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1. INTRODUCTION

Most of the spectrum of a large matrix is not much altered if one adds a finite rank
perturbation to the matrix, simply because of Weyl’s interlacement properties of the
eigenvalues. But the extreme eigenvalues, depending on the strength of the perturbation,
can either stick to the extreme eigenvalues of the non-perturbed matrix or deviate to some
larger values. This phenomenon was made precise in [9], where a sharp phase transition,
known as the BBP transition [34, 27, 38, 29|, was exhibited for finite rank perturbations
of a complex Gaussian Wishart matrix. In this case, it was shown that if the strength
of the perturbation is above a threshold, the largest eigenvalue of the perturbed matrix
deviates away from the bulk and has then Gaussian fluctuations, otherwise it sticks to the
bulk and fluctuates according to the Tracy-Widom law. The fluctuations of the extreme
eigenvalues which deviate from the bulk were studied as well when the non-perturbed
matrix is a Wishart (or Wigner) matrix with non-Gaussian entries; they were shown to
be Gaussian if the perturbation is chosen randomly with i.i.d. entries in [7], or with com-
pletely delocalised eigenvectors [18, 19], whereas in [12], a non-Gaussian behaviour was
exhibited when the perturbation has localised eigenvectors. The influence of the localisa-
tion of the eigenvectors of the perturbation was studied more precisely in [13].

In this paper, we also focus on the behaviour of the extreme eigenvalues of a finite rank
perturbation of a large matrix, this time in the framework where the large matrix is deter-
ministic whereas the perturbation has delocalised random eigenvectors. We show that the
eigenvalues which deviate away from the bulk have Gaussian fluctuations, whereas those
which stick to the bulk are extremely close to the extreme eigenvalues of the non-perturbed
matrix. In a one-dimensional perturbation situation, we can as well study the fluctuations
of the next eigenvalues, for instance showing that if the first eigenvalue deviates from the
bulk, the second eigenvalue will stick to the first eigenvalue of the non-perturbed ma-
trix, whereas if the first eigenvalue sticks to the bulk, the second eigenvalue will be very
close to the second eigenvalue of the non-perturbed matrix. Hence, for a one dimensional
perturbation, the eigenvalues which stick to the bulk will fluctuate as the eigenvalues of
the non-perturbed matrix. We can also extend these results beyond the case when the
non-perturbed matrix is deterministic. In particular, if the non-perturbed matrix is a
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Wishart (or Wigner) matrix with rather general entries, or a matrix model, we can use
the universality of the fluctuations of the extreme eigenvalues of these random matrices to
show that the pth extreme eigenvalue which sticks to the bulk fluctuates according to the
pth dimensional Tracy-Widom law. This proves the universality of the BBP transition at
the fluctuation level, provided the perturbation is delocalised and random.

The reader should notice however that we do not deal with the asymptotics of eigenvalues
corresponding to critical deformations. This probably requires a case-by-case analysis and
may depend on the model under consideration.

Let us now describe more precisely the models we will be dealing with. We consider
a deterministic self-adjoint matrix X,, with eigenvalues A} < ... < A" satisfying the
following hypothesis.

Hypothesis 1.1. The spectral measure p, == n~'> ", oxp of Xy converges towards a
deterministic probability measure px with compact support. Moreover, the smallest and
largest eigenvalues of X,, converge respectively to a and b, the lower and upper bounds of
the support of jx.

We study the eigenvalues A} < --- < A of a perturbation X,, := X,, + R,, obtained
from X,, by adding a finite rank matrix R, = >.._, f;ulu? . We shall assume r and the
6;’s to be deterministic and independent of n, but the column vectors (ul');<;<, chosen
randomly as follows. Let v be a probability measure on R or C satisfying

Assumption 1.2. The probability measure v satisfies a logarithmic Sobolev inequality, is
centred and has variance one. If v is not supported on R, we assume moreover that its
real part and its imaginary part are independent and identically distributed.

We consider now a random vector v = 1, ..., o))" with (z;)1<;<p, i.i.d. real or
n ) ) =0~

<

complex random variables with law . Then

(1) Either the u?’s (i = 1,...,r) are independent copies of v"
(2) Or (u})i<i<, are obtained by the Gram-Schmidt orthonormalisation of r indepen-
dent copies of a vector v™.

We shall refer to the model (1) as the i.i.d. model and to the model (2) as the orthonor-
malised model.

Before giving a rough statement of our results, let us make a few remarks.
We first recall that a probability measure v is said to satisfy a logarithmic Sobolev in-
equality with constant c if, for any differentiable funtion f in L?(v),

f? /
/f210gff2dde§20/|f|2dy.

It is well known that a logarithmic Sobolev inequality implies sub-gaussian tails and con-
centration estimates. The concentration properties of the measure v that will be useful
in the proofs are detailed in Section 6.2 of the Appendix.

In the orthonormalised model, if v is the standard real (resp. complex) Gaussian law,
(ul")1<i<r follows the uniform law on the set of orthogonal random vectors on the unit
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sphere of R™ (resp. C") and by invariance by conjugation, the model coincides with the
one studied in [10].

For a general probability measure v, the r i.i.d. random vectors obtained are not nec-
essarily linearly independent almost surely, so that the orthonormal vectors described in
(2) are not always almost surely well defined. However, as the dimension goes to infinity,
they are well defined with overwhelming probability when v satisfies Assumption 1.2 .
This means the following: we shall say that a sequence of events (E,),>; occurs with
overwhelming probability" if there exist two constants C, 1 > 0 independent of n such that

P(E,) >1—Ce™.

Consequently, in the sequel, we shall restrict ourselves to the event when the model (2)
is well defined without mentioning it explicitly.

In this work, we study the asymptotics of the eigenvalues of 3(\; outside the spectrum
of X,,.

It has already been observed in similar situations, see [9], that these eigenvalues converge
to the boundary of the support of X, if the 6,’s are small enough, whereas for sufficiently
large values of the ¢;’s, they stay away from the bulk of X,,. More precisely, if we let G,
be the Cauchy-Stieltjes transform of px, defined, for z < a or z > b, by the formula

Gue(9) = [ - dixto)

z— X

then the eigenvalues of X,, outside the bulk converge to the solutions of G (2) =071 if
they exist.

Indeed, if we let

— 1 1
= lim,y, G, (2) =0, S lim,tq Gy (2) =0
and 3
G;}l((l/e) if € (—o0,0) U (0, +0),
Po =1 a if 0 € [6,0),
b if 6 € (0,6,

then we have the following theorem. Let ro € {0,...,r} be such that
< <0,, <0< b1 <<,

Theorem 1.3. Assume that Hypothesis 1.1 and Assumption 1.2 are satisfied. For all
ie{l,...,ro}, we have

)‘? ﬂ Po;
and for alli € {ro+1,...,1},

’)‘\“n a.s.

n—r+i 7 Po;-
Moreover, for all i > ro (resp. for all i > r — 1) independent of n,

PR (resp. \'_, 25 p).

INote that this is a bit different from what is called overwhelming probability by Tao and Vu but will
be sufficient for our purpose.
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The uniform case was proved in [10, Theorem 2.1] and we will follow a similar strategy
to prove Theorem 1.3 under our assumptions in Section 2.

The main object of this paper is to study the fluctuations of the extreme eigenvalues

of E(Vn Precise statements will be given in Theorems 3.2, 3.4, 4.3, 4.4 and 4.5. For any
x such that © < a or z > b, we denote by I, the set of indices 7 such that pg, = x. The
results roughly state as follows.

Theorem 1.4. Under additional hypotheses,

(1) Let aq < -+ < a, be the different values of the 0;’s such that py, ¢ {a,b} and
denote, for each j, k; = |Ipaj| and qo the largest index so that oy, < 0. Then, the

law of the random vector
(ﬁ()‘v? - Paj),’i € ]Pa]->

converges to the law of the eigenvalues of (ca;Mj)i1<j<q with the M;’s being in-
dependent matrices following the law of a k; x k; matriz from the GUE or the
GOE, depending whether v is supported on the complex plane or the real line. The
constant cq, is explicitly defined in Equation (6).

U (VA i = o) i € I,

1<j<qo J)QO-HSJ'SQ

(2) If none of the 0;’s are critical (i.e. equal to § or ), with overwhelming probability,
the extreme eigenvalues converging to a or b are at distance at most n=1*¢ of the
extreme eigenvalues of X,, for some € > 0.

(3) If r =1 and 6, = 0 > 0, we have the following more precise picture about the
extreme eigenvalues:

o If pg > b, \/H(Xg — pg) converges towards a Gaussian variable, whereas
=AM, — \u_iv1) vanishes in probability as n goes to infinity for any fived
1> 1 and some ¢ > 0.

o If pp = b and 0 # 0, nlfe(ﬁ)\v;‘_i — A\n—i) vanishes in probability as n goes to
infinity for any fived © > 1 and some € > 0.

e For any fized j > 1, nl_E(X? — \;) vanishes in probability as n goes to infinity
for some € > 0.

These different behaviours are illustrated in Figure 1 below.

The first part of this theorem will be proved in Section 3, whereas Section 4 will be
devoted to the study of the eigenvalues sticking to the bulk, i.e. to the proof of the second
and third parts of the theorem.

Moreover, our results can be easily generalised to non-deterministic self-adjoint matrices
X, that satisfy our hypotheses with probability tending to one. This will allow us to study
in Section 5 the deformations of various classical models. This will include the study of
the Gaussian fluctuations away from the bulk for rather general Wigner and Wishart
matrices, hence providing a new proof of the first part of [18, Theorem 1.1] and of [5,
Theorem 3.1] but also a new generalisation to non-white ensembles. The study of the
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(a) Case where 8 = 0.5 (b) Case where § = 1.5

FiGURE 1. Comparison between the largest eigenvalues of a GUE
matrix and those of the same matrix perturbed: the abscises of
the vertical segments correspond to the largest eigenvalues of X, a GUE
matrix with size 2.10% (under the dotted line) or to those of X,, = X +
diag(6,0,...,0) (above the dotted line). In the left picture, § = 0.5 < 6 = 1
and as predicted, Xl ~ b = 2, whereas in the right one, # = 1.5 > 6, which
indeed implies that Xl ~pg =0+ % = 2.17 and Xg ~ b. Moreover, in the
left picture, we have, for all i, i & i, with some deviations

\Xl — \i| < deviation of \; from its limit 2.
In the same way, in the right picture, 7, Xi—l—l ~ \;, with some deviations
]Xiﬂ — A\i| < deviation of \; from its limit 2.

At last, here, in the right picture, we have Xl ~ 2.167, which gives

@ ~ 0.040, reasonable value for a standard Gaussian variable.

eigenvalues that stick to the bulk requires a finer control on the eigenvalues of X,, in the
vicinity of the edges of the bulk, which we prove for random matrices such as Wigner and
Wishart matrices with entries having a sub-exponential tail. This result complements [18,
Theorem 1.1], where the fluctuations of the largest eigenvalue of a non-Gaussian Wishart
matrix perturbed by a delocalised but deterministic rank one perturbation was studied.
One should remark that our result depends very little on the law v (only through its
fourth moment in fact).

Our approach is based upon a determinant computation (see Lemma 6.1), which shows
that the eigenvalues of X,, we are interested in are the solutions of the equation

ful2) = det ([Gr(2)]7,_, — diag(6",....0,)) =0, 3)
with
GLi(2) = (uf, (2 — Xo) " 'uf), (4)
where (-, -) denotes the usual scalar product in C".

By the law of large numbers for i.i.d. vectors, by [10, Proposition 9.3] for uniformly
distributed vectors or by applying Theorem 6.4 (with A" = (z — X,,)!), it is easy to see



hal-00505497, version 5 - 2 Sep 2011

EXTREME EIGENVALUES OF DEFORMED RANDOM MATRICES 7

that for any z outside the bulk,

lim G7,(2) = 1,4Giy (2)

n—oo

and hence it is clear that one should expect the eigenvalues of X,, outside of the bulk to
converge to the solutions of G, (2) = 6, Lif they exist. Studying the fluctuations of these
eigenvalues amounts to analyse the behavior of the solutions of (3) around their limit.
Such an approach was already developed in several papers (see e.g [7] or [12]). However,
to our knowledge, the model we consider, with a fixed deterministic matrix X,,, was not
yet studied and the fluctuations of the eigenvalues which stick to the bulk of X,, was never
achieved in such a generality.

For the sake of clarity, throughout the paper, we will call “hypothesis” any hypothesis

we need to make on the deterministic part of the model X,, and “assumption” any hy-
pothesis we need to make on the deformation R,.
Moreover, because of concentration considerations that are developed in the Appendix
of the paper, the proofs will be quite similar in the i.i.d. and orthonormalised models.
Therefore, we will detail each proof in the i.i.d. model, which is simpler and then check
that the argument is the same in the orthonormalised model or detail the slight changes
to make in the proofs.

Notations. For the sake of clarity, we recall here the main notations of the paper:
L N < A\ are the eigenvalues of the deterministic matrix X,

) X? SSERERRE < Xz are the eigenvalues of the perturbed matrix X, = X,, + S Gl

where 7 and the 6;’s are independent of n and deterministic and the column vectors
are random and defined above,

oo € {0,...,r}issuch that 0; <--- <6,, <0< b1 <--- <0,

1, n

e for z out of the spectrum of X,,, G%,(2) = (uy, (z — Xy,) " uy),

e for z out of the support of y, G, (z) = [ =dux(z),

ef=—L —~>0andf=—L— <0,

lim 1y Gy (2) T limgpa Guy (2) —

e for any non null 6,

if 0 e [Q? 0)7

G L(1/0) if 6 € (—o00,8) U (8, +00),
Po=ya
b

if 6 € (0,6,
e p, is the number of i’s such that py, > b, p_ is the number of ¢’s such that py, < a
and a; < --- < g are the different values of the 60;’s such that py, ¢ {a,b} (so that

q < p_ + py, with equality in the particular case where the 6;’s are pairwise distinct),

° V... .. Vp_+p, are the rescaled differences between the eigenvalues with limit out
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of [a,b] and their limits:

V(! = pg,) it 1<i<p,
%= N
VIR o tpi i ™ P pyre) IE P— < TS P-4y,

e for any x such that x < a or x > b, I, is the set of indices 7 such that py, = z,

e for any j =1,...,q, k; is the number of indices ¢ such that 6, = o, i.e. k; = |] o) |

2. ALMOST SURE CONVERGENCE OF THE EXTREME EIGENVALUES

For the sake of completeness, in this section, we prove Theorem 1.3. In fact, we shall
even prove the more general following result.

Theorem 2.1. Assume that Hypothesis 1.1 and Assumption 1.2 are satisfied.

Let us fix, independently of n, an integer i > 1 and V', a neighborhood of py, if i < 1
and of a if i > ro. Then A} € V with overwhelming probability.
The analogue result exists for largest eigenvalues: for any fized integer i > 0 and V,

a neighborhood of py,_, if i <r —1rg and of b if i > r —rg, A\, € V with overwhelming
probability.

By Lemma 6.1, the eigenvalues of j(vn which are not in the spectrum of X,, are the
solutions of the equation

det(M,(z)) =0,
with
My(2) = [Gy(2)],_, — diag(67, ... 6.,

the functions G¢,(-) being defined in (4). For z out of the support of sy, let us introduce
the r x r matrix

M(z) := diag(G . (2) — 07, ...... LGy (2) =071,

T

The key point, to prove Theorem 2.1, is the following lemma. For A = [A;;]7._, and r xr

matrix, we set |A‘oo ‘= sup; ; |Am‘|-

r
17]:

Lemma 2.2. Assume that Hypothesis 1.1 and Assumption 1.2 are satisfied. For any
0, > 0, with overwhelming probability,

sup  |[M(z) — M, (2)]e < e.
z,d(z,]a,b])>6

In the case where the 6,;’s are pairwise distinct, Theorem 2.1 follows directly from this
lemma, because the z’s such that det(M(z)) = 0 are precisely the z’s such that for some 4,
Gy (2) = 9% and because close continuous functions on an interval have close zeros. The
case where the 6;’s are not pairwise distinct can then be deduced by an approximation
procedure similar to the one of Section 6.2.3 of [10].
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Proof of Lemma 2.2. The i.i.d. model. Fix R such that for all x € [a — §/2,b+ 0/2] and
z € C with |z| > R,
1

Z—X

<

Do ™

Then since the support of px is contained in [a, b] and for n large enough, the eigenvalues
of X, are all in [a — 0/2,b+ §/2], it suffices to prove that with overwhelming probability,

sup |M(z) — Mp(2)]0o < €.
|z|<R, d(z,[a,b])>0

Now, fix some z such that |z| < R, d(z, [a,b]) > 0, and n large enough. By Proposition
6.2 with A = (2 — X,,)~!, whose operator norm is bounded by 26~ we find that for any
€ > 0, there exists ¢ > 0 such that

7
It follows that there are ¢, > 0 such that for all z such that |z| < R, d(z, [a,b]) > 0,
P(|M(2) — My(2)]oe > €/2) < e

As a consequence, since the number of z’s such that |z| < R and nz have integer real and
imaginary parts has order n?, there is a constant C' such that

P(sup [M(2) — Mp(2)|eo > €/2) < Cnle=",

Gr(2) = Lome Tr((2 = X))

—1
> 5_) < 4e—cn2€‘ (5)

nl/2—e

where the supremum is taken over complex numbers z = % + i%, with k,[ € Z, such that
|z| < R, d(z,[a,b]) > 6. Now, note that for n large enough so that the eigenvalues of
X, are all in [a — §/2,b + 0/2], the Lipschitz norm for | - |5 on the set of z’s such that
d(z,[a,b]) > 0 of the function z — M, () is less than 5. max,,;—;., ||u?||||uf’||. Therefore,
by Proposition 6.2 again, with overwhelming probability z — M, (z) is %E—Lipschitz
on this set. The function z — M (z) is %—Lipschitz on this set, so, with overwhelming
probability,
sup | M, (2) — M (2)]|e0o < max |M,,(2) = M(2)]os + 8620712,

oo =
|2|<R,d(z,[a,b])>6 |2|<R.d(z,[a,b])>6
nzE€LAL

which insures that for n large enough,
P sup |M(2) = My(2)]oo > € | < Cn’e” .
|z|<R,d(z,[a,b])>d
This concludes the proof for the i.i.d. model.

The orthonormalised model can be treated similarly, by writing U, = W"G,, with
VW™ a matrix converging almost surely to the identity by Proposition 6.3. 0

3. FLUCTUATIONS OF THE EIGENVALUES AWAY FROM THE BULK

3.1. Statement of the results. Let p; be the number of i’s such that py, > b and p_
be the number of i’s such that py, < a. In this section, we study the fluctuations of the

eigenvalues of 5(\; with limit out of the bulk, that is (N?, . ,Xgﬁfﬁ_mﬂ, o ,XZ) We
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shall assume throughout this section that the spectral measure of X, converges to pux
faster than 1/y/n. More precisely,

Hypothesis 3.1. For all z € {pa,,...,pa,}, VUG, (2) = Guy(2)) converges to 0.

Our theorem deals with the limiting joint distribution of the variables 7', ..., v, .,
the rescaled differences between the eigenvalues with limit out of [a,b] and their limits:
VIO = pg)) if 1<i<p_
%=

VA tpi )i ™ Prospr) I P <ES Pty

Let us recall that for & > 1, GOE(k) (resp. GUE(k)) is the distribution of a k x k
symmetric (resp. Hermitian) random matrix [g;;]5;_, such that the random variables
{%gi’“ 1<i<k}U{giy;;1<i<j<k} (resp. {gsi; 1 <i<k}U{V2R(gi;);1<i<
§<k}U{V23(gi,); 1 <i<j <k}) are independent standard Gaussian variables.

The limiting behaviour of the eigenvalues with limit outside the bulk will depend on
the law v through the following quantity, called the fourth cumulant of v

z*dv(z) —3  in the real case,
calv) i {f ()

[|z]*dv(z) — 2 in the complex case.

Note that if v is Gaussian standard, then k4(v) = 0.

The definitions of the «;’s and of the k;’s have been given in Theorem 1.4 and recalled
in the Notations gathered at the end of the introduction above.

Theorem 3.2. Suppose that Assumption 1.2 holds with k4(v) = 0, as well as Hypotheses
1.1 and 3.1. Then the law of

(W=t g0 L S TS Kiigisg
converges to the law of (N;ij,1 < i < kj)i<j<q, with A, the ith largest eigenvalue of
Ca; My with (M, ..., M) being independent matrices, M; following the GUE(k;) (resp.
GOE(k;)) distribution if v is supported on the complex plane (resp. the real line). The
constant c,, 1S given by

f(ﬂa—u’v);dux (z)

2 _
CO[ - f dpy(z) 1 (6)
(pa—2)2 o

2
(S (pa—2)~2dpx (x))”

i the i.i.d. model,

in the orthonormalised model.

When k4(v) # 0, we need a bit more than Hypothesis 3.1, namely
Hypothesis 3.3. For all z € R\[a,b], there is a finite number [(z) such that
LS (2= X)™H2, — 1(2) in the i.i.d. model,

— 00

i=1 1,1
n o

IS (= X0) ™ — 2 Tr((z — X)™1)? — U(2)  in the orthonormalised model.

n £~i=1 n—oo
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We then have a similar result.

Theorem 3.4. In the case when Assumption 1.2 holds with k4(v) # 0, under Hypotheses
1.1, 3.1 and 3.3, Theorem 3.2 stays true, replacing the matrices co; M; by matrices cq, M;+
D; where the D;’s are independent diagonal random matrices, independent of the M;’s,

and such that for all j, the diagonal entries of D; are independent centred real Gaussian

variables, with variance —l(pa,)ka(v)/ G, (Pay)-

3.2. Proof of Theorems 3.2 and 3.4. We prove hereafter Theorem 3.2 and we will
indicate briefly at the end of this section the minor changes to make to get Theorem
3.4. The main ingredient will be a central limit theorem for quadratic forms, stated in
Theorem 6.4 in the appendix.

Fori € {1,...q} and = € R, we denote by M" (i, x) the r X r (but no longer symmetric)
matrix with entries given by

(G5 (4 )~ Fed). 0,

[Mn@'?x)]s,t = n T 1 .
G%, (pai + \/—ﬁ> — Loty if s ¢ 1, .

We set p;,(z) 1= pa, + 5.
The first step of the proof will be to get the asymptotic behavior of M™(i, x).

Lemma 3.5. Leti € {1,...q} and x € R be fized. Under the hypotheses of Theorem 3.2,
M™(i,x) converges weakly, as n goes to infinity, to the matriz M(i,x) with entries

G (pa) (@it — Cpy.msyt), if s € I, ,

. 125’¢ 7 a; s (o]
= . 7
(M, z)],, { (; _ QL) o, ifsél,. (7)

with (Nst)si=1,.» a family of independent Gaussian variables with nss ~ N(0,2) and
nst ~ N(0,1) when s # t in the real case (resp. nss ~ N(0,1) and R(nss), S(nsy) ~
N(0,1/2) and independent in the complex case).

Proof. From (5), we know that for s ¢ I,,, ,
: 0 1 1 1
Jim [M™(i,2)], = | Gux (Pas) — 9 Loy = o 0.  p— (8)
Let s € I,, . We write the decomposition

, 1
M Gia) = Vi (G 0) = L ) = M) 4 M) + D)

(2
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where

Mymm::\mewmm—xolw—mt%mmm—Xwﬂ)

MQ%Q(%-T) = ﬂs:t\/ﬁ (lTr((p;(x) - Xn)_l) - %Tr((pai - Xn)_1>> )
M) = SN”( (o — X@U—GW@Q)

The asymptotics of the first term is given by Theorem 6.4 with a variance given by

lim ~Tr((pf,(2) — X)) = — G, (pay)- (9)

n—oo M

As p,, is at distance of order one from the support of X, we can expand z/y/n in
Mgf(i, x) to deduce that

lim M7, r) = 2G, (pa,) L (10)

n—oo

Finally, by Hypothesis 3.1, we have

lim M (i,z) = 0. (11)
n—oo
Equations (8), (9), (10) and (11) prove the lemma (using the fact that the distribution of
the Gaussian variables n, s and ng,; are symmetric). O

The next step is to study the behaviour of (M™(i, x)),cr as a process on R. We will show
in particular that the dependence in the parameter x is very simple. Let (ns¢)st=1.. » be

.....

a family of Gaussian random variables as in Lemma 3.5 and define the random process
M(i,-) from R to M, (C) with [M(7,z)],, defined as in (7) (where we emphasize that
(nst)st=1,. do not depend on x). Then we have

Lemma 3.6. Let i € {1,...q} be fized. The random process (M"(i,x))zer converges

weakly, as n—o0, to M(i,-) in the sense of finite dimensional marginals.

Proof. This is a direct application of Remark 6.5, as it is easy to check that for any
x, ' € R,

2
1 x -1 x’ -1
lim — T o+ —=— X, — o+ —=— X, =0
O

The last point to check is a result of asymptotic independence, from which the indepen-
dence of the matrices M;,..., M, will be inherited. In fact, the matrices
(M™(1,21),...,M"(q,x,)) won’t be asymptotically independent but their determinants
will.

Lemma 3.7. For any (z1,...,%,) € RY, the random variables
det[M"(1,x1)], ..., det[M"(q, z,)]

are asymptotically independent.
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Proof. The key point is to show that,

det [0 (i, 2)] = det (M1, 0)]uger,,, ) ][ (i - 91) To(1), (12)

&)
S Pay;

where the remaining term is uniformly small as z varies in any compact of R.

Then, as the set of indices I, ,..., I, are disjoint, the submatrices involved in the
main terms are independent in the i.i.d case and asymptotically independent in the or-
thonormalised case.

Let us now show (12). Firstly, note that by the convergence of MZ,(i,z) obtained in
the proof of the Lemma 3.5, we have for all s,¢ € {1,...,r} such that s At or s € I, ,
for all Kk < 1/2,

» 1

n’ <G?t(p;(x)) — ﬂs:t6—> — 0 (convergence in probability). (13)
’ s/ m—oo

By the formula

1
det [Mn 7’ l' TL2 Z Sgn H ( so(s)(pn( )) - 13:0(5)9_) ’

oESy s=1

it suffices to prove that for any o € S, such that for some i € {1,...,7}\I,, , o(io) # o,

kT 1 . o

nz2 lj[l ( n o (s) (Pl () — ]ls:(,(s)e—s) —_ 0 (convergence in probability). (14)
It follows immediately from (13) since for any x < 1/2, in the above product, all the
terms with index in I, are of order at most n™", giving a contribution n=ki* and i is
not in I,, and satisfies o(ig) # io, yielding another term of order at most n="
the other terms being bounded because p! (x) stays bounded away from [a, b], the above

product is at most of order n™*®*i*1) and so taking s € (ﬁ, 1) proves (14). O

. Hence,

Now as we have that, for i € {1,...,¢q} and x € R,

det [M"(i,z)] = . (,0%. + %) n?,
we can deduce from the lemmata above the following

Proposition 3.8. Under the hypothesis of Theorem 3.2, the random process

(0 e 7)) o (20 00 ). L)

converges weakly, as n goes to infinity to the random process

1 1
ki
Tonlpn ettt =) 11 (a‘e—s)
s¢ Pay; ver/ 1<i<q
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in the sense of finite dimensional marginals, with the constants c,, and the joint distribu-
tion of (M, ..., M,) as in the statement of Theorem 3.2.

From there, the proof of Theorem 3.2 is straightforward.

Proof. Let

21(2) < yi(i) < @2(i) <yo(i) <. <y (i) (1<i<q),
be fixed. Since, by Theorem 2.1, for all € > 0, for n large enough, f, vanishes exactly at
p_ + py points in R\[a — &,b + €], we have that

P [mg(z’) <P <wl),  VO=1. ki, Vi=1,. ..q]

:]P’[fn<pai+y§%))fn(pai+m—\/%)) <O,V£:1,...,kl-,Vizl,...,q,}

—— Pdet (yo(i)] — co, M;) det (zo(i)] — o, M;) <0, V0 =1,... ki, Vi=1,...,q,]
n—oo
:]P)[Ig(l) < )\Z'7g<yg<l'), VO=1,...,k, Vi= 1,...,(],}
O

To prove Theorem 3.4, the only substantial change to make is in the definition (7), in
the case when s € I, , we have to put

(M, $)]s,t = GLX (o) (@ Lsms — Cpain&t) — Ka(V)(pa;)-
The convergence of [M" (i, )], , to [M(i,z)], , is again obtained by applying Theorem 6.4.

4. THE STICKING EIGENVALUES

4.1. Statement of the results. To study the fluctuations of the eigenvalues which stick
to the bulk, we need a more precise information on the eigenvalues of X,, in the vicinity of
their extremes. More explicitly, we shall need the following additional hypothesis, which
depends on a positive integer p and a real number o € (0,1). Note that this hypothesis
has two versions: Hypothesis 4.1[p, «, a] is adapted to the study of the smallest eigenvalues
(it is the version detailed below) and Hypothesis 4.1[p, o, b] is adapted to the study of the
largest eigenvalues (this version is only outlined below).

Hypothesis 4.1. [p,«,a] There exists a sequence m,, of positive integers tending to in-
finity such that m, = O(n®),

1 « 1 1
lim inf = > 15
liggol n i:mZJrl )\g - )\ZL B Q’ ( )

and there exist ne > 0 and ny > 0, so that for n large enough

1 -
2. paowmEsT (16)

i=mp+1 p
d Y ! 4= 17
ond D, i S (1)
i=mnp+1 p ?
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Hypothesis 4.1. [p, a,b] is the same hypothesis where we replace Ay — A by AL —
Al _ii1s and (15) becomes

1 1
lim sup — Z — <

n
n—oo M, T An—pt1 T =it

| —

For many matrix models, the behaviors of largest and smallest eigenvalues are similar,
and Hypothesis 4.1 [p, a, a] is satisfied if and only if Hypothesis 4.1 [p, a, b] is satisfied. In
such cases, we shall simply say that Hypothesis 4.1 [p, o] is satisfied.

For rank one perturbations and in the i.i.d. model, we will only require the two first
conditions (15) and (16) whereas for higher rank perturbations, we will need in addition
(17) to control the off-diagonal terms of the determinant.

Moreover, we shall not study the critical case where for some i, 6; € {0, 5}.

Assumption 4.2. For alli, 0; # 60 and 6; # 6.

In fact, Assumption 4.2 can be weakened into: for all 4, 6; # 6 (resp. 0; # 0) if we only
study the smallest (resp. largest) eigenvalues.

The fact that the eigenvalues of the non-perturbed matrix are sufficiently spread at the
edges to insure the above hypothesis allow the eigenvalues of the perturbed matrix to be
very close to them, as stated in the following theorem.

Theorem 4.3. Let I, = {i € [1,7] : py, = a} = [p— + L, 10] (resp. I, = {i € [1,r] :
po, = b} = [ro+ 1,7 —py]) be the set of indices corresponding to the eigenvalues Xf (resp.
Xzﬂﬂ) converging to the lower (resp. upper) bound of the support of ux. Let us suppose
Hypothesis 1.1, Hypothesis 4.1 [r,a,a] (resp. Hypothesis 4.1 [r,a,b]) and Assumptions
1.2 and 4.2 to hold. Then for any o > «, we have, for alli € 1, (resp. i € 1),

. _ /
min |\l — AP < n Tt
1<k<i+r—rg

) : \n 2\ < —14a’
(’FSS]) n—r—&—?—l}}olﬁkﬁn |)‘n—r+z /\k| =n )

with overwhelming probability.

Moreover, in the case where the perturbation has rank one, we can locate exactly in
the neighborhood of which eigenvalues of the non-perturbed matrix the eigenvalues of the
perturbed matrix lie.

We state hereafter the result for the smallest eigenvalues, but of course a similar state-
ment holds for the largest ones.

Theorem 4.4. Let (X?>121 be the eigenvalues of X,, + Ouyuy, with 6 < 0. Then, under
Assumption 1.2 and Hypothesis 1.1, if (15) and (16) in Hypothesis 4.1 [p,c,a] hold for
some « € (0,1) and a positive integer p, then for any o > o, we have

(i) if 0 < 8, X" converges to pg < a whereas n*~ (X?H — A )1<i<p—1 vanishes in prob-
ability as n goes to infinity,
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(ii) if 0 € (,0), n'=* (AP — A")1<i<,, vanishes in probability as n goes to infinity,

(iii) if, instead of (15) and (16) in Hypothesis 4.1 [p,c,a], one supposes (15) and
(16) in Hypothesis 4.1 [p,a,b] to hold, then n'= (A", — A" )o<ic, vanishes in
probability as n goes to infinity.

Theorem 4.5. Consider the i.i.d. model and let (A!);>1 be the eigenvalues of X, +
i Oiwul. Let p— (resp. py) be the number of indices i so that py, < a (resp. pg; >
b). We assume that Assumptions 1.2 and 4.2, Hypothesis 1.1, and (15) and (16) in
Hypotheses 4.1 [p, v, al and [q, a, b] hold for some o € (0,1) and integers p,q. Then, for
all o/ > a, forall fized 1 <i<p—(p_+7r)and0<j<p—(ps+7),

n't=e Ay = A) and n't=e (X;—(p++j) —Anj)

both vanish in probability as n goes to infinity.

Note that if p — (p— +7) < 0 (resp. if p — (p+ +r) < 0), then the statement of the
theorem is empty as far as i’s (resp. j’s) are concerned. The same convention is made
throughout the proof.

4.2. Proofi. Let us first prove Theorem 4.3. Let us choose 7y € I, and study the be-
haviour of A} (the case of the largest eigenvalues can be treated similarly). We assume
throughout the section that Hypotheses 1.1, 4.1 [r, o, a] and Assumptions 1.2 and 4.2 are
satisfied. We also fix o/ > «.

We know, by Lemma 6.1, that the eigenvalues of 5(\; which are not eigenvalues of X,
are the z’s such that

det(M,(z)) =0, (18)
where

M,(z) = [G?,t(z)rt:1 —diag(6;%,...,0.h) (19)

and for all s, 1,
Guo(z) = (u, (2 = Xa)"'uf).
Recall that by Weyl’s interlacing inequalities (see [1, Th. A.7])

AL <AL

10+r—"o0"

Let ¢ be a fixed constant such that maxi<;<, ps, < ¢ < a. By Theorem 2.1, we know
that

Lemma 4.6. With overwhelming probability, XZ) > (.

We want to show that (18) is not possible on

1<k<ip+r—ro

e T e R

The following lemma deals with the asymptotic behaviour of the off-diagonal terms of
the matrix M, (z) of (19).
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Lemma 4.7. For s #t and k > 0 small enough,
sup [G{,(2)] < n7" (20)
2€Q,

with overwhelming probability.

The following lemma deals with the asymptotic behaviour of the diagonal terms of the
matrix M,(z) of (19).

Lemma 4.8. Foralls=1,...,r, for all 6 >0, any § > 0,

sup <4 (21)

2€Q0,

(;ZS(Z)__ n

with overwhelming probability.

Let us assume these lemmas proven for a while and complete the proof of Theorem
4.3. By these two lemmas, for z € 2,,, we find by expanding the determinant that with
overwhelming probability,

det(M,(2)) =[] (st(z) - 91) +O(n™"), (22)

where the O(n™") is uniform on z € €2,. Indeed, in the second term of the right hand
side of

s 1 . T . B
() =T (620 7 ) + X signlo) [[Goio() ~ Lo,
s=1 ! oeS\{Id} s=1
each diagonal term is bounded and each non diagonal term is O(n~").

Since for all 4, 0; # 0, (22) and Lemma 4.8 allow to assert that with overwhelming
probability, for all z € €, det(M,,(z)) # 0. It completes the proof of the theorem. O

We finally prove the two last lemmas.

Proof of Lemma 4.7. Let us consider z € €, (z might depend on n, but for nota-
tional brevity, we omit to denote it by z,). We treat simultaneously the orthonormalised
model and the i.i.d. model (in the i.i.d. model, one just takes W™ = I and replaces
1(G™(W™)T)4]l2 by /1 in the proof below). Observe that if we write X,, = O*D,,O with
D, = (A},...,A") and O a unitary or orthogonal matrix,

Giz) = (uf, (z = Xo) 'up)
"L (Oun),(Ou?
Z( )(Ou )i

2= A\
=1
The first step is to show that for any € > 0, with overwhelming probability,
max [(Ouf)] < noate (23)

Indeed, with O; the Ith row vector of O and using the notations of Section 6.2,

ou?), = (O ,U? = LL’ ()a
( s)l < l > H((;n ‘4/n HQ 2{: l gt
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But g — (O, ¢7) is Lipschitz for the Euclidean norm with constant one. Hence, by
concentration inequality due to the log-Sobolev hypothesis (see e.g. [1, section 4.4]),
there exists ¢ > 0 such that for all 4 > 0,

P (|(Oy, g)| > 0) < de™"
so that

LAY P 4 —chE'

P <l§rl71%}§<7’ <Olags>| Zn ) —= 4n’e

From Proposition 6.3, we know that with overwhelming probability, [[(G"(W™)T),]|, is
bounded below by /nn~¢ and the entries of W™ are of order one. This gives therefore

(23).

We now make the following decomposition

n o (Ou) (Ou}); —~  (Ou2),(Oup),
Gs,t(z) = Z y — )\n + Z —Z — /\n .
I=1 l L l=madtl ! )

IZXZ(Z) :ZEZ(z)

Note that as [(Ou™);|,1 < I < m,, are smaller than n=2*¢ by (23), for any € > 0, with
overwhelming probability, we have, uniformly on z € €,,,

|An<2)| < mnnl_a/n_1+2e/ = O(na—a’+2e/)
We choose 0 < € < (o/ — a)/4 and now study B,(z) which can be written
Bu(e) = (. P — Xo) Pu)

with P the orthogonal projection onto the linear span of the eigenvectors of X,, corre-
sponding to the eigenvalues A7, . ;,...,A;. By the second point in Proposition 6.2, with

z € Q,, for all s #t,

P (It P~ X007 Patd] 2 5y TP = X,)72) 4 /PG = X))
S 46_662 +4e—cmin(n,n2)‘
Moreover, by Hypothesis 4.1, for n large enough, for all z € €,,,
Tr(P(z — X,) %) <n? ™ and Tr(P(z — X,,) %) < n*™™,
We deduce that there is C,n > 0 such that for all z € 2,
1
il

—(g}, Pz = X) "' Pgy)
A similar control is verified for s = ¢ since we have, by Proposition 6.2,

> n_ 712/8\774) < C,e_nn (24)

P (‘ {go, Pz~ X,)7 Pgs) — T (P(= — X,)7)

n

> 5) < gememintonon ) (95)

whereas Hypothesis 4.1 insures that the term 2Tr(P(z — X,,)™*) is bounded uniformly on
Q,. Thus, up to a change of the constants C' and 7, there is a constant M such that for
all z € Q,,

1 "
P (‘#gs, P(z — Xn)_ngs>‘ > M) < Ce ™.
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Therefore, with Proposition 6.3 and developing the vectors u!’s as the normalised column
vectors of G"(W™)T| we conclude that, up to a change of the constants C' and 7, for all
z € Q,,

P (|Bn(z)| > n—”““) < Ce. (26)
Hence, we have proved that there exists k > 0,C and n > 0 so that for all z € §2,,,
P(l62,(2)] = n*) < Ce .

We finally obtain this control uniformly on z € €2, by noticing that z—G? ,(2) is Lipschitz
on §,, with constant bounded by (min |z — \;|)™2 < n?72%. Thus, if we take a grid

. _ ’_
(2)o<k<en? Of Q, with mesh < n=2%2¢~% (there are about n? such 2}’s) we have
sup {G | < max |Gst (2 ‘+n "
e, 1<k<cn

Since there are at most en? such k and n? possible 7, j, we conclude that

P (sup GE(2)] > 2n_“> < c*ntCe™™

z€Q
which completes the proof. O
Proof of Lemma 4.8. We shall use the decomposition
Gri(2) = (uf, P(z = Xo) 7' Puif) + (uf', (1 = P)(z = X5) 7' (1 = Pup), (27)
with P as above the orthogonal projection onto the linear span of the eigenvectors of X,
corresponding to the eigenvalues A7, ,1,..., A, and then prove that for z € (2,
1
(w2, Ple = X,) " Pul) =
whereas
1
u’, (1—P)(z—X,) '(1 - Pl < P)u||3
(2,1 = P)e = XA = P) < g - Pl
~~ - ~n~1rank(1-P)
Snlfa

~ n %m, =0(n*) =o(1).

Let us now give a formal proof. Again, we first prove the estimate for a fixed z € §,,,
the uniform estimate on z being obtained by a grid argument as in the previous proof (a
key point being that the constants C' and 7 of the definition of overwhelming probability
are independent of the choice of z € Q,,).

First, observe that (15) implies that for any sequence ¢, tending to zero,

R 1 1
n 2 T

i=mpn+1

= 0. (28)

lim  sup
=X q_¢g, <z<Ap

Indeed, for all € > 0, for n such that AP and a — ¢, are both > a — ¢, we have, for all
z € [a—en, A},

n

1 1 1 < 1
Z /\”—)\"__ Z z—)\”gﬁ Z a—e— AV

z mp+1 " P i=mp+1 ¢ i=mn
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so that (15) and

n

1 1 1
lim] — — =1 =
ipimew s 3 oo =G0 =

imply (28).
So let us consider z € €2, (z might depend on n, but for notational brevity, we omit to

denote it by z,). By the inequality |z — A?| > n='** for all 1 < k < m,, and (27), we
have

|G o(2) = (ul, P(z = Xo) T Pul) | < n'=(|(1 = Pyu|f3. (29)
But as in the previous proof, we have
(ul, P(z — X,,) " Pul) = wr, W’” (g1, P(z = X,) "' Pg)
(G ( W” Hztv / t

with, by (24), the off diagonal terms ¢ # v of order n™"""/® with overwhelming prob-
ability, whereas the diagonal terms are close to +Tr(P(z — X,,)™!) with overwhelming
probability by (25). Hence, we deduce with Proposition 6.2 that for any § > 0,

w;P@—Xm*Pﬁ»—gﬂng—XJﬂﬂsa

with overwhelming probability. Hence, by (28), for any § > 0

(uy, P(z — X)) Puy) —

1
—| <
9‘_5 (30)

with overwhelming probability. On the other hand

1
(G (W™)T)sl13

12 5=

r

(1= P)u|? = WftW” (1= P)g, (1= P)gy)

By Proposition 6.3, the denominator is of order n with overwhelming probability, whereas
by Proposition 6.2, the numerator is of order m,, + ny/m,, (since Tr(1 — P) = m,,) with
overwhelming probability. As W" is bounded by Proposition 6.3 we conclude that

(1= Pyur|} < 222 (31)
n

with overwhelming probability. Putting together Equations (29), (30) and (31), we have
proved that for any z € €2,,, any 6 > 0,

SRCEHEY

with overwhelming probability, the constants C' and 7 of the definition of overwhelming
probability being independent of the choice of z € €2,, We do not detail the grid argument
used to get a control uniform on z because this argument is similar to what we did in the
proof of the previous lemma. O

Proof of Theorem 4.4. In the one dimensional case, the eigenvalues of X,, which do not
belong to the spectrum of X, are the zeroes of

ful) = 9, (= = X,) g} — enly) (32)

Sy
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with &,(g) = 1 or ||g||3/n according to the model we are considering. A straightforward

study of the function f,, tells us that the eigenvalues of X,, are distinct from those of X,
as soon as X, has no multiple eigenvalue and

(matrix of the eigenvectors of X,,)* X ¢

has no null entry, which we can always assume up to modify X, and ¢ so slightly that
the fluctuations of the eigenvalues are not affected. We do not detail these arguments but
the reader can refer to Lemmas 9.3, 9.4 and 11.2 of [11] for a full proof in the finite rank
case.

Therefore, (32) characterises all the eigenvalues of X,,. Moreover, by Weyl’s interlacing
properties, for 6 < 0,

NS M <A <A< <A< AR
Theorems 2.1 and 4.3 thus already settle the study of X? which either goes to py or is

at distance O(n~'**") of \? depending on the strength of §. We consider o/ > « and
i€{2,...,p} and define

—1 ! —1 !
N B e U +a[.

Note first that if A, is empty, then the eigenvalue of X,, which lies between A and Al is
within n= ' to both A? , and A?, so we have nothing to prove. Now, we want to prove
that f,, does not vanish on A,, and that according to the sign of % — %, it vanishes on one
side or the other of A, in |]A\?_,, A*[. This will prove (i) and (ii) of the theorem. Part (iii)

i—1r 7\
can be proved in the same way, proving that with overwhelming probability, f,, does not
vanish in |A2_,_| +n71Te An_ - poire’],
The proof of this fact will follow the same lines as the proof of Lemma 4.8 and we
recall that P was defined above as the orthogonal projection onto the linear span of the
eigenvectors of X, corresponding to the eigenvalues A7, .,,...,A}. Then, exactly as for

(30), we can show that for all 6 > 0,

1 1
sup |—(g, P(z — X,,) "' Pg) — —’ <0
zeAp, AR [T 0
with overwhelming probability. Moreover, for any z € A,,, for any j = 1,...,m,, we have

|z = AJ| > min{z — A\, A} — 2} > n~iHe
so that

sup
ZGAn

Lo (1= P = X) (1= P < (o, 1= Pl

By Proposition 6.2, we deduce that for any € > 0,

sup | Lo, (1 - P)= - X)) (1 P>g>] < nnm,

ZGAn n

with overwhelming probability. We choose € in such a way that the latter right hand side
goes to zero. Therefore, we know that uniformly on A,,,

1 1

fa(2) = s ot o(1)
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with overwhelming probability. Since for all n, f, is decreasing, going to +oo (resp.
—00) as z goes to any A" ; on the right (resp. A on the left), it follows that according

to the sign of 7 — 1. the zero of f, in |7, AP[ is either in JA? |, A" | + n~'**[ or in
JA = ne AR 0
Proof of Theorem 4.5. For each £ =0,...,r, let us define

¢
—~ (¢ «
Xn( ) =X, + g Oulu
i=1

and denote its eigenvalues by Xf) SRR < 2. We also define
p(_g) = t{i=1,...,0; ps, < a},
pf) = t{i=1,...,¢; ps, > b}.

~ (¢
p(f) and pg) are respectively the numbers of eigenvalues of Xn( : with limit < @ and > b.

We also set )
n v Dy g
£ = (= ) - o
~(t
Of course, as before, the eigenvalues of Xn( ) are the zeros of fff).

Let us also choose (, < a and ¢, > b such that

Ca > max{pgi  Po; < a} and Cb < min{p&' s Po; > b}

First, as in the proof of Theorem 4.4, up to small perturbations, one can suppose that

~ (¢
for all ¢ = 0,...,r, the eigenvalues of X,, ~ are pairwise distinct and for all £ =1,...,r,
~ ~ (-1
the eigenvalues of X, ) are distinct from those of Xn( )

Now, let us state a few facts:
—~(
(a) For all ¢, there is a constant M such that the extreme eigenvalues of Xn( ) are in
[—M, M| with overwhelming probability (this follows from Theorem 2.1).

(b) Moreover, for each ¢, for each i < k, by Weyl’s interlacing inequalities,

1 1

<
O _ 3B =D 1
i+1 )\k—l )‘z - /\k:

0< =<
A

~(
which implies, by induction over ¢, that Xn( : satisfies the first part Hypothesis 1.1 and
(15) and (16) in Hypotheses 4.1 [p — ¢, o, a] and [¢ — ¢, c, b].

~(t ~ (-1
We only consider the i.i.d. model, so each Xn( : can be deduced from Xn( ) by adding
an independent rank one perturbation.

In the case where all the 6;’s are in [6, _], also the extreme eigenvalues of Xn(z) stick
to the bulk and therefore the full hypothesis 1.1 holds at each step. In this case we can
simply apply Theorem 4.4 inductively to prove the theorem. The appearance of spikes is
in fact not a problem as Theorem 4.3 insures that for all £, the eigenvalues of X are close
to the eigenvalues of X, simultaneously with overwhelming probability, whereas Weyl’s
interlacing properties and as in the previous proof discussions on the sign of the functions
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fn allows to localise in the neighborhood of which eigenvalues of X,, the eigenvalues of
X lie.

Let us detail a bit this argument. By using (a) and (b) above and following the proof
(0)

of Lemma 4.8, one can easily prove that for all { = 1,...,r, for any ¢ =p/,....p— /¢
(resp. j :pf), ...,q—10), for any § > 0, for
Q, =] max{A\"}, ¢} +n 7T N — e (33)
(esp. Q, =]\ 4 min A LGy -], (34)
with overwhelming probability,
~ (-1 1
sup [(uy, (z — Xn( ))_lu% ——| <4 (35)
2€Qn Q
~ (-1 1
(resp. sup |(uy,(z — Xn( ))_lu?> — :‘ <4). (36)
2€Qy 0
. = (O = (-1)
Let us now fix £ € {1,...,r} and compare the eigenvalues of X,, " to the ones of X, :
We suppose for example that 6, > 0.
Then by Weyl’s inequalities, we have
MDD X0 XD X < < AP <X XD X0,

e Let us first consider the smallest eigenvalues. Under the overwhelming event (35),

9 < 0 on any interval ,, as defined in (33). So, since fff) is decreasing and

vanishes exactly once on }XE‘:I), NV s zero Xz(f)l is within n 1" from ng__ll)

e Let us now consider the largest eigenvalues. Under the overwhelming event (36),

quz) has the same sign as % — é on any interval €2, as defined in (34), so Xglj is

within n= ' from Xff__jl) if 6, < 8 and X ; is within n=*" from Xﬁf__ﬁrl if 0, > 6.

To conclude, up to n~'*t* errors, each perturbation by a positive rank one matrix
Opupul” does move the smallest eigenvalues and translates each largest one to the following
eigenvalue if §, > 6 and does not move the largest eigenvalues if 6, < 6. Of course, the
analogue result holds for perturbations by negative rank one matrices.

The theorem follows. 0]

5. APPLICATION TO CLASSICAL MODELS OF MATRICES

Our goal in this section is to show that if X, belongs to some classical ensembles of
matrices, the extreme eigenvalues of perturbations of such matrices have their asymptotics
obeying to Theorems 2.1, 3.2 and 4.3. For that, a crucial step will be the following
statement. If (X,) is a sequence of random matrices, we say that it satisfies an hypothesis
H in probability if the probability that X, satisfies H converges to one as n goes to infinity
(for example, if H states a convergence to a limit ¢, “H in probability” is the convergence
in probability to /).
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Theorem 5.1. Let (X,,) be a sequence of random matrices independent of the ul'’s. Under
Assumption 1.2,

(1) If Hypothesis 1.1 holds in probability, Theorem 2.1 holds.

(2) If k4(v) = 0 and Hypotheses 1.1 and 3.1 hold in probability, Theorem 3.2 holds.
If k4(v) # 0 and Hypotheses 1.1 and 3.3 hold in probability, Theorem 3.4 holds.

(3) Under Assumption 4.2, if Hypotheses 1.1 and 4.1 hold in probability, Theorem 4.3
holds “with probability converging to one” instead of “with overwhelming probabil-
ity”; Theorems 4.4 and Corollary 4.5 hold.

This result follows from the results with deterministic sequences of matrices X,,. In-
deed, to prove that a sequence converges to a limit £ in a metric space, it suffices to prove
that any of its subsequences has a subsequence converging to ¢. If the convergences of the
hypotheses hold in probability, then from any subsequence, one can extract a subsequence
for which they hold almost surely. Then up to a conditioning by the o-algebra generated
by the X,’s, the hypotheses of the various theorems hold.

The remaining of this section is devoted to showing that such results hold if X,,, inde-
pendent of (u?)i<;<,, is a Wigner or a Wishart matrix or a random matrix which law has
density proportional to e~ ™" for a certain potential V. In each case, we have to check
that the hypotheses hold in probability.

5.1. Wigner matrices. Let p; be a centred distribution on R (respectively on C) and
2 be a centred distribution on R, both having a finite fourth moment (in the case where
(1 is not supported on the real line, we assume that the real and imaginary part are
independent). We define 0 = [ _ [2[*dui(2).

Let (2;;)i;>1 be an infinite Hermitian random matrix which entries are independent
up to the condition xz;; = 7, ; such that the x;;’s are distributed according to ps and the
x;;’s (i # j) are distributed according to p;. We take X,, = in [:E,-J»]Zj:l , which is said
to be a Wigner matriz. For certain results, we will also need an additional hypothesis,
which we present here:

Hypothesis 5.2. The probability measures py and ps have a sub-exponential decay, that
is there exists positive constants C,C" such that if X is distributed according to py or s,

forallt > ',
P(|X| >t <e™.

Moreover, p; and ps are symmetric.

The following Proposition generalises some results of [36, 18, 12, 13] which study the
effect of a finite rank perturbation on a non-Gaussian Wigner matrix. In particular, it
includes the study of the eigenvalues which stick to the bulk.

Proposition 5.3. Let X,, be a Wigner matriz. Assume that Assumption 1.2 holds. The

limits of the extreme eigenvalues of X,, are given by Theorem 2.1 and the fluctuations of
the ones which limits are out of [—20,20] are given by Theorem 3.2, where the parameters
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a,b, pg,c, are given by the following formulas : b = —a = 20,

0+ if|o] > o,
Po = 20 if 0 <6 <o,
—20 if —o <0 <0,

and
a? — o2 in the i.i.d. model,
Co =

—a‘/ajfiﬂ in the orthonormalized model.

Assume moreover that, for all i, 0; & {—o,0} and Hypothesis 5.2 holds. If the pertur-
bation has rank one, we have the following precise description of the fluctuations of the
sticking eigenvalues :

o IfO > 0o (resp. 0 < —c), for allp > 2, n2/3(/)\v27p+1 — 20) (resp. n2/3(Xg +20))
converges in law to the p — 1th Tracy Widom law. _

e If0 <0 <o (resp. —o <0 <0), forallp>1, n*3N\_ . —20) (resp.
n?3(Ar + 20)) converges in law to the pth Tracy Widom law.

If the perturbation is rank more than one and Assumption 4.2 holds, the extreme eigen-
values of X,, are at distance less than n='"¢ for any € > 0 to the extreme eigenvalues of
X,, which have Tracy-Widom fluctuations. We can localize exactly near which eigenvalue
of X,, they lie by using Theorem 4.5 in the i.i.d model.

Remark 5.4. All the Tracy-Widom laws involved in the statement of the proposition
above, are the ones corresponding respectively to the GOFE if py is supported on R and to
the GUE if py s supported on C.

According to Theorem 5.1, it suffices to verify that the hypotheses hold in probability
for (X,,)n>1. We study separately the eigenvalues which stick to the bulk and those which
deviate from the bulk.

e Deviating ergenvalues.

If X, is a Wigner matrix (that is, with our terminology, with entries having a finite
fourth moment), the fact that X,, satisfies Hypothesis 1.1 in probability is a well known
result (see for example [4, Th. 5.2]) for pux the semicircle law with support [—2c, 20].
The formulas for py and ¢, can be checked with the well known formula [1, Sect. 2.4]:

z —sgn(z)vz% — 4o?

202

Vz € R\[—20, 20], Gy (2) = (37)

Moreover, [5, Th. 1.1] shows that Tr(f(X,)) — n [ f(z)do(z) converges in law to a
Gaussian distribution for any function f which is analytic in a neighborhood of [—20, 20].
For any fixed z ¢ [—20,20], applied for f(t) = -4, we get that n(G,, (2) — G,y (2))
converges in law to a Gaussian distribution, hence /n(G,, (2) — G, (2)) converges in
probability to zero, so that Hypothesis 3.1 holds in probability.

o Sticking Figenvalues.
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We now assume moreover that the laws of the entries satisfy Hypothesis 5.2. In order
to lighten the notation, we shall now suppose that o = 1. Let us first recall that by
[41, 39], the extreme eigenvalues of the non-perturbed matrix X,,, once re-centred and
renormalised by n?/3, converge to the Tracy-Widom law (which depends on whether the
entries are complex or real). We need to verify that Hypothesis 4.1[p,a] for any finite p
and an a < 1/3 is fulfilled in probability. By [41], the spacing between the two smallest
eigenvalues of X, is of order greater than n~" for v > 2/3 with probability going to one
and therefore, by the inequality

1
2 Gro S ) Z XA )\" (k=2ord).
i=mp+1 p i=mp+1
it is sufficient to prove the first point of Hypothesis 4.1[p,a]. We shall prove it by replacing
first the smallest eigenvalue by the edge —2 thanks to a lemma that Benjamin Schlein
[40] kindly communicated to us. We will then prove that the sum of the inverse of the
distance of the eigenvalues to the edge indeed converges to the announced limit, thanks
to both Soshnikov paper [41] (for sub-Gaussian tails) or [39] (for finite moments), and
Tao and Vu article [42].

Lemma 5.5 (B. Schlein). Suppose the entries of X, have a uniform sub-exponential tail.
Then for all 6 > 0, for all integer number p,
) o

Jl%P( Z e A"__ Z A”+2

J=p+1
Proof. We write
M+2 O
LS i S s Y e
Hence for any K1 > 0,
(s s 2l 2)
< PN} 42| > Kln_Q/?’)
n —2/3
(n5/3 Z 0 An+2)| > § and [\! 42| < Kin > (38)
=p+1
Now, for any K, > Ki, on the event {|A\? + 2| < Kjn~%/?}, for any £ > 0, we have
i Z NL2Kon ™23 4+ tn=" 2Kon ™23 + (0 + 1)n~"]
5/3 Pt |(A )\” +2) — n5/3 (Kon=2/3 4 fn=+)?
. ]1>\ +2<2K2n_2/3
DI o (39)
o 2 T 0a 1 2)

where N, [a,b] :==t#{i; =2 +a < A\ < —2+ b}. Note that, from the upper bound on the
density of eigenvalues in microscopic intervals, due to [15, Theorem 4.6], we know that
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for any x < 1, there is a constant M independent of n so that for all £ > 1
E(N,[2Kon ™22 4+ 0% 2Kon ™2 + (0 + 1)n~"]) < Mn'~". (40)

Let us fix x € (2,1). It follows that the first term of the r.h.s. of (39) can be estimated
by

2Kn2/3+€n”2Kn2/3 {4+ 1)n" 1)
JE N e

K2n_2/3 + In- ) - 5
2K, Z NL2Kon™23 4 tn=" 2Kon =23 + (04 1)n~"])
—  ond/3 (Kon=2/3 + In=*)?

IA

2MK; 1 Z 1
on2/3 nx (Kon=2/3 + fn="r)2

< 2M K4 1 +2MK1/ o dt
oo s (KonT?3)2 0 oni Sy (t+ Konoi)?
2M K, 2M K,

. 41

Let us now estimate the second term of the r.h.s. of (39). For any positive integer Kj,
we have

n Iy -
|,\ +2|<2Kon—2/3 )
> —
<n5/3 Z [(AT = A (A} +2)] — 2)

Jj=p+1

S IP’(/\/'n(—oo,QKgn_Z/?’] Z Kg) +]P’(K1K3 1 (S)

> 2
n®% mingi<icr, [(A] = Ap) (A +2)] — 2

5T T am—5/6
n _ —-2/3 n 2K1K3TL
< P\, < —242Ksn )+P<p<rglgll< A} +2] < 75

. 2K K3n=°/6
P (‘)\p p+1‘ < \/g
From (38), (39), (41) and (42), we conclude that

( Z)\” /\"__Z)\"+2 )

J=p+1 Jj=p+1
P(A? +2| > Kin ) + =——— + P (\g, < =2+ 2Kon /%)

MK,
0K,
V2K, K3n=5/6 MK, 2K Kyn /6
+P <1g151(3|)\ +2| < 7 + e +P (A5 = AT < 7

for arbitrary 0 < K; < K3 and K3 > 1. Taking the limit n — oo, the last two terms
disappear, because by [42, Th. 1.16], the distribution of the smallest K3 eigenvalues lives
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on scales of order n=2/3 > n=5/6 Therefore,

>

still for any 0 < K7 < K3 and K3 > 1. Now, note that for K large enough, the first term
can be made as small as we want. Then, keeping K fixed, K5 can be chosen in such a
way to make the second term as small as we want too. At last, keeping K> fixed, one can
choose K3 large enough to make the third term as small as we want (as can be computed
since the limit is given by the K3 correlation function of the Airy kernel). ([l

< lim P(\? + 2| > Kin~2/3) 4+ ———
n—oo

To complete the proof of Hypothesis 4.1, we therefore need to show that

Lemma 5.6. Assume that the entries of X,, satisfy Hypothesis 5.2. Then, for any § > 0,
any finite integer number p,
—1] > 5) =0

lim P (
n—oo

Proof. Notice that by [41, 39] we know that the p smallest eigenvalues of X,, converge
in law towards the Tracy-Widom law, so that

)\n

Jj=p+1 "7

lim limIP’(mm A} +2[ <en” 2/3 >:O.

el0 n—oo 1<5<p

Thus, for any finite p, with large probability,

Iy L et
n <= AT+ 2|

and therefore it is enough to prove the lemma for any particular p. As in the previous
proof, we choose p large enough so that A} > —2 + n=% with probability greater than
1 — 0(p) with 6(p) going to zero as p goes to infinity. We shall prove that with high
probability

1y
lim lim — <0. 43
iy Jim 52 s < “

This is enough to prove the statement as for any v > 0, 2+ /\ﬁw} converges to d(y) > 0 so
that px([0(7),2]) =1 — 7, see [43, Theorem 1.3,

2
1
d
nﬁoonl )\n_|_2 /5('Y) 2—|—l’ MX(J;)’

which converges as v goes to zero to [(2+ ) 'dux(z) =1 (by e.g. (37)). To prove (43),
we choose p € (2/3,4/2/3) and write, on the event A7 +2 > A7 +2 > n~i > n* for
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J =D
1 [yn] 1 _ pk_lN _pk _pk+1 [yn] 1)\?272+n_pK+1 4 B
EZ)\?+2_ Zn Wn7 ]+Z PRV R n + B
J=p 1<k<K =2 J

For the first term, we use Sinai-Soshnikov bound, which under the weakest hypothesis are
given in [39, Theorem 2.1]. It implies that with probability going to one with M going to
infinity, for s, = o(n*?) going to infinity,

S () <t

=1

V>
3w\c~| S

This implies, by Tchebychev’s inequality and taking s, = nt**" that
Ai

n

>1— nPk“} <(1- n*Pk“)*Sn Z

=1

n
7

Sn
k+1

Nn[n*pk’nfplﬂ—l] < ﬁ {Z < eMnlf%p _

Consequently we deduce that
A, < eM Z n?n 3 < Cn—P"Gr=1)
1<k<K

which goes to zero as p > 2/3. For the second term B,,, note that by [42, Theorem 1.10],
for any € > 0 small enough,

(Naln™€n™ (0 + 1] = npux ([=2+ 074 =2+ 0 (C+ 1)) < n' 09

with 6(e) = 2+, Hence, since pux([—2+n", —24+n"({+1)]) ~ n=% /¢, we deduce for

e small enough that for all £ > 1,
No[n=6,n~ (0 +1)] < 2n'" T V2.
This allows to bound B,, by

[yn€]

TLG 3e v ]_
B, <2 —nz\/Zgz/ ——dx =2,/
— L o VT
which goes to zero as n goes to infinity and then v goes to zero. 0

5.2. Coulomb Gases. We can also consider random matrices X,, which law is invariant
under the action of the unitary or the orthogonal group and with eigenvalues with law
given by

1 n °
APa(Ns - An) = - [A e E VOO T ax, (44)
n i=1

with a polynomial function V' of even degree and positive leading coefficient and 5 =1, 2
or 4. We assume moreover that V' is such that the limiting spectral measure py of (X))
is connected and compact and that its smallest and largest eigenvalues converge to the
boundaries of the support. This set of hypotheses is often referred to as the “one-cut
assumption”. It holds in particular if V' is strictly convex and this includes the classical
Gaussian ensembles GOE and GUE (with V(z) = 2%/4 and 8 = 1, 2).
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Proposition 5.7. Under the above hypothesis on V, the extreme eigenvalues of X, con-
verge to the boundary of the support. The convergence of the extreme eigenvalues of X,, s
given by Theorem 2.1. These eigenvalues have Gaussian fluctuations as stated in Theorem
3.2 1f they deviate away from the bulk.

Suppose moreover that Assumption 4.2 holds.

If the perturbation is of rank one and is strong enough so that the Zargest eigenvalues
deviates from the bulk, for all k > 2, the rescaled kth largest eigenvalue ns()\n pr1 — 0v)
converges weakly towards the k — 1-th Tracy Widom law. If the perturbatzon is of rank
one and is weak enough, for all k > 1, the rescaled kth largest eigenvalue n3 ()\n o1 — 0v)
converges weakly towards the k-th Tmcy Widom law. N

If the perturbation is of rank more than one, the extreme eigenvalues of X, sticking to
the bulk are at distance less than n=*"¢ for any € > 0 from the eigenvalues of X,,. In the

1.1.d model, Theorem /.5 prescribes exactly in the neighborhood of which eigenvalues of
X, each of them lie.

Proof.  As explained above, it suffices to verify that the hypotheses hold in probability
fOI‘ (Xn)nZI‘

Note that the convergence of the spectral measure, of the edges and the fluctuations
of the extreme eigenvalues were obtained in [47]. The fact that /n(G,,(z) — Gs(2))
converges in probability to zero is a consequence of [28] so that Hypothesis 3.1 holds.

We next check Hypothesis 4.1[p,a] for the matrix model P,. We shall prove it for any
a > 1/3 and any integer p. We first show that

lim E

n—oo

Py )\n] = —V'(av). (45)
Zsﬁp

Indeed, the joint distribution of (A}, ..., A") is

R R
—5° =t VOO TT (A= A)° Ta,dAs -+ dAy,

n 1<i<j<n
with 8 =1,2 or 4, Z? is the normalising constant and A, = {\; < -+ < A\, }.

Therefore,

52 | = __/ eI V) 0 H (A — A)PdA; - - dAy,
i£p Al = A 0Ny 1<i<j<n
! / O (s, v} T
= — [ — (emPriVN N — A)PdN - dA,
Zﬁ N a)\p ( ) lgggn< ]) 1

= —npfE [V’()\g)} ,

by integration by parts. Equation (45) follows, since A\J converges almost surely to ay
(and concentration inequalities insures V() is uniformly integrable). But, for any e > 0,

_Z)\”—)\”__Ze+)\”—)\"

i#p
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with, by convergence of the spectral measure and of A7, the right hand side converging
to =G, (—ay — €) which converges as e decreases to zero to —G,(—ay) = =V'(ay).
Hence, % itp m is bounded below by —V”(ay ) with large probability for large n, and
converges in expectation to —V’(ay ), and therefore converges in probability to —V'(ay ).

Moreover, by [47] (see [45] in the Gaussian case), the joint law of
(n2/3(/\7f —ay), n2/3(/\§ —ay),... ,n2/3(/\z — av))

converges weakly towards a probability measure which is absolutely continuous with re-
spect to Lebesgue measure. As a consequence, we also deduce from the first point that
n-! D icm, (A — A")~! vanishes as n goes to infinity in probability for m, < n'/? and
therefore (45) proves the lacking point of Hypothesis 4.1.

For the two other points, observe that [47] implies that for any € > 0, P(|Ay — \?| <
n=3i7¢) —s 0. On the event {|A\2 — A?| > n=37}, we have |A" — A?| > n=5< for all

n—oo

i € [2,n — 1], so that

n n

1

1 1.1 1
— < p~3te -
PN e D

1=2
1 — 1 1 — 1
. - < —1+3€_ -
n4§(A;L—A?)4—" n;Ay—A;L

so that by (45) and Markov’s inequality, Hypothesis 4.1 holds in probability for any
n<1/3,my<1and o> 1/3. O

5.3. Wishart matrices. Let G,, be an n x m real (or complex) matrix with i.i.d. centred
entries with law g such that [zdu(z) =0, [|z]*du(z) = 1 and [ |z|*dp(z) < co. Let
X, = G,G;/m.

Proposition 5.8. Let n,m tend to infinity in such a way that n/m — ¢ € (0,1). The

limits of the extreme eigenvalues of X,, are given by Theorem 2.1 and the fluctuations
of those which limits are out of [a,b] are given by Theorem 3.2, where the parameters
a,b, pg,co are given by the following formulas: a = (1 —+/c)?, b= (1 + /c)?

0+ 52 if|0—c|l> e,
pg =14 b if |0 —c| < \/cand 6 >0,
a if 16 — c|] < y/c and 6 <0,

and
a? (1 - ﬁ) in the i.i.d. model,

QN

a20

(a—c)®

(1 — ﬁ) mn the orthonormalised model.

Assume now that the law of the entries satisfy Hypothesis 5.2. If the perturbation has
rank one, we have the following precise description of the fluctuations of the extreme

eigenvalues ofj\(; :
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e If0 > c+ +/c (resp. O < c— \Jc), for all p > 2, n2/3<’)\“27p+1 — 20) (resp.
nQ/S(XZ — 20)) converges in law to the p — 1th Tracy Widom law.

e If0<O <c++Jc (resp. c—+/c<0<0), forallp>1, n2/3(Xzfp+1 —20) (resp.
nZ/S(Xg —20)) converges in law to the pth Tracy Widom law.

If the perturbation has rank more than one and for all i, 6; ¢ {c++/c,c—+/c}, the extreme
eigenvalues of X, are at distance less than n='7¢ for any e > 0 to the extreme eigenvalues
of X,, which have Tracy-Widom fluctuations.

Before getting into the proof, let us make a remark. The Proposition above generalizes
some results first appeared in [9, 19]. In these papers, the authors consider models with
multiplicative perturbations (in the sense that the population covariance ¥ matrix is
assumed to be a perturbation of the identity). Here, we consider additive perturbations
but the two models are in fact similar, since a Wishart matrix can be written as a sum of
rank one matrices Z;il 0, Y;Y.*, with o; the eigenvalues of X and Y; n-dimensional vectors
with i.i.d. entries. So, adding our perturbation ., 6;U;U; boils down to change m into
m + r (the limit of m/n is not changed) and to extend X with some new eigenvalues
01, ceay QT.

Proof.  Again, it suffices to verify that the hypotheses hold in probability for (X, ),>1.

It is known, [32], that the spectral measure of X,, converges to the so-called Marcenko-
Pastur distribution

dux(z) = e V(b =) (x — a)ly(z)dr,

where a = (1 — /¢)? and b = (1 + y/c)%. Tt is known, [4, Th. 5.11], that the extreme
eigenvalues converge to the bounds of this support. The formula
z4+c—1—=sgn(z—a)y/(z—c—1)2—4c
Gyn2) = v )

2cz

allows to compute py and ¢,. Moreover, by [3, Th. 1.1] or [4, Th. 9.10], we also know
that a central limit theorem holds for the linear statistics of Wishart matrices, giving
Hypothesis 3.1 as in the Wigner case.

For Hypothesis 4.1, the proof is similar to the Wigner case. The convergence to the
Tracy-Widom law of the non-perturbed matrix is due to S. Péché [37] (see [33] and [20] for
the Gaussian case). The approximation of the eigenvalues by the quantiles of the limiting
law can be found in [17, Theorem 9.1] whereas the absolute continuity property needed
to prove Lemma 5.5 is derived in [17, Lemma 8.1]. This allows to prove Hypothesis 4.1
in this setting as in the Wigner case, we omit the details. U

5.4. Non-white ensembles. In the case of non-white matrices, we can only study the
fluctuations away from the bulk (since we do not have the appropriate information about
the top eigenvalues to prove Hypothesis 4.1). We illustrate this generalisation in a few
cases, but it is rather clear that Theorem 3.2 applies in a much wider generality.

5.4.1. Non-white Wishart matrices. The first statement of Proposition 5.8 can be gener-
alised to matrices X, of the type X,, = %TémGnG;Tﬁm or %GnTnG;, where G, is an nxm
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real (or complex) matrix with i.i.d. centred entries with law p such that [ zdu(z) = 0,
[1z2dp(z) = 1 and [ |z|*du(z) < oo and T,, is a positive non random Hermitian n x n
matrix with bounded operator norm, with a converging empirical spectral law and with
no eigenvalues outside any neighborhood of the support of the limiting measure for suffi-
ciently large n. Indeed, in this case, everything, in the proof, stays true (use [2, Th.1.1]
and [4, Th. 5.11]). However, when the limiting empirical distribution of 7, is not a Dirac
mass, the computation of the py’s and the c,’s is not easy.

5.4.2. Non-white Wigner matrices. There are less results in the literature about the cen-
tral limit theorem for band matrices (with centring with respect to the limit) and the con-
vergence of the spectrum. We therefore concentrate on a special case, namely a Hermitian
matrix X,, with independent Gaussian centred entries so that F[|X;;[*] = n~to(i/n,j/n)

with a stepwise constant function

In [31], matrices of the form S,, = Z;?(:kfrl) a;®X ](") with some independent matrices X j(”)
from the GUE and self-adjoint matrices a; were studied. Taking a; = (€p¢ + €7,)0p0 OF
i(€pe — €0p)ope With €, the matrix with null entries except at (p,¢) and 1 < p < /¢ <k,
we find that X,, = S,. Then it was proved [31, (3.8)] that there exists a, ¢,y > 0 so that

for z with imaginary part greater than n~" for some v > 0,

‘E [%Tr(z - Xn)‘l] —G(2)| < (Sz) n 1 (46)

which entails the convergence of the spectrum of X,, towards the support of the limiting
measure [31, Proposition 11] with exponential speed by [31, Proof of Lemma 14]. Thus
X, satisfies Hypothesis 1.1. Hypothesis 3.1 can be checked by modifying slightly the proof
of (46) which is based on an integration by parts to be able to take z on the real line
but away from the limiting support. Indeed, as in [23, Section 3.3|, we can add a smooth
cut-off function in the expectation which vanishes outside of the event A, that X, has
all its eigenvalues within a small neighborhood of the limiting support. This additional
cut-off will only give a small error in the integration by parts due to the previous point.
Then, (46), but with an expectation restricted to this event, is proved exactly in the same
way, except that $z can be replaced by the distance of z to the neighborhood of the
limiting support where the eigenvalues of X, lives. Finally, concentration inequalities, in
the local version [22, Lemma 5.9 and Part II], insure that on A,,

1 1
—Tr(z— X,) ' = E |14,-Tr(z — X,,) "
n n

is at most of order n~1t¢

Hypothesis 3.1.

with overwhelming probability. This completes the proof of

5.5. Some models for which our hypothesis are not satisfied.
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We gather hereafter a few remarks about some models for which the hypothesis we
made on X, are not satisfied. For sake of simplicity, we present hereafter only the case
of i.i.d. perturbations (1).

5.5.1. Li.d. eigenvalues with compact support. We assume that X, is diagonal with i.i.d.

entries which law p is compactly supported. As in the core of the paper, we denote by

a (resp. b) the left (resp. right) edge of the support of u. We also denote by F), its

cumulative distribution function and assume that there is £ > 0 such that for all ¢ > 0,
1—F,(b— cx)

I p — 1
oot 1-Fy(0—a) ¢ (47)

In this situation, it is easy to check that Hypothesis 1.1 holds in probability with
wx = p. But Hypothesis 3.1 is not satisfied. Indeed, by classical CLT, we have, for
Pa & [a,b],

Wa = V(G (pa) = Gu(pa))
converges in law, as n goes to infinity to a Gaussian variable W, with variance —G;L(pa) —
Gu(pa)?. Moreover,

E[W, W) = / !

(Pa = A)(par = A)

Nevertheless, Theorem 3.2 holds for this model. Indeed, the whole proof of this theorem
goes through in this context, except the proof of Lemma 3.5, where we have to make the
following decomposition M7, (i, z) = M, )+ MU (i, )+ M2 (i, ) with the difference
that this time M : ,’53 does not go to zero but converges towards W,,. Hence, the eigenvalues
fluctuate according to the distribution of the eigenvalues of (c; M; + Wy, Iy, )1<j<q, With ¢;
and M; as in the statement of Theorem 3.2 and [y, denotes the k; x k; identity matrix.

dp(A) = Gu(pa)Gulpar)-

Let us now consider the fluctuations near the bulk. We first detail the fluctuations of the

extreme eigenvalues of X,,. According to [26], the fluctuations of the largest eigenvalues
of X,, are determined by the parameter « defined in (47), that is, if v, = F,(b — 1/n),
then the law of Z:i‘f converges weakly to the law with density proportional to e on R*.
Otherwise stated, the fluctuations of A" are of order n~'/% with asymptotic distribution
the Gumbel distribution of type 2. One can check that if x < 1, then 6 = 0.
One can show that, for any fixed p, for Hypothesis 4.1[p, @] to hold, we need o > % — %
and we then obtain that the distance of the extreme eigenvalues of the deformed matrix
is at distance less that n='t® for any o/ > «. Therefore if x > 4/3, this theorem allows
us to deduce that the fluctuations of the extreme eigenvalues of the deformed matrix are
the same as those of the non-deformed matrix.

5.5.2. Coulomb gases with non-convex potentials. In [35], Pastur showed that for a Coulomb
gas law (44) with a potential V' so that the equilibrium measure has a disconnected sup-
port, the central limit theorem does not hold in the sense that the variance may have
different limits according to subsequences (see [35, (3.4)]. Moreover the asymptotics of
vn(Tr(X,) — u(x)) can be computed sometimes and do not lead to a Gaussian limit.
We might expect then that also v/n(G,, () — G,(z)) converges to a non-Gaussian limit,
which would then result with non-Gaussian fluctuations for the eigenvalues outside of the
bulk.
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6. APPENDIX

6.1. Determinant formula. We here state formula (3), which can be deduced from the

A B _
c D ) = det(D) det(A — BD'C).

Lemma 6.1. Let z € C\{\},...,\"} and 0y,...,0, # 0. Set D = diag(0y,...,0,) and

let V be any n x r matriz. Then

det (z — X,, — VDV*) = det(z — X,,) det(D) det (D' = V*(z — X,,)"'V)

well known formula det (

6.2. Concentration estimates.

Proposition 6.2. Under Assumption 1.2, there exists a constant ¢ > 0 so that for any
matriz A := (ai)1<jr<n with complex entries, for any 6 > 0, for any g = (g1, .., gn)"
with i.i.d. entries (g;)1<i<n with law v,
. 2
P ({9, Ag) — El(g, Ag)]| > §) < 4e™*m (&)
if C? = Tr(AA*) and if g is an independent copy of g, for any d,k > 0,

P (](g, Ag)| > (5\/T1"(AA*) + /{\/Tr((AA*)Q)) < 4o~ 4 femcmin{rn®}

Proof.  The first point is due to Hanson-Wright Theorem [24], see also [15, Proposition
4.5]. For the second, we use concentration inequalities, see e.g. [1, Lemma 2.3.3], based

on the remark that for any fixed g, ¢ — (g, Ag) is Lipschitz with constant /(g, AA*g)
and therefore, conditionally to g, for any ¢ > 0,

P (I(g,A§>| > 5m> < 46—052

On the other hand, the previous estimate shows that

P <|<g, AA*G) — Tr(AAY)] > m/Tr(AA*)Q) < gemcmin{rn?}

As a consequence, we deduce the second point of the proposition. 0

Let G" = [gf’f e g}?’] be an n x r matrix which columns g7,...,g", are independent
copies of an n x 1 matrix with i.i.d. entries with law v and define

1 -
‘/;Z:E<gzlvg;b>a 1§2a]§ra
and, for j <i—1,if det[V;"]i 7L, # 0,

o _ dethifliis, with 47 _{ Vi, ifL#£7,
Y det[Vinfil, o —Vii, Hi=7.

On det] k”] =1 = 0, we give to W}, an arbitrary value, say one. Putting W;; = 1 and
Wi =0forj>i+1,itisa standard linear algebra exercise to check that the column
Vectors

v = Z ig; = ith column of Gr(wm™T

are orthogonal in C". Let us 1ntr0duce, for M an r x r matrix, [|M||s = sup;<; j<, | M ;l.
We next prove
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Proposition 6.3. For any vy > 0, there exists finite positive constants ¢, C' (depending on
r) so that for Z™ =V"™ or W™,

P (HZ" —1||oo > n’%’y> <C [674_1@{2 + e’c‘/ﬁ} .

Moreover, with ||v||3 = Y1 |vi|?, for any v € (0,/n(2™" — €) for some € > 0,
<1H<1a<X n”Z 'ng]HQ

Proof. We first consider the case Z" = V". The maximum of [V} — d;;] is controlled by
the previous proposition with A = n='I, and the result follows from TrAA* = n~! and
Tr((AA*)?) = n~3, and choosing 6 = v/v/2, k = /n. The result for W follows as on
|V = 1| < fyn*% <1

> n_§'y> <C [6_47102472 + 46_6\/5} :

. 1
| det[Vility — 1] < 27907z,

whereas
| det[y ] L < 2yn"3,
For the last point, we just notice that since || Y°7_, Z;g7[15 = (ZV Z*);;, we have
< n||2 n __
max || Z I3 <00 max (20 max 20— 1|

for a finite constant C'(r) which only depends on r. Thus the result follows from the
previous point. O

6.3. Central Limit Theorem for quadratic forms.

Theorem 6.4. Let us fix v > 1 and let, for each n, A"(s,t) (1 < s,t < r) be a family
of n X n real (resp. complex) matrices such that for all s,t, A™(t,s) = A"(s,t)* and such
that for all s,t =1,...,r,

e in the i.i.d. model,

1 nr I
ETI‘[A (57 t)A (57 t) ] n—>—o>o Us ) ﬁ ZZI |A (87 S)i,i|2 730 Ws) (48)
e in the orthonormalised model,

2
— W,

n—oo

1 1 1 —
“Tr[|A™(s, 1) — = Tr A™(s. t)]?] — -
ST AM(s,0) - ~ T A5, 0P) — 02 Y

i=1

A"(s,8)i — 1 Tr A" (s, t)
n

(49)

for some finite numbers o, ws (in the case where ky(v) = 0, the part of the hypothesis
related to ws can be removed). For each n, let us define the r X r random matriz

Guim [V ({2, A5 0u) = 1ot (47 (5,9) )|

T

s,t=1
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Then the distribution of G,, converges weakly to the distribution of a real symmetric (resp.
Hermitian) random matriz G = [gs )% =, such that the random variables

{gs¢;1<s<t<r}
(resp. {gss; 1< s <rhU{R(ger); 1 <5 <t <rpU{S(ger); 1<s<t<r})

are independent and for all s, gos ~ N(0,207, + ka(v)ws) (resp. gss ~ N(0,02, +
ks(V)ws)) and for all s #t, goo ~ N(0,03,) (resp. R(gsy), S(gse) ~ N(0,02,/2)).

Remark 6.5. Note that if the matrices A™(s,t) depend on a real parameter x in such a
way that for all s,t, for all z,x' € R,

1
—Tr(A"(s,t)(a:) - An(sat)(x/))z 7 07
n n—00
then it follows directly from Theorem 6.4 and from a second moment computation that

each finite dimensional marginal of the process

1
{\/ﬁ ((u?, A" (s, ) (xsp)uy) — Loy —Tr(A" (s, s)(xss)))}
n 1<s,t<r, zs,tER, Ts,t=Lt,s
converges weakly to the law of a limit process [gstl1<st<r,v.,eR, zs1=2.., Where there is no
dependence in the variables x4, (1 < s,t <r).

Proof. e Let us first consider the model where the (y/nu?);<s<, are i.i.d. vectors with i.i.d.
entries with law v satisfying Assumption 1.2. Note that for all s,t = 1,... 7, by (48),
the sequence % Z? i1 A" (s, t)l2 ; is bounded. Hence up to the extraction of a subsequence,
one can suppose that it converges to a limit 7,; € C. Since the conclusion of the theorem
does not depend on the numbers 7,; and the weak convergence is metrisable, one can
ignore the fact that these convergences are only along a subsequence. In the case where

k4(v) = 0, we can in the same way add the part of the hypothesis related to w;.

We have to prove that for any real symmetric (resp. Hermitian) matrix B := [bs]7 .,
the distribution of Tr(BG,,) converges weakly to the distribution of Tr(BG). Note that
1
Tr(BG,) = —(U;C"U,—TrC"),

vn
where C" is the rn x rn matrix and U, is the rn x 1 random vector defined by
biaA™(1,1) -+ b, A"(1,r) uy

: : , Un=vn|:
b1 AM(r,1) - b, A™(r ) up

T

cn =

In the real (resp. complex) case, let us now apply Theorem 7.1 of [7] in the case K = 1.
It follows that the distribution of

Tr(BGn) = Z bs,an,s,s + Z 2§R(bs,t>§R(Gn,s,t) + 2%(bs,t)%(Gn,s,t>
s=1

1<s<t<r

converges weakly to a centred real Gaussian law with variance

22:1 bis(Qais + Ka(V)ws) + Z1<s<t<r(2bs,t)2‘7§,t in the real case,
- - (72 0'2 .
S, bis(afﬁ + kg (V)ws) + Zl§s<t§r(2%(b5:t))2 St 4 (23(bsy))? =5 in the complex case.

It completes the proof in the i.i.d. model.
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e In the orthonormalised model, we can write u m Zj‘:1 W59, where the
matrix W" is the one introduced in this section. It follows that, with

B(s,1) = A"(s,1) — Te(A"(s,),
by orthonormalization of the u}’s
i (A0 -
= Vn{uf, B"(s,t)uf)

n
= ; WaW i —=(gi, B"(s,t)g;)-
|| Zz 1 sngH || Zz— VVt?gl||2 312:1 Y \/_ ’

But, by the previous result, if ¢ # j,

A (s.0) )

1
%@i, B(s,1)g;)
converges in distribution to a Gaussian law, whereas if i = 7,
1
= iaB at 7
\/ﬁ<g (s,)9:)

1 Tr(A(s,t))

=7 ((gi, A(s, ) 9i) — E[{gi, A(s,t)91)]) + NG ((9i, 9:) — El(g:, 9:)])

where both terms converge to a Gaussian. Thus this term is also bounded as n goes to
infinity.

Hence, by Proposition 6.3, we may and shall replace W" by the identity (since the error
term would be of order at most n’%“), which yields

n n n -1
Vn(uy, B"(s,t)u) & v/n (gs, B(s, t)g)
so that we are back to the previous setting with B instead of A. ([l

Acknowledgments: We are very grateful to B. Schlein for communicating us Lemma
5.5. We also thank G. Ben Arous and J. Baik for fruitful discussions. We also thank the
referee, who pointed some vagueness in the first version of the paper.

REFERENCES

[1] G. Anderson, A. Guionnet, O. Zeitouni An Introduction to Random Matrices. Cambridge studies in
advanced mathematics, 118 (2009).MR2760897

[2] Z. D. Bai, J. W. Silverstein No eigenvalues outside the suppport of the limiting spectral distribution
of large dimensional random matrices Annals of Probability 26(1) (1998), pp. 316-345.MR 1617051

[3] Z. D. Bai, J. W. Silverstein CLT of linear spectral statistics of large dimensional sample covariance
matrices Annals of Probability Vol. 32(1A) (2004), 553-605.MR2040792

[4] Z. D. Bai, J. W. Silverstein Spectral analysis of large dimensional random matrices, Second Edition,
Springer, New York, 2009.MR2567175

[5] Z. D. Bai, J. F. Yao On the convergence of the spectral empirical process of Wigner matrices,
Bernoulli, Vol. 11, No. 6 (2005), 1059-1092.MR2189081

[6] Z. D. Bai, Y. Q. Yin Necessary and sufficient conditions for almost sure convergence of the largest
eigenvalue of a Wigner matriz, Ann. Probab.16 (1988) 1729-1741.MR2451053

[7] Z. D. Bai, J.-F. Yao Central limit theorems for eigenvalues in a spiked population model, Ann.
I.H.P.-Prob. et Stat. Vol. 44 No. 3 (2008), 447-474.MR2451053


http://www.ams.org/mathscinet-getitem?mr=2760897
http://www.ams.org/mathscinet-getitem?mr=1617051
http://www.ams.org/mathscinet-getitem?mr=2040792
http://www.ams.org/mathscinet-getitem?mr=2567175
http://www.ams.org/mathscinet-getitem?mr=2189081
http://www.ams.org/mathscinet-getitem?mr=2451053
http://www.ams.org/mathscinet-getitem?mr=2451053

8]
[9]
[10]

[11]

hal-00505497, version 5 - 2 Sep 2011

EXTREME EIGENVALUES OF DEFORMED RANDOM MATRICES 39

Z. D. Bai, X. Wang and W. Zhou CLT for linear spectral statistics of Wigner matrices, Electron.
J. Probab. 14 (2009) 2391-2417.MR2556016

J. Baik, G. Ben Arous and S. Péché Phase transition of the largest eigenvalue for nonnull complex
sample covariance matrices, Ann. Prob. 33 (2005) 1643-1697.MR2165575

F. Benaych-Georges, R. N. Rao. The eigenvalues and eigenvectors of finite, low rank perturbations
of large random matrices. Adv. Math. 227 (2011), no. 1, 494-521. MR2782201

F. Benaych-Georges, A. Guionnet and M. Maida Large deviations of extreme eigenvalues of fi-
nite rank deformations of deterministic matrices To appear in Prob. Th. and Rel. Fields (2011)
(arXiv:1009.0135)

M. Capitaine, C. Donati-Martin, D. Féral The largest eigenvalues of finite rank deformation of large
Wigner matrices: convergence and nonuniversality of the fluctuations Ann. Probab. 37 (2009)1-
47.MR2489158

M. Capitaine, C. Donati-Martin, D. Féral Central limit theorems for eigenvalues of deformations of
Wigner matrices. To appear in Ann. Inst. H. Poincaré Probab. Statist. (2011)

P. Deift and D. Gioev Universality at the edge of the spectrum for unitary, orthogonal, and symplectic
ensembles of random matrices, Comm. Pure Appl. Math. 60 (2007) 867-910.MR2306224

L. Erdds, B. Schlein, H.T. Yau Wegner estimate and level repulsion for Wigner random matrices,
Int. Math. Res. Not., 436-479 (2010).MR2587574

L. Erdos, H.T. Yau and J. Yin Bulk universality for generalized Wigner matrices (arxiv 1001.3453)
L. Erdos, B. Schlein, H.T. Yau and J. Yin The local relaxation flow approach to universality of the
local statistics for random matrices To appear in Ann. Inst. H. Poincaré Probab. Statist. (2011)

D. Féral and S. Péché The largest eigenvalue of rank one deformation of large Wigner matrices
Comm. Math. Phys. 272 (2007)185-228. MR2291807

D. Féral and S. Péché The largest eigenvalues of sample covariance matrices for a spiked population:
diagonal case. J. Math. Phys. 50 (2009), no. 7.MR2548630

P. Forrester. The spectrum edge of random matriz ensembles, Nuclear Phys. B 402 (1993)709-728.
MR1236195

A. Guionnet Large deviations upper bounds and central limit theorems for band matrices and non-
commutative functionals of Gaussian large randommatrices, Ann. Inst. H. Poincaré Probab. Statist.,
38(2002) 341-384. MR 1899457

A. Guionnet Large random matrices: lectures on macroscopic asymptotics, Springer-Verlag
(2009)MR 2498298

A. Guionnet and E. Maurel-Segala Combinatorial aspects of matriz models ALEA Lat. Am. J.
Probab. Math. Stat. 1,(2006)241-279. MR2249657

D. L. Hanson and F. T. Wright A bound on tail probabilities for quadratic forms in independent
random variables, Ann. Math. Statist., 42, (1971) 1079-1083.MR0279864

J. Galambos The Asymptotic Theory of Extreme Order Statistics Wiley, (1978).MR0455075

E. J. Gumbel Statistics of extremes Columbia University Press, (1958).MR0096342

A. Intarapanich, P. Shaw, A. Assawamakin, P. Wangkumhang, C. Ngamphiw, K. Chaichoompu,
J. Piriyapongsa and S.Tongsima [terative pruning PCA improves resolution of highly structured
populations http://www.biomedcentral.com/1471-2105/10/382

K. Johansson On fluctuations of eigenvalues of random Hermitian matrices Duke Math. J.91 (1998)
151-204. MR0096342

S. Kritchman and B. Nadler, Non-parametric detection of the number of signals: hypothesis testing
and random matriz theory IEEE Transactions on Signal Processing 57(2009)3930-3941.MR2683143
A. Lytova, L. A. Pastur. Central limit theorem for linear eigenvalue statistics of random matrices
with independent entries. Ann. Probab. 37(2009) 1778-1840.MR2561434

C. Male. Norm of polynomials in large random and deterministic matrices To appear in Prob. Th.
and Rel. Fields (2011)

V. A. Marcenko, L. A. Pastur. Distribution of eigenvalues in certain sets of random matrices. Mat.
Sb. (N.S.), 72 (114):507-536, 1967. MR0208649

T. Nagao, Taro and M. Wadati. Correlation functions of random matrixz ensembles related to classical
orthogonal polynomials. III, J. Phys. Soc. Japan, 61 (1992) 1910-1918. MR1177976

N. Patterson, A. Price and D. Reich Population Structure and FEigenanalysis
http://www.plosgenetics.org/article/info:doi/10.1371/journal.pgen.0020190


http://www.ams.org/mathscinet-getitem?mr=2556016
http://www.ams.org/mathscinet-getitem?mr=2165575
http://www.ams.org/mathscinet-getitem?mr=2782201
http://www.ams.org/mathscinet-getitem?mr=2489158
http://www.ams.org/mathscinet-getitem?mr=2306224
http://www.ams.org/mathscinet-getitem?mr=2587574
http://www.ams.org/mathscinet-getitem?mr=2291807
http://www.ams.org/mathscinet-getitem?mr=2548630
http://www.ams.org/mathscinet-getitem?mr=1236195
http://www.ams.org/mathscinet-getitem?mr=1899457
http://www.ams.org/mathscinet-getitem?mr=2498298
http://www.ams.org/mathscinet-getitem?mr=2249657
http://www.ams.org/mathscinet-getitem?mr=0279864
http://www.ams.org/mathscinet-getitem?mr=0455075
http://www.ams.org/mathscinet-getitem?mr=0096342
http://www.ams.org/mathscinet-getitem?mr=0096342
http://www.ams.org/mathscinet-getitem?mr=2683143
http://www.ams.org/mathscinet-getitem?mr=2561434
http://www.ams.org/mathscinet-getitem?mr=0208649
http://www.ams.org/mathscinet-getitem?mr=1177976

40
[35]
[36]
[37]
[38]

[39]

hal-00505497, version 5 - 2 Sep 2011

F. BENAYCH-GEORGES, A. GUIONNET, M. MAIDA

L. Pastur Limiting laws of linear eigenvalue statistics for Hermitian matriz models. J. Math. Phys.
47 no. 10, 103303, 2006.MR2268864

S. Péché. The largest eigenvalue of small rank perturbations of Hermitian random matrices. Probab.
Theory Related Fields, 134, (2006) 127-173.MR2221787

S. Péché. Universality results for the largest eigenvalues of some sample covariance matrix ensembles
Probab. Theory Related Fields 143 481-516, 2009. MR2475670

F. Perra, R. Garello and M. Spirito Probability of Missed Detection in Figenvalue Ratio Spectrum
Sensing http://www.computer.org/portal/web/csdl/doi/10.1109/WiMob.2009.29

A. Ruzmaikina Universality of the edge distribution of eigenvalues of Wigner random matrices with
polynomially decaying distributions of entries Comm. Math. Phys. 261 (2006)277-296.MR2191882

B. Schlein, private communication (2010)

A. Soshnikov Universality at the edge of the spectrum in Wigner random matrices Comm. Math.
Phys. 207 (1999) 697-733. MR1727234

T. Tao and V. Vu Random Matrices: Universality of local eigenvalue statistics up to the edge. Comm.
Math. Phys. 298 (2010), no. 2, 549-572. MR2669449

T. Tao and V. Vu Random Matrices: Localization of the eigenvalues and the necessity of four mo-
ments (arxiv: 1005.2901)

C. Tracy, H. Widom, Level spacing distribution and Airy kernel, Commun. Math. Phys. 159 (1994)
151-174.MR 1257246

C. Tracy and H. Widom, On orthogonal and symplectic matrixz ensembles, Commun. Math. Phys.
177(1996), 727-754.MR 1385083

D. Wang The largest sample eigenvalue distribution in the rank 1 quaternionic spiked model of
Wishart ensemble, Ann. Probab. 37(2009) 1273-1328. MR2546746

M. Shcherbina Edge universality for orthogonal ensembles of random matrices, J. Stat. Phys.,
136(2009), 35-50.MR2525225


http://www.ams.org/mathscinet-getitem?mr=2268864
http://www.ams.org/mathscinet-getitem?mr=2221787
http://www.ams.org/mathscinet-getitem?mr=2475670
http://www.ams.org/mathscinet-getitem?mr=2191882
http://www.ams.org/mathscinet-getitem?mr=1727234
http://www.ams.org/mathscinet-getitem?mr=2669449
http://www.ams.org/mathscinet-getitem?mr=1257246
http://www.ams.org/mathscinet-getitem?mr=1385083
http://www.ams.org/mathscinet-getitem?mr=2546746
http://www.ams.org/mathscinet-getitem?mr=2525225

	1. Introduction
	2. Almost sure convergence of the extreme eigenvalues
	3. Fluctuations of the eigenvalues away from the bulk
	4. The sticking eigenvalues
	5. Application to classical models of matrices
	6. Appendix
	References

