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Ruin problems with worsening risks or with infinite mean claims

Dominik Kortschak*, Stéphane Loisel*, Pierre Ribereau*

*Université de Lyon, Université Claude Bernard Lyon 1, Institut de Science
Financiere et d’Assurances, 50 Avenue Tony Garnier, F-69007 Lyon, France

Abstract

In this paper, we obtain asymptotic ruin probabilities in two models where claim
amounts become more and more adverse, because of phenomena like climate change
or some kind of sectorial inflation. The method we use also enables us to study a risk
model in which claims have infinite mean. In such models, ruin probability can be
controlled by a strong increase in the premium income rate, which causes premium to
become unacceptable for customers. We provide numerical illustrations of the impact
of the (uncertain) speed of change in the parameter of the claim size distribution, both
in terms of ruin and in terms of time at which premium becomes too high.

Keywords: Pareto distribution, regularly varying distributions, infinite mean, non ho-
mogenous risk process, ruin probability, asymptotics, climate change.

1 Introduction

Insurers are concerned that climate change is likely to increase the frequency and severity
of some natural catastrophes, in particular hurricanes and floods. For other large non-life
risks, sectorial inflation might also modify the claim severity tail in an adverse way. As
loss distributions for those risks are already heavy-tailed, and as the exposure increases
too at the same time (risk exposure doubles every 20 years in some regions of Florida for
example), one may fear that a large claim causes ruin of the insurer, or that those risks
become uninsurable because the premium required to maintain the solvency probability
high enough becomes too large and unacceptable for policyholders. The same reasoning
would apply at the reinsurance level. The type of effect of global warming on the claim
frequency and severity remains uncertain. In the classical risk model, one way to increase
the severity and frequency of natural catastrophes is to assume that the claim size distri-
bution changes over time in a unfavorable direction.

For the sake of simplification, even if we prove some results in a more general setting,
let us focus in this introduction on the compound Poisson model with Pareto distributed
claim amounts. There are two main ways to obtain worsening risks: either one changes
the shape parameter o, which means that the distribution of claim amounts becomes more
and more heavy-tailed, or one changes the scale parameter, which means that the claim
distribution remains regularly varying with the same «, but the average claim amount is
multiplied by a coefficient that increases with time. We do not consider in the present



paper any change in the claim frequency. In some cases, a simple time change might
enable one to come back to the classical case. We will assume that premiums are adjusted
immediately. In practice however the premiums will only be updated after some lag. If
this lag is short enough our model will be a good approximation, but if the lag is too large
one should consider models with a different premium income process.

In this paper, we study the asymptotics of the ruin probability with large initial surplus
u in the first case, when «; tends to 1 as t goes to infinity. The techniques are similar to
the ones that we use to study the case where claim amounts are i.i.d. with infinite mean
(o < 1). When a < 1, the ruin probability is always 1 if one uses a constant premium
income rate. But one may make the probability of ruin as small as one wants by increasing
the premium income rate over time fast enough. This corresponds to a case where the
probability of ruin can be made as small as one wants, even if the net profit condition is
violated at any instant (because the premium income rate is finite and the average claim
amount is infinite).

Of course, this result is of theoretical nature. In practice, the company would close its
business after a certain time, when the premium income rate required for solvency reason
would hit the maximum acceptable premium income rate level. In the present paper, we
study the time at which risks could become uninsurable according to several global warm-
ing scenarios or different sectorial inflation scenarios, corresponding to different speeds of
increase of claim severities. We carry out a similar study in the second case, where the
scale parameter changes over time (instead of the shape parameter). We compare the
asymptotics of ruin probability for large u in the two cases. For risks that are already very
dangerous (for 1 < o < 2, with infinite variance and finite mean), change in the scale pa-
rameter is the most dangerous. For risks that are less heavy-tailed at the beginning (with
finite variance), change in the shape parameter is the most dangerous. This is consistent
with the fact that premiums computed thanks to a ruin probability approach are often
similar to premiums calculated with the variance principle (see e.g. ) For ap > 2,
claim amounts variance becomes infinite after a certain time in the first case, while it
remains finite at any instant in the second case (even if it tends to infinity). Consequently,
it is intuitive that the premium required to maintain a certain ruin probability constraint
should increase faster in the first case than in the second one. We are able to show that
it is the case for u large enough.

Those results are useful from a researchwise dynamic risk management point of view.
From a more practical point of view, insurers who are concerned with insurability of large
risks would more care about the difference between the 1-year Value-at-Risk of the loss
and the expected loss, which drives Solvency Capital Requirements in Solvency II (the
new European regulation framework). Note that this SCR would be easy to compute
in the two first models, but not in the infinite case because the average aggregate claim
is infinite! In a numerical application section, we analyze the impact of different global
warming effects in different scenarios, particularly in terms of waiting time before either
ruin occurs or risks become uninsurable because the required safety loading would become
too high.



From a mathematical point of view, we are considering time inhomogeneous risk models.
There is a huge amount of literature on non-homo eneous risk models. These models are
mainly motivated by periodic effects (see e.g. M . In the heavy-tailed case, these
papers usually use some recursive method. The second type of motivation comes from
inflation or investment (e.g. ﬂﬂ . [15]) where in the heavy tailed case it is often used
that the risk is decreasing over time. E}] also allows for an increase in risk over time
(motivated by wealth growth), but assumes that investments outweigh these effects. We
should note that these two frameworks differ from our situation since we assume that risk
increases over time. In terms of worsening risks, ﬂ§] considers a discrete risk model and
obtains recursive methods for finite time ruin probabilities. ﬂa] compute the moments of
aggregate claims in a model where jump instant and sizes present some particular kind
of dependence and where limited positive sectorial inflation can prevail over discounting
effects. Infinite mean risks have been investigated in several papers related to operational
risk, see e.g. @]

Our paper is structured as follows: in Section 2] we state two models and compare the
corresponding asymptotic risk ruin probabilities. We recall some definitions about regu-
larly varying distributions in Section [8l Then we introduce change in the shape parameter
for the first model in Section @ for the first model and a linear drift for the second model
in Section Bl Finally, we present in Section [6l some simulations results on the two models.

2 Two specific models

As mentioned above we want to study a risk process, when the underlying risk changes
over time. Concretely let Ny be a Poisson process with intensity A and X; are independent
Pareto distributed random variables with distribution F'; = (1+z/d;)~** where the change
of the distribution over time is characterized by

E[X:] = d 1(1+co¢t). (1)

ag —

We consider the risk process (p > 0)

t Ny
1+ p)Ad(1 + cut)
Rt:u+/(1+p))\IE[Xt]dt—ZX7;:u+( 2?( p— EjXT,
0 i=1 LA

where 7; is the time of the i-th jump. Further we denote with S; = 25\21 X7, and

(14 p)Ad(1 + cat)?
2ca(a0 — 1)

p(t) =

We now study two sets of parameters that assure that () holds. In the first model we
change the parameter @ which means that the distribution of X; gets more and more

heavy tailed. In this case we have that Fgl)(:c) = (14 z/d)~* where

Oéo—l




we will call this variant model 1. An obvious alternative to this is model 2 where we only
change the other parameter. i.e. we choose ng) () = (14 z/dy)~“° where

dt = d(l + Cat).

We now want to compare these two models. An obvious method therefore is to consider
the ruin probability 1) (u) = P(inf;~q R,SZ) < 0). Denote with p = E[Xy] = ﬁ. We get
by Theorems respectively Corollary that

2u(ag — 1)
(14 p)Aca

5 () ~ ci\/a (1 + @) - /Ooo <1 + m—“t) T

a d t  2cy

A g1 [ (1 pAu Y
N_m%<y/ §+&&> ar.
CCM O t QCQ

An interesting fact about model 1 is that we can even choose a premium rate that is less
than the mean of the claims and the ruin probability is still finite. Further note that for
ag < 2 the shape change asymptotic is less risky and is the opposite for ag > 2. For
ap = 2 this can be decided by

[T () T (2 P _m( e TP
0 \t  2¢cq 4\ 2¢, 4\ 2ch(ap — 1) ’

3 Regularly varying distributions

7du=% | 2(ag — 1)
2 (1+p)Aea

P (u) ~ A (14 u/d)~" /00(1 + )7 Mdt ~
0

The main motivation of this paper is to study the effect of risk theory in a time changing
environment motivated by climate change. Since there are different ways how risk can
change over time we used two different models, where the claims are Pareto distribution.
One of the main properties of the Pareto distribution is that the tail behaves asymptotically
like a power. The class of functions that behave asymptotically like a power is the class
of regularly varying functions. A function f is regularly varying with index —« if

 flax)
A T

for a distributions with tail () that is regularly varying with index —a we also say that
the distribution is regularly varying with index a.

In the following sections we will replace the Pareto distribution by certain regularly varying
distributions to gain more generality.

We will list some properties of regularly varying distributions that will be useful later in
the paper and basically show how we can replace a regularly varying function with a power
function. All results can for example be found in [7].

One of the most famous properties of regularly varying distributions is Karamata’s The-
orem. It states that for a > 1

| fana~ ).
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Since a regularly varying distribution behaves asymptotically like a power, one would guess
that it is close to a monotone function. Indeed this guess is true and for a > 0 we get that

L s [(0)

T—00 f(x)
When interchanging limits and integration, one often needs bounds for values f(x)/f(y).
Such bounds are called Potter bounds: for f regularly varying with index —«, and for any
chosen 0 > 0 and € > 0, there exists xy such that for all x,y > xg

fo<roms((5)76) )

4 Change in the shape parameter

=1.

In this section we consider the first model. In the first model the parameter « — 1 as
t — oco. This means that the distribution of the claims as t — oo converges to a Pareto
distribution with parameter @ = 1. Since for large initial capital u one assumes that if
ruin occurs it occurs rather late, we guess that the ruin probability in the first model
will behave asymptotically like in a model with i.i.d. claims that are distributed with the
limit distribution. The proof of this guess can be split in two parts. In Subsection [Z1] we
provide the asymptotic of a ruin probability with i.i.d. claims that have infinite mean. In
Subsection we then show that under some assumptions the infinite mean model can
be used as an upper bound. Together with a corresponding lower bound, the guess can
be shown to be true by standard calculations.

4.1 Ruin probability for a risk process with infinite mean

In this section we considering the following risk process.
Ny

Ry = Ry(u) = u+p(t) - ZXi
i=1

where the X; are i.i.d. with distribution function F', N; is a Poisson process with intensity
A and p(t) are the premiums collected up to time ¢. We are interested in the infinite time
ruin probability
= P(inf R; = 0).
Y(u) =Pinf R, = 0)

Theorem 4.1. If X1, Xs,... are i.i.d. random wvariables with distribution F(x) that is
reqularly varying with index 0 < o < 1, and regularly varying density f(x). If further p(T)
is regularly varying with index > 1/a (continuous and strict monotonic increasing) then

D) ~ A /O T F(u+ p(T)AT ~ A= () F () /0 T 4 By edr

Proof. Throughout the proof we will denote with ¢; a constant whose actual value is not
important. At first note that by substitution ¢ = Tp~!(u)

oo o T (14 22 )
/0 Flu+ p(T)dT = p~ (u) F(u) /0 al O;&(; ),




Since for some 0 < € < (a+ 3)/2 — /(o — 5)?/4 + 1 we get by Potter bounds ﬂ]

7 1 4 PP 11(;1)) S1() —ate e
e

and the last function is integrable we get by dominated convergence that

A /0 T F(u+ p(T)AT ~ \p= ()P () /0 RGERCEen

By the Marcinkiewicz-Zygmund strong law of large numbers (c.f. ﬂﬁ, Theorem 2.1.5])
and N; ~ A\t a.s. we get that

Ny
- ZXi ~p(t) as..
i=1

From Lemma [B.Il and the fact that F' is regularly varying we get that the asymptotic is
an asymptotic lower bound. So we only have to show that it is an upper bound too. We
will denote with F*" respectively f* the distribution or respectively the density of the
n-times convolution of F.

By conditioning on the number of jumps that lead to ruin we get that

wla) = [ A Flpls) + u)ds
0
+ Z E|F (u +p(T; Z XZ> 1{21;1 XiSp(Tk)-l—u:kg(n_l)}] )
n=2 i

For S, 1 = Z?;ll X; and € > 0 we get that

n—1
E|F (u +p(Tn) — Z Xi) Lese Xigp(Tk)Jru:kg(nl)}]
=1
<E[F(u+p(Ty) — Sn-1) Lis, 1 <p(Tn 1)+u}}
<E[F(u+p(Tn) = Sn1) 15, <c(wsp(m))]

+E [F (u+p(Tn) = Sn-1) Ye(usp(Ta))<Sn_1 <utp(Ta)})
=1+ I

Since 7T, follows an Erlang distribution we get that

[oe] )\nTnfl

me_’\TF((l —e)(u+ p(T)))dT.

B <E[F( -+ 7)) = [

Further we have that

Z/ A;:fnl e NF((1 = €)(u+p(T)))dT = /OOO AF((1 = €)(u+p(T)))dT



o
~(1- e)—a/ NF(u + p(T))dT
0
It remains to show that > >, Iy = o(¢(u)). Note that

I < E [F (u+p(T) = S0-1) LetwspTa) <o susnTy Lm <}

n) —
+E [F (u+p (Tn) = Sn1) Le(urp(T) <1 <up(T)} L {n>%}}
= Jl(n) + Jg(n)

By Lemma [B.2] we get that there exists co > 0 with
Ji(n) <P (7;A < %) < emen,

Hence there exists a constant cg such that

oo

Yo i) =o(F(w) = o(i(u)).

n=—cs log(F(u))

Since J1(n) < P(S, > u) < F(u/n) we have that

—c3 log(F(u)) —c3 log(F(u)) - - - u
YA S T < cbos(F)F <76310g@(u))>:ow<u>>.

We finally have to consider Jy. From Corollary [AJ] we get that there exist ¢4 > 0 and
u > ue (for some ue > 0), all n. > 1, T, > n/(2\) and = > e(u + p(Ty))

P(Sp-1 € (z,z +1]) < eynP (X, € (z,z+1]).
With Lemma we get that for some ¢; > 0 (that does not depend on n)

P (S >u+p(To) cu+p(Ta)) < Sut Sutp(T). T > 3=

<E

utp(Tn)
%nf(u-l-P(%))/O F(x)dx,l{%%r;}]
=0 (E [F(u+p(T:))])

where the last equality follows by assumption (f(p(t)) é” OF F(x)dz is regularly varying
with index —2af8 < —aff — 1) and is meant as u — oo (uniformly in n and 7' > n/2\).

Hence we get that

> () = Z / NI T F (4 p(T))AT

/(20 n—l

npn—1
Z / )\njil e M F(u+p(T))dT



=o(1)\ /OOO F(u+ p(T))dT.

Since -
/ e M FE(p(s) +u)ds < F(u),
0

we get with ¢ — 0 that
vl) SA [ Flutp(n)ar.
0

4.2 Bounds for the first model

We now give two bounds for the ruin probability in certain risk models in a time changing
environment. For the first model one can easily see that the assumptions of Theorem
are fulfilled and that the upper and lower bounds are asymptotically the same.

Theorem 4.2. Let F' be a distribution that is reqularly varying with index o and regularly
varying density f(x). Assume that the premiums collected up to time t (p(t)) are reqularly
varying with index 5 > 1/a.

Assume that X; is a family of independent random variables with distribution F; such that
for all x > 0 and t > 0 Fy(x) > F(x). Further assume that there exists > 0 such
that for every 6 > 0 there exists xg such that for y > x > xg and all t > 0, we have
Fi(y) > (1 =6)(z/y)PFi(x). Then for the risk process

N
Ry =u+p(t) - > X7,
i=1
we have that - -
A / Fo(u+ p(t))dt < v(w) S A / Fu + p(t))dt.
0 0
Proof. We will denote with Y; ¢ > 0 i.i.d. random variables with distribution F'. By a

coupling argument we can choose Y; > X;. Hence Theorem [L]] proves the upper bound.

For the lower bound note that by the Marcinkiewicz-Zygmund strong law of large numbers
(c.f. m, Theorem 2.1.5]) and Ny ~ At a.s. we get that

Nt
pt) = Y7 ~p(t) as.
i=1

and hence
Nt
p(t) =D X7 ~p(t) as.
i=1

From Lemma [BJ] we get that for every e > 0 and 6 > 0 we get that for u large enough

P(u) 2 (1 —e)A /OOO Fi(u+ K+ (1+€)p(t))dt



© /u c -8
z-aa-an ["( *K:j;j)“”) P+ p(0)at

:U_fxl—axém(1+K”*%”> Fy(u+ p(t))dt

u +p(t)
1-e)(1—0) . [®—
Zﬁ??I?ﬁVAA Fi(u+ p(t))dt.

The Theorem follows with e — 0 and § — 0. O

5 Linear drift

We now consider the second model. We will prove the result for regularly varying distri-
butions. Therefore let X; be i.i.d. random variables with mean pu. We will consider the
risk process

Ry =u+p(t) ZTX

where for some p > 0
AL+ p
p(t) ~ ==t
Theorem 5.1. If X, Xs,... are i.i.d. random wvariables with distribution F(x) that is
reqularly varying with index o > 1, mean p, and reqularly varying density f(x) then

—

¢(u)~A/OOOF(%+gt) dtNA\/EF(\/ﬂ)/OOO <%+gt) dt 2)

Proof. Since it is well known that A7,/n — 1 and N;/t — X a.s. it follows from Lemma
that

n n? N 22
Z:'EXi ~Hgy as. and hence Z’]}X ~ )\M— a.s..

i=1

Together with Lemma [B1] and the fact that F(x) is regularly varying we get that (@) is a
lower bound.

To prove that () is also an upper asymptotic bound first choose a k > 0 and an € < 1/k?
that fulfill the conditions of Lemma 5.3l Note that for a given k, € can be taken arbitrary
small. Further denote with m,, = [ (1 — ke)n]. Choose an €; such that

l—e<(1l—e) 1—276% <(l+4+e)|1l+e +37€% <l+e
! (1 — ke)2 ! T = ke)?
and define the sets AT
An:{sup ——1‘§61}7
m>ein m

Note that by Lemma [B.2] there exists a k. > 0 with

c = )\776 - —€1kek 2e”C1Ren
k=[ein] k=[e1n]



The main point of the sets A,, is that there exists ng such that for all n > ng and m > m,,
and on these sets

Ere s £ menpalon =t o &
i=1 i=1 i=[ein] i=[ein]
1+¢e mim+1)\  (1+e)m? 2(en+Dean 1
< (ein+ 1)egn + 5 ) = o 1+ — 7 + —
(1 + €1)m? 2(egn + 1)ein 1
7o M0 konz T A= ko]
(1+ e1)m? L+ 2(ern + 1)n 1
=7 o YA —kan—-12 " (1 —ken -1

m 3e? m?
< —(1 1 =1 )< —_—.
< o +€1)< +€1+(1_k6)2>_( + )9y

= = i m 1 Jen|([en] +1)
27;2 Z 7;2(1—61) Z X (1—61 —)\( R_ m2 )

i=1 i=[e1n] i=[e1n]

m2 en+2)(egn+1 m? 26t
> o (- ) = B (1- 7 2E)

Now to prove the upper bound note that

¢(u) = /OO )\Q_ASF (L}?(S)) dS
0 S
| (et (T) - Y
i Z2IE " < Tn ) 1{2?:1 'ﬁ'xiﬁp('ﬁc)Jru:kg(nl)}] .

Denote with g(u) = [log F(u)?] we have that

oo

c 2 . —€1RKen 2 —e1ke lo (F(u))2 . —€1Ren __
Z P(AS) < —— Z e Z;)e 1Rt = o(1h(u))

T 1—ehe
n=g(u) n=g(u)

and

g(u)

ZE
<ZP(;TX>u+p ) “Z“E[ F(2)]

— 2u
< u 2+04F
<ot ([ 2

u+p(Tn) — >
< Tn ) 1{2?:1 ﬂIiSP(Tk)Jru:kg(nl)}]

) =otviu)
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So we can concentrate on the sets A, and n > g(u). For n > ey/u we get from Lemma 53]
we get that there exists a function o(e) — 0 as € — 0

FutrT) -2 1 1
T {0k TiXi<p(Ti)+uk<(n—1)} ~{An}

= (utr(Ta) =30 1 1
T, {08 TiXs <p(Tonn ) +u, o7 TiXi<p(Ta)+u}~{An}

E

E

" T u~+ p(Ty) — 7 u+p(7n)
P E — X, > — E X <u-+ E = DL A S L7
<Z.:1 T. " ~ Tn wtp(Tm) — T Tn

< (1 +0(€))E |:F <7u n > 1{An}:|

< (1+o(e)E [F (Mﬂ .

It follows that

T) 1{An}]

o]} :\] [\Slge}

A

0 pT2

() S ()

n=e\/u
oo I
:)\/ F(u+p2>dt.
0 t

The last equality follows by standard arguments of regularly distributions.
Finally for g(u) < n < ey/u we get from Lemma (3]

(utp(T) - ST 1
7;1 {Zleﬁmigp(ﬁ)-l—u:kg(n—l)} {An}

)

The theorem now follows from

5 ar (%) e (5

n=g(u)

E

and € — 0. O

Corollary 5.2. If X1, Xy, ... are i.i.d. random variables with distribution F(x) that is
regularly varying with index oo > 1, mean u, and reqularly varying density f(x). further
let a > 0 then the risk process

Nt
Rﬁl) =u+p(t) — Z(a +7)X
has ruin probability

where ¥ (u).

11



Proof. Since Rgl) < R; we get that (! (u) > v(u). For the upper bound choose an € > 0
and define the risk process

N
R =u+p(t) -1+ TiX;
i=1
If € is small enough such that
Ap

>0
1+e

Pe =pP—¢€
then by Theorem [B.1]

) IF< Vi > /°° <%+%t)_adt§ (1+ o(e))w(w).

1+e¢

Denote with te = a/e then by a coupling argument

yD ) <P ( inf R\Y <u— \/a> P <tin<ft (R§” - R,Ej’) < Va-— u>

0<t<te
Nt

<P((a+t)d) Xi>Vu|+P (tin<ft (R§e> _ Rg?) <Vu-— u>
S Me(a+t)F (Vau) + 99 (u— Vu —p(te)) = (1+ o(€))i(u).

The corollary follows with ¢ — 0. U

Lemma 5.3. Let X1, Xo,... be reqularly varying and T; the time of the i-th claim. Assume
that p(t) ~ LELNE? the collected premium up to time t. Further let k >3, € < 1/k? such
that

k—3 w+p/2 de p
1+ 1/ 2= d =yt
k: >(1+1/ )H‘f'/) an 1—€P<
Assume

2
m

< e

x| = “on 4)

form € (n,n — 1,my,), where m, = [(1 — ke)n], |T, — n/A < en/X and | T, — mn/A| <
emn /X then there exists a constant C1 and ug such that for all u > ug, n > log(F(u))?
and T; < Tp, which fulfill @) we have that

u+ p(%))

~T o utp(T)
IP’(ZZ;%XZ ; T
<C/P (Xn>L>. (5)

Further for every ¢; > 0 there exists a function o(e) — 0 as € — 0 and an uy such that for
all u > uy, n > cysqrtu and T; < T, which fulfill {@) we have that

IP’(Z;%XZ- %Z;TX <+ p(Ton, Z__:; %ﬁ)

12

Xi <

\ll\l

S ;1
:11,



PAT2
< (1+o(e))P (Xn > %) .

Proof. We only prove (@) since ({) can be proved along the same line. Denote with

B, = {ZTZXZ- < qup(Tml)},

i=1

o)

Tl

Denote with §; = 3¢ and

o= £ 2]
We have that
P <Zi1 %Xi > %:T”),Bl,&)
—P <Z:; %X > “+71;(m,'zaié)< 1| < 51,31,32>
Y P (:1 %X > qu%(%)’ Z?MiéX <1- 51,B1>
+P (inl %XZ- > %n(%)’ (14+61)pn/2 < nz:l %Xi <(1- 52)%:7;),&)
+P<inl%xi>%7@,(1—5 u+p7;l <ZT %,BQ

=h+L+I3+1

Denote with

1
Y EX,

Bs = -1 < .
=)

The sets By, By and Bs only depend on X7,...,X,,_1. On the set B3 we have

— T; 1+00 [Ty
;7 P < (L4 61)un/2 < At

and hence
ol ptp
u+p(%)_zﬂXizu+ 2 A7—3_1+51u)\ﬁ
Tn Z:17;L Tn 1—e€ 2
Ao 2
_ 8 (o A\ AT () e p\ut ST
Tn 1l—e€p 2 l—ep Tn
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Since X, is regularly varying we get

Ap T2 —a Ap 72
LEP(X,>(1- = 20 )~ (1 =) P{X,>—F".
t (" < 1—6/)) Tn ) < l—cp ! T
I is basically a large deviation probability. Note that there exists an s, such that for
0<s<sc—log(E [e_SXi]) > (1 — €)sp and hence we get by Chebyshev inequality that

I, <P Z?;ll%Xi<1 5 ) < 16z n_ll | | serXi
2 > T/Q_ — 01 | S €exp 35( —1)M§+;Og e n

n—1
< exp (se(l - 51)#% —(1-9> 85%u>

i=1

4-90-9, 1)

< exp (85(1 - 51)#% -

1+e
n(l—36)1+¢)—(1—¢€)(l—¢)
:exp(se,u§ ! e >

n 4e2
= oxp ( “seg

Hence for n > log(F(u))? it follows that

o (r (x> L)),

e(1+d1)(1—¢) _ (14 3€e)(1—¢) o1
1+e 1+e€

Ad I3: Note that

By Lemma [B.4] we get that

n—1
I3 <P (Xn > 52M,Z 7;Xz' > (1 +51)un/2>

T. =T,
T =T
=P (Xn > 52%:» P (i:1 ?nXi > (1 +51)/m/2>
u+p<m) T 1+0)(1-¢) T
<P(X,>0h——"|P Sy, s TR Y i
—< Z e 2T T T “Z}m

Finally we are left with I,. We want to apply Lemma[A3l When >~ T;.X; < u+p(Tm,,)

and >, %Xi > (1 - 52)%57") then for

_6
773
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there exists an ug such that for all u > ug and n > c¢1\/u

n

S L 1y tt2T) _ ut o)

i=mn+1 T Tn
ut (1= ) EEAT2 u+ (1479) 52272
1- _ 1
> (1—-462) T 7
> (1 o 5 )(1 - 7)(1 - €)u2—Jg\pn2 o 5261_277‘2 + (1 +’7)(1 + G)HQ—T\p(l - k€)2n2
2 T =
2
= (M;\’;)-)n (1—€e—(1+€)(1—ke)* —3¢) definition of ds,.
2
= % ((2k = B)e + (2k — k)& — k%)
2
> (H;;\;),)n (2k —T)e e <1/(k)
< (M-l-p)(n_m )(k—3.5)ne
B (1 + 6) "o = My,
(1 +p) e(k —3.5)n
> — N 7
~ (1+e (n=mn) ekn +1

From the condition on k we get that for n large enough
> FXiZ (utp/2(n—mn) > (u+p/2)
. n .
i=mn—+1 i=mi+1

From Lemma [A3] we get that for (1 — 62)%57") <z < pryn) some C7 > 0 and u large
enough that

T T = T

i=mnp+1 " i=mi+1 i=1
< ChkenP (X1 € [x,x + 1))

and Lemma B3] we get that for some Cy > 0 (that can depend on k)

I4§P<(1—62u+p <Z X< “J’ﬁ(T)

n

Ti + ~ T
ﬁXi “ p Z—X> (n+p/2) > ﬁ)

i=1 mn+1 i=mi+1
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where the last line follows from f regularly varying. The Lemma follows since

()

is bounded.

6 Numerical examples

The speed of future climate change and global warming remains uncertain and specialists
use numerical models (most of the time general circulation models) representing physical
processes in the atmosphere, ocean and land surface. The main parameter in these models
is the human emissions of greenhouse gases, mainly COy. The Intergovernmental Panel on
Climate Change (IPCC) provides different emission scenarios families (namely A1, A2, Bl
and B2) corresponding to different sets of hypotheses about economic growth, population
evolution, certain gas emissions, mitigation strategies, and many other factors (see ﬂﬂ])
Usually, the B1 scenario is considered the most optimistic one while A1FT is the pessimistic
one.

It would be very challenging to quantify the impact of climate change on the claim size
distribution of some insurer for each scenario. Here for illustration we consider different
impacts on the claim size distribution, described by different values of parameter ¢, that
controls the claim size worsening speed. We take u = 500, ¢,, € {1,2,5,10,20}%, o = 1.5,
do = 0 and p = 1 or 0.1. Furthermore, we only calculate the ruin problem up to time
T where T is the first time that u(¢) (the premium income rate at time t) exceeds the
maximal acceptable premium intensity u-max, that is chosen such that for ¢ = 0.1 we have
T = 20. We also compute the probability of ruin up to time 7' = 1000 and give asymptotic
estimates for the infinite time ruin problem. We also give some plots of sample paths of
the considered process or of rescaled versions of the considered processes in Figures 1-4.
Tables Bl and [ are made in a different way. We first calculate (for every ¢,) p-max such
that for p = 1, p-max is 20 years (results in Table [3)), then we use the the same p-max
for p = 0.1 (results in[), in order to see what happens when the safety loading is smaller.
As one could expect, it is then longer to reach py-max in that case, and it is more likely
to be ruined before reaching this time horizon than in the previous case (when the safety
loading was 100%). In both cases, one can see that being ruined before this time horizon
is often neither neglectable nor close to 1: it is thus interesting to study it. We left
some inconsistent asymptotic results (including values > 1 in Tables 2 and 4) to illustrate
that for some parameters, it is clear that we are no longer in the asymptotic theory
application domain. For the second model with parameter p = 0.1 we also calculated
estimates for the ruin probability before 7 = 10° with 100 simulations; in this case all
estimates were bigger than 0.75, so for these sets of parameters we do clearly not expect
asymptotic results to hold. In general in the proposed models, it is not easy to determine
whether the asymptotic approximation is accurate or not, because we are dealing with
infinite time ruin probabilities, with limited knowledge on the distribution of the time
to ruin. We used 107 simulations so the error (half-length 95%-confidence interval) is
approximated by 24/z/107 where z is the result. For z = .002 this gives for example an

16



| ¢ | T [ ruinl | ruin2 [| asl | T=1000 | as2 | T=1000 |
0.01 [ 200 || 0.0401 [ 0.0242 ]| 0.497 | 0.107 | 0.124 | 0.0672
0.02 | 100 | 0.027 | 0.0166 | 0.351 | 0.105 | 0.147 | 0.087
0.05 | 40 | 0.0134 ]0.00833 | 0.222 | 0.0918 | 0.185 | 0.119
0.1 [ 20 | 0.0073 [ 0.00491 | 0.157 | 0.0784 | 0.22 | 0.146
0.2 [ 10 | 0.00422 [ 0.00217 || 0.111 | 0.0643 | 0.262 | 0.179

Table 1: Table of finite time ruin probabilities for different time horizon and claim size
worsening speed together with the asymptotic for ruin probability for p = 1.

error of approximately 0.000028 (for 7" = 1000 the computation time is much longer and
hence we only used 10° simulations, which multiplies by 10 the above confidence interval
half-length). The numbers in Tables 1 to 4 illustrate the tradeoff between risk of ruin and
risk of inassurability: if one decreases the safety loading from 1 to 0.1, then it becomes
possible to propose acceptable prices during a longer period, but of course this causes a
strong increase in the probability to be ruined before premium becomes unacceptably high.
They also illustrate the potential impact of climate change or of some kinds of sectorial
inflation on the long term profitability and solvency of some insurance businesses.
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Figure 1: Plot of the surplus process for Model 1 with p =1 and ¢ = 0.1.
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‘ c ‘ T H ruinl

ruin2 | asl | T=1000 | as2 | T=1000

0.01 | 200 0.069 0.0512 0.67 0.218 2.2 0.343
0.02 | 100 || 0.0381 | 0.0272 | 0.474 | 0.197 | 2.62 | 0.443
0.05 | 40 0.0164 | 0.0103 0.3 0.159 3.3 0.569
0.1 | 20 || 0.00804 | 0.00573 || 0.212 | 0.129 | 3.92 | 0.646
0.2 | 10 || 0.00424 | 0.00255 || 0.15 0.101 | 4.66 | 0.716

Table 2: Table of finite time ruin probabilities for different time horizon and claim size

worsening speed together with the asymptotic for ruin probability for p = 0.1.

Table 3: Table of finite time ruin probabilities for time horizon 20 and different claim size

‘ c ‘,ufmax H T H ruinl ‘ asl H ruin2 ‘ as2 ‘
0.01 4.8 20 || 0.00225 | 0.497 || 0.00197 | 0.124
0.02 5.6 20 || 0.00287 | 0.351 || 0.00225 | 0.147
0.05 8 20 || 0.00475 | 0.222 | 0.00312 | 0.185
0.1 12 20 || 0.00748 | 0.157 || 0.00471 | 0.22
0.2 20 20 || 0.0114 | 0.111 || 0.00838 | 0.262

worsening speed together with the asymptotic for ruin probability for p = 1.

Table 4: Table of finite time ruin probabilities for time horizon 20 and different claim size

‘ c ‘,ufmax H T H ruinl ‘ asl H ruin2 ‘ as2 ‘
0.01 4.8 118 || 0.0323 | 0.67 || 0.0223 | 2.2
0.02 5.6 77.3 || 0.0256 | 0.474 || 0.0172 | 2.62
0.05 8 52.7 ] 0.0251 | 0.3 0.018 | 3.3
0.1 12 44.5 | 0.0284 | 0.212 || 0.0253 | 3.92
0.2 20 40.5 || 0.0326 | 0.15 || 0.0445 | 4.66

worsening speed together with the asymptotic for ruin probability for p = 1.
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Figure 2: Plot of the surplus process for Model 2 with p =1 and ¢ = 0.1.

liman, and the MIRACCLE project sponsored by French ministry of ecology.

A Large deviation auxiliary results

To prove an asymptotic upper bound we need large deviation results for heavy tailed
random variables a recent paper on this topic is ﬂQ] where a quite general large deviation
result is shown. An application of ﬂ@, Theorem 2.1] yields

Corollary A.1. If Xy, Xs,... are i.i.d. random variables with distribution F(x) that is
reqularly varying with index 0 < a < 1, and regularly varying density f(x). If further p(T')
is regularly varying with index B > 1/« then for all (fixred) € >0 and T > 0

lim  sup P (S, € (z,z +T))
00 1 >ep(n/N) n(F(‘T) - F(:C + T))

The result also holds for T = oco.

— 1| =0.

Proof. We should mention that this result is quite close to the examples in ﬂQ] SO we can
basically copy their proves with obvious modifications. To meet the assumptions of their
Theorem 2.1 we need four series b,, h,, I, and J, such that for ever ¢ > 0 there exits an
K such that for all n

P(S,/bn, < K)>1-—¢

19



rho=0.1,modell

o
= EWV
Te)
2
Q
~ O
$ S
o
10
i
|
o
‘Ti .
T T T T T I
0 2000 4000 6000 8000 10000
time

Figure 3: Plot of the rescaled surplus process (surplus process divided by (u + p(t))) for
Model 1 with p = 0.1 and ¢ = 0.1.

Further we need that b, /I, — 0 and that for every 7" > 0

Flx—t+T)—F(x—t
lim sup sup (@ +1) (z 1)

—1=0
N0 4>, 0<t<by Flz+T)— F(z)

The series hy, has to fulfill h,, = O(b,) and for all ' > 0.

. nlP (X1 + X3 € (z,2 + T], min(Xy, X2) > hy)

lim sup =0.
n—00 y>p. F((L‘—FT)—F((L')

and finally the sequence J,, > h,, fulfills

lim sup SupP(Sn e (@r+T), X1 <hp,...,Xn < hy)
n—=00 g>J, 2>z n(F(;L-) _ F(.%' + T)) .

Now to prove the corollary it is enough to show that for every fs > ;1 > 1/a we can
choose h,, = b, = nﬁl, and I,, = J,, = n2.

Asin ﬂa we get from E [X 1/ 61] < o0 by the Marcinkiewicz-Zygmund law of large numbers
(e.g. Nﬁ, Theorem 2.1.5]) that b, = n? fulfills the required condition. By a Taylor
argument we get for 0 <& <T

—1

F(m—t—l—T)—F(ac—t)_l — sup swp fla—t+&)

sup  sup
Flx+T)— F(z) z>nb2 0<t<nf1 flz+&)

z>nP2 0<t<nP1
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Figure 4: Plot of the rescaled surplus process (surplus process divided by (u + p(t))) for
Model 2 with p = 0.1 and ¢ = 0.1.

_ B
< sup  sup M—l'—ﬂ)
e>nf2 0<t<ntr | (@ +T)
since nP1=P2 — (.
Note that for z > 2h, — T
P(X; 4+ X2 € (2,2 + T],min(X1, X2) > hy)
x+T—hn z+T—y x+T—hn
</ /( sy ST [ (@ )V hadady
n v n n
erT hn .
<T / / (« — y)dedy < Tf (@/2F (k) + T2/ F(h — T).

Since nF (h, —T) — 0 it follows

lim su nP (Xl t X € (IL',(L‘ + T]vmin(leXZ) > hn)
n—00 ng Flx+T)— F(x)

Finally we have to show that

. P(Sh € (2,2 + T, X1 < by oy X < ha)
lim sup sup

=0.
n—=00 > 2>n n(F(z) — F(x+T))
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Therefore note that (¢* <1+2x0<x<1)
P(S, € (x, 2 +T],X1 < hp,y..., X < hy)

— /[0 . f(1'1) . f(xn)l{Sne(z,z—i—T}}dxl ...dx,

/[voahn}n ‘ H (6 f(xk)) 1{Sn€(x,x+T}}d-T1 e d,an

k=1

,z/hn /[Oh H l“k/hnf xk)) d.%'l d

—z/hn y/hn "
e ( /0 e f(y)dy>

— exp [—x/hn +nlog <1 v 2/Ohn hif(y)dyﬂ .

n

| /\

Since
i 2n [3" d
nlog (1 + 2/ if(y)dy) ~ o YIY)CY fo yf(y)dy
0 hn hn
is regularly varying with index 1 — 51 + (1 — )8 = 1 — af; < 0 it follows
P (S, € (#,24+T), X1 < hp,oooy, Xn < hy) < Ce™ M = o(f(z)).
]

We also need a large deviation result for non identically distributed random variables.
Nevertheless one should note that the method of ﬂQ] still works and we only have to make
the obvious modifications. We first give an auxiliary result that is related to the small
step sequences h,, and J,, of the proof of Corollary [A.T]

Lemma A.2. Let X1, Xs,... be reqularly varying with reqularly varying density f and
index o > 1. Denote with p = E[X;]. Then for every fired 0 < v < 1, ¢1,¢2,a > 0

P(Z? 11 TX >03x,7-X <:c7)

lim sup sup sup = 0.

PTRTET gt (emvte)n i) B) 70 nf(@)

Proof. W.l.o.g. we can use cg = a. Then
n—1 T T
P —X; > az, —X; <2
(Z; T T, 0=
n—1

= 7% Zzlgl L:'sz ’2'7;1‘2 '

_/n—l[o Tn ]e v 17 1{2? 11 _sz>(w HgT ¥ f(SCZ)dX
o i=1

=1

< exp (——+Zlog (/ ewyf (y) y>>
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For § < o — 1 and constants C; > 0 we get that there exists a d > 1 such that f(z) <
Cry= %9 for all z > d. Since e — 1 —z < z(e? — (d + 1)) for 0 < z < d we get that

fm'y T 0 7; k 1 %m’v
[T e =3 (7 ) 5 [ s
0 k=0 N7 o

Tn

0 k gk o) k Lk Lo 7y
1% h h d 72 T W/Ti k—a—146
<1+ L4 —+C Ej L a=ltig
ST, 2(7;m> KT (Tn moJs Y Y

Lemma A.3. Let X1, Xs,... be reqularly varying with reqularly varying density f and

index o > 1. Denote with p = E[X4]. Let, ¢1,k > 0 then there exists a constant Cy such
that

P (L ZX € o0 +1])
lim sup sup sup < (. (7)

n—oo yn-1 7@ Sein, Ti<Tn a>(14r)p Y05t L T nP (X € [z,x + 1)) hS

Tn

If further there exists a k1 > 0 and a series my, > 0 lim,, oo my/n =1 —€ > 0 then there
exists a constant Cy

lim sup sup sup
noee Imnsyya st Tosern, TisTn (4m)p X! £ <a<Mp Yl 7t

P (i1 FXi > (k1) Sy B D05 X € 22 + 1)
enlP (X € [z,2 + 1))

< Cs. 8)
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Proof. At first note that P(X; € [z, + 1]) ~ f(x). Choose a 0 < v < 1 such that
24+ a < (2a+ 1)y and 1 < ya. Denote with B; = {%XZ < 27}. We have

n—1 n—1
P (Z %X € [z, + 1]) <P (; %X € [z, x + 1], B; w)
n—1 n—1 T
+ZP< ?;Xie[x,x+1],B,‘;,Bii7ék> (9)
+ IP’( —ZXie[x,x+1],B,§,Bf,Bii7ék,l>.
— T,
k=1 i=1
From Lemma [A.2] we get
n—1 7,
P —X; € [z, 1,B; Vi | = )
(; FXi€lrat1] ) o(nf(x))

Further we get that

nflT
P —X; € [x,x+1],B{, Bf
(£ Fnerriona)

5| B
- y)ay T T
I e e S
Tn . | Tn Ti
SE|Zf|=[z-) =X | |1 ,
~ 72‘ f 72‘ Z#Zk 7;L 1 {$+1_Zi¢k %Xi>$w,7—l:le>m7}
5 Ef E(:C’Y _ ) 1 - .
779 77§ {$+1_Zi¢k T—;Xi>7_—nm’Y7Xl>mW}

for some ¢ > 1 and we used Potter bounds in the last equality. Since x > ¢jun,
2fEFE) _ 1 af@)FE)
nf(z)  ~ap  f(2)

and the last term is regularly varying with index 2 — (2y — 1)ac — v < 0, we are left with
@. Denote with Z =3, ,, 2 X;. Then

n—1
Ti ¢ b
P (Z ﬁXZ- € [,z +1),B{,B; i # l<:>
i=1

n—1
Ti 1+ k/2 )
:P(Z;?;Xie[x,x+1],2> 1 Rx,Bﬁ,Bw%k)
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n—1
Ti 14+ x/2 .
-I—IP’(Z_’XZ-G [v,2+1],7Z < 1+/£ x,B,’;,BH;&k>.

Since

we get by Lemma that

n—1
Ti 14+ k/2 ,
P § —X; €llx,x+1],Z > ,B;, B; k

Tn 1+k/2 .
<P(X;>=2"|P|Z B;
< ( >7;x> ( > T x, zaék>

= o(nf(x)F(2")) = o(f(z)).

Since F(27) = o(n). Finally we have that

. A 1+ k/2 ¢ b
(;ﬁ €lr,x+1),2Z < T x,Bk,BZzyék>
1r/2
Ttk Tn — (T,
—/0 F(ﬁ-( z))—F<ﬁ(x—z+l)>dFZ(z)
1+n/2

< [T (T ) are)

S [ -

E f (2 - 2)
0 f(z)

(o) f@.

where the last inequality follows since regularly varying functions are asymptotically mono-
tone. This proves (). Since from Lemma [A.2] we get that

<Z 7_X > (u+ K1) Z %,Bii>mn>

mi+1 mi+1

sz(Z)

n

=0 <<n - ma)f (w +r) Y %)) = o(enf(ex/(2M)) = o(n ().

mi+1

also () can be proved along the same lines (one only has to assume B; for i > m,). O

B Auxiliary results

In this section we show some basic Lemmas that are needed in several parts of the proofs.
Nevertheless one should note that none of these results are surprising and the proofs use
basically only standard techniques, so one may find the same or similar results and methods
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in other papers but since we don’t have a good reference and for reasons of completeness
we provide the proofs.

The following Lemma is basically a restatement of the results in ﬂ, Section 4] which
basically provides a lower bound for ruin probabilities in quite general risk models. Since
@] uses a different model we provide also a proof here.

Lemma B.1. Assume that S; = SN, X7 — p(t) (N; is Poisson process with intensity
At assume that Xy and Ny are independent and that there exists a continuous function
c(t) > 0 such that S;— < —c(t) a.s.. Then for every e > 0 there exists an K > 0 - such
that for u > K

P (sup Sy > u) >(1—¢) /000 MP(Xy > u+ K+ (14 ¢€)c(t))dt

0<t

as u — 0o

Proof. Since Sy ~ —c¢; a.s. for every € > 0 there exists and K > 0 such that for the set
Ac={S- < K—(1+¢€)c,Vt >0}

P(A.) > 1 —e. Denote with 7(u) = inf{t : S; > u} and with Fy(z) = P(X; > z). On the

set A, we get that for v > K, 7(u) = oo and hence

P <sup Sy > U> > / ME [Ft(u - Stf)l{T(u)>t}] de
0

o<t
> /OOO ME [Fi(u— St )1 ry>}] dt
> /000 ME [Fi(u+ K + (1+€)e)lga,y] dt
> (1—¢) /Ooo MFi(u+ K+ (14 €)c)dt.

O

The following Lemma is just an application of Chebyshev inequality. We manly give it
here because we need it in different places in the proofs.

Lemma B.2. Let X be Erlang(\k) then for € > 0 there exists a ke > 0 such that for all

k
P(X < (1—e)k/X) < e rek
P(X > (1 +e)k/N\) < e rek,
Proof. Choose an s > 0 such that
log(1
1—€e< M

S

and set s = log(1 + s) — s(1 — ¢) then

P(X < (1 N E)k?/)\) < es(lfe)kE |:efs/\X] _ 6(8(176)710g(1+8))k‘ _ e*“ik_
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Similarly we get for

“log(1
| e> Zlos(l+s)
S

and k¥ = s(1+ ¢€) + log(1 — s) that
P(X > (1 + E)k‘/)\) < e—s(l—i-e)kE |:es)\X} _ e—(s(l-i—e)—f—log(l—s))k _ e—f@é“k;.
O

The following Lemma is equivalent to the well known asymptotic of f F(u— x)g(x)dz
when g(z) < c¢f(z) and f(x) is regularly varying. We only state it because we need it in
two places in the proof.

Lemma B.3. Assume that Xq,...,X, are independent positive random variables and
X, has distribution function F that is regqularly varying with index o and has a regqularly
varying density f. Further assume that there exists a set B, independent of X,, and that
for some Cyp >0 and 0 <c<1andall cu <z <u

n—1
P (in € [z, z+ 1),B> < Cun P(X, € [z,2+1)).

i=1

Then we have

n n—1
P (ZXZ > U,ZXZ- € [cu,u),B)
i=1 i=1
B F((L‘) /(l—c)u_
<(1+c %) Cyy sup——>— F(x)dx f(u),
S (1407 Cup sp (w)df (v
where the asymptotic is uniformly in n and the distribution of X1,..., X,_1.

Proof. Denote with m = [(1 —c)u]

m n—1
SZ (ZX > u, ZX €lcu+k—1,cu+k), >

=1 =1

m n—1
§2P<Xn>u—cu—k,ZX¢ € [cu+k:—1,cu+k:),B>
k=1

i=1

m n—1
:ZIP’(Xn>u—cu—k)IP’< Xie[cu—i-k—l,cu—i-k),B)
1

k=1 i=
- m
< Cy nsup_ Z (Xp>u—cu—k+1)P(X, €fcu+k—1,cu+k))
>0 I h—1
Il m cu+k
<Oy sup_ / (u—z)dF
nx>0 .’IJ+1 kg cu+k— 1 ) ()
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< Cynsup % < / :+1 F(u—z) dF(m)) .

x>0

Note that
u+1 o u+1
/ Fu—2)dF(z) = / AP (z) ~ f(u).

And the lemma follows from

u_ (1—c)u - (I—c)ju
/ F(u—z)dF(z) = /0 flu—2x)F(z)dx < f(u)co‘/O F (z)dz.
U

The following Lemma is basically a standard version of the weak law of large numbers of
weighted random variables, we only give a proof to point out that the result is somehow
uniform in the weights.

Lemma B.4. Assume that X1, Xo,... are i.i.d. random wvariables with common distri-
bution function F that is regqularly varying with index o > 1 and mean p. Further let
k,C > 0 then

n n
lim sup P ¢Xi>1+RrR)pY ¢|=0
n—oo 0<¢; <1570, ¢i>Cn (ZZ; o ZZ; ‘
Proof. At first note that
n n n
lim P (Z aXi>(L+m)p Y e, 3X; > n> < lim Y P(X; >n)= lim nF(n) = 0.

n—00 ¢ ¢ n—00 n—o0
=1 =1 =1

Denote with p, = E [X 11y Xlgn}]- We get with Chebyshev

P (Zn: X > (1+ fi),uzn:cl-,VXi < n)

i=1 =1

<P (i i X > (L+ K)pn icl-,VXl- < n)

i=1 i=1

=P (ici(Xi — fin) > nunici,VXi < n)

=1 i=1
= (Kpn Z? (bt Yy i) ;E A=) i)
< MnZz 16 +E[X 1{X<n}] Zz 1 22
a (pn Y1y )
B [XP pam] o A B X xiam]
(’iﬂn)Q Z?:l Ci : (“Nn) Cn

Since X; is regularly varying with index o > 1 we get by Karamata’s Theorem that
E [Xfl{Xign}] = o(n) which proves the Lemma.

O
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Lemma B.5. Assume that I—Z — 1 a.s. and the X; are i.i.d. with mean p then

n n
ZTiXi N)\[LZ’i a.s..
i=1 i=1
Proof. We have to show that for every € > 0 and § > 0 there exists an ng such that
P ( sup 72?:1 TiX,i
n>no | A D iy i
Therefore choose an €7 such that

s

l—e<(l-ea)P<a+(l+ea)P<l+te
and nq > 0, ng > 0 and n3 > ny + ng such that

2ty b

>1-—
S o
and the sets
Tn
By = Bi(n1,e1) =< sup |— — 1| > €1 ¢,
n>n1 )\n

ni+n
2itny X
BQ = BQ(TLl,TLQ,Gl) = sup W -1 > €1 ¢,
nznz /’LZZ =n1

Bs = Bs(ni,ns,€1) = {§MZ > 61}

fulfill P(B;) < 6/3. This can be done since :\F_Z — 1 a.s and HE] proves that
S X

Lui=ny "
+
W2 oitn
On Bf N BS N BS we have that for n > n3

—1 a.s..

i TiXi | < Sl TiXi | Xite, TiXi

A iy A ZZ Y)Yy

Dty b X, X
it p Z?:nl i

<a+(1+e)-1<¢

<ea+(1+e€)

with the same arguments we get that

n
ZZLZ;?—lzu—el)‘?—lz—e.
ALY 0
It follows that "oy
{sup EL,LZ,Z—l‘>e}§BlUBQUB3
n>ng | AR D iy

and hence

v TiX
]P’(sup 721:11 - —1‘ > e) < 4.
n>ng | AR iy i
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