks. The descriptors are designed to 

properly deal with non-stationary sinusoids. This method 

serves as the first step of our algorithm to classify 

sinusoidal and non-sinusoidal peaks. The sinusoidal peaks 

are then subtracted from the observed spectrum to obtain 

the residual spectrum that contains mostly noise peaks. 

 

To estimate the frequency of each sinusoidal peak, we 

rely on the reassignment method proposed by F. Auger 

and P. Flandrin [8]. Given a STFT (Short Time Fourier 

Transform) Xh using the analysis window h, the frequency 

slope can be estimated by means of [9]  

 

' t,( ) =
ˆ  t,( ) / t
ˆ t t,( ) / t

                                               (7) 

 

, where ˆ t t,( )  and ˆ  t,( )  are the reassignment 

operators.  Once the frequency and the frequency slope of 

each sinusoidal peak are estimated, the peak is subtracted 

from the observed spectrum. The optimal phase is 

estimated by means of the least square error criterion, i.e. 

the error between the original signal and the processed 

signal is minimized. However, if the estimated slope is 

larger than the maximal slope around the observed peak, it 

will not be considered as a consistent estimate and 

therefore be disregarded. 

 

    The main function of subtracting sinusoidal peaks is to 

provide sufficient residual peaks for a proper statistical 

measure of the magnitude distribution even if the 

frequency resolution is limited and sinusoidal peaks are 

very dense.  

 

 4.2. Iterative approximation of the noise level  

 

After obtaining the residual spectrum, denoted as XR, the 

spectral peak classification is re-performed and then the 

iterative approximation of the noise level is carried out till 

the selected statistical measure of the noise distribution in 

all subbands 
2
 fit that of Rayleigh distribution. 

 

    The reasons to use a statistical measure are: (i) the 

amount of the observed samples is usually not large 

enough to draw the underlying distribution, (ii) statistical 

measures are representative of a distribution and are more 

efficient for distribution fit. 

 

                                                
2
 We divide equally 16 subbands for an analysis frequency range 

up to 5kHz. 

    We use skewness as the statistical measure for 

distribution fit. Skewness is a measure of the degree of 

asymmetry of a distribution [10]. If the right tail (tail at 

the large end of the distribution) extends more than the 

left tail does, the function is said to have positive 

skewness. If the reverse is true, it has negative skewness. 

If the two tails extend symmetrically, it has zero 

skewness, e.g. Gaussian distribution. The skewness of a 

distribution is defined as 

 

Skw X( ) =
μ3
μ2
3 / 2                                                             (8) 

 

where μi is the ith central moment defined as the expected 

value of X
i
. And the skewness of Rayleigh distribution is 

independent of (k): 

 

skwrayl =
2 3( )

4( )
3

0.6311                              (9) 

 

    We define that a distribution fit is achieved if 

Skw Xn
b( ) skwrayl , where Xn

b
 is the observed 

magnitudes of noise peaks in the bth subband. 

 

    Assuming that for each subband in XR there are a 

greater proportion of noise peaks and only a few 

sinusoidal peaks remain with dominant magnitudes. Then 

the noise level approximation can be realized by iterating 

the following processes: 

 

    I. For each subband, check if the distribution fit is 

achieved. If the distribution fit is not achieved in the 

subband under investigation, that is, 

Skw Xn
b( ) > skwrayl , the largest outlier is removed (re-

classifying the largest peak in the subband as sinusoids). 

Under the assumption that (k) varies slowly with 

frequency, we expect that the skewness decreases while an 

outlier is removed. Therefore, convergence of this 

iterative procedure is expected.  

 

   II. Calculate the cepstrum of the noise spectrum 

constructed from interpolating the magnitudes of noise 

peaks. The cepstrum is the inverse Fourier transform of 

the log-magnitude spectrum and the dth cepstral 

coefficient is formulated as 

 

cd =
1

2
log Xn ( )ei d d                                  (10) 

 

By truncating the cepstrum and using the first D cepstral 

coefficients, we reconstruct a smooth curve representing 



the average noise level Lm as a sum of the slowly varying 

components. 

 

Lm ( ) = exp c0 + 2 cd cos p( )
d=1

D 1 

 
 

 

 
                      (11) 

 

  III. The noise peaks in each subband are updated w.r.t. 

the noise level: 

 

Ln = L 2log 1 p( )                                       

      =
Lm
/2

2log 1 p( )                                     (12) 

 

The peaks below Ln are defined as the noise components 

for the next iteration. 

 

While all the subbands meet the requirement of the 

skewness measure, the set of noise peaks at the end of 

iteration defines the final noise level. Notice that if the 

noise level varies very fast in such a way that the slope of 

the noise envelope is very large, the process might not 

converge. 

 

 

5. TESTING EXAMPLES 

 

To demonstrate the effectiveness of the proposed 

algorithm, we have tested two types of signals: nearly-

white noise and signal with background noise. In both 

cases, we set the noise percentile of the Rayleigh 

distribution to 80%, that is, p=0.8 in eq.(12). 

 

In Figure 3, a nearly-white noise spectrum is shown with 

the estimated noise level. The estimated noise level does 

approximate a flat curve that is expected for a nearly-

white noise. To further demonstrate how the proposed 

algorithm works for polyphonic signals, we demonstrate a 

polyphonic signal with colored noise. Figure 4 shows the 

spectral peak classification result and Figure 5 shows the 

residual spectrum after subtracting sinusoidal components. 

The dotted line in Figure 5 represents the boundaries of 

the equally divided frequency bands. The estimated noise 

level is shown in Figure 6 
3
. The estimated noise level 

estimated by the proposed method does follow well the 

variation of the observed spectrum. Moreover, it provides 

us the control over misclassified spectral peaks at the first 

stage.  

                                                
3
 Additional peaks are shown to indicate possibly hidden 

sinusoidal peaks. 
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Fig. 3. Estimated noise level for nearly-white noise 
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Fig. 4. Spectral peak classification 
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Fig. 5. Residual spectrum 
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Fig. 6. Estimated noise level for a polyphonic signal 

 

6. CONCLUSIONS 

 

We have presented an iterative algorithm for 

approximating the local noise level. This algorithm is 

adaptive to the observed spectrum. It neither includes 

additional information from the neighboring frames or 

pure noise segments, nor makes use of harmonic analysis.  

 

Its ability to handle polyphonic signals has been 

demonstrated. However, there are several parameters to be 

studied: the number of subbands, the order (the number of 

cepstral coefficients) of the noise level curve, and the 

percentage of the noise in eq.(12) to be included.  

 

The proposed algorithm is useful for many signal 

analysis/synthesis applications. It has been implemented 

for multiple fundamental frequency estimation [11]. 

 

 

7. REFERENCES 

 
[1] C. Ris and S. Dupont, “Assessing Local Noise Level 

Estimation Methods: Application to Noise Robust ASR,” Speech 

Communication, 2000. 

 

[2] M. Alonso, R. Badeau, B. David, and G. Richard, “Musical 

tempo estimation using noise subspace projection,” in IEEE 

Workshop on applications of signal processing to audio and 

acoustics (WASPAA ’03), 2003, pp. 95–98. 

 

[3] A. Röbel and M. Zivanovic, “Signal decomposition by means 

of classification of spectral peaks,” in Proc. of the International 

Computer Music Conference (ICMC’04), Miami, Florida, 2004. 

 

[4] G. Peeters and X. Rodet, “Sinusoidal Characterization in 

terms of Sinusoidal and Non-Sinusoidal Components,” in Proc. 

of 1st international conference on Digital Audio Effects 

(DAFx’98), Barcelona, Spain, 1998. 

 

[5] B. David, G. Richard, and R. Badeau, “An EDS modelling 

tool for tracking and modifying musical signals,” in Stockholm 

Music Acoustics Conference 2003, Stockholm, 

Sweden, 2003, pp. 715–718. 

 

[6] M. Lagrange, S. Marchand, and J. Rault, “Tracking Partials 

for the Sinusoidal Modeling of Polyphonic Sounds,” in 

Proceedings of the IEEE International Conference on Speech 

and Signal Processing (ICASSP’05), Philadelphia, USA, 2005. 

 

[7] N. L. Johnson, S. Kotz, and N. Balakrishnan, Continuous 

Univariate Distributions, John Wiley & Sons, Inc, New York, 

2nd. edition, 1994. 

 

[8] F. Auger and P. Flandrin, “Improving the readability of time-

frequency and time-scale representations by the reassignment 

method,” IEEE Trans. on Signal Processing, vol. 43, no. 5, 

1995. 

 

[9] A. Röbel, “Estimating partial frequency and frequency slope 

using reassignment operators,” in Proc. of the International 

Computer Music Conference (ICMC’02), Göteborg, 2002, pp. 

122–125. 

 

[10] A. Stuart and J. K. Ord, Kendall’s Advanced Theory of 

Statistics, Vol. 1: Distribution Theory, Oxford University Press, 

New York, 6th. edition, 1998. 

 

[11] C. Yeh, A. Röbel, and X. Rodet, “Multiple fundamental 

frequency estimation of polyphonic music signals,” in Proc. 

IEEE, International Conference on Acoustics, Speech and Signal 

Processing (ICASSP’05), Philadelphia, 2005. 

 
 

 
 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


