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TIME DEPENDENT HESTON MODEL

E. BENHAMOU®, E. GOBET !, AND M. MIRI #

Abstract. The use of the Heston model is still challenging because it has a closed formula only when
the parameters are constant [Hes93] or piecewise constant [MNO3]. Hence, using a small volatility of
volatility expansion and Malliavin calculus techniques, we derive an accurate analytical formula for the
price of vanilla options for any time dependent Heston model (the accuracy is less than a few bps for
various strikes and maturities). In addition, we establish tight error estimates. The advantage of this
approach over Fourier based methods is its rapidity (gain by a factor 100 or more), while maintaining a
competitive accuracy. From the approximative formula, we also derive some corollaries related first to
equivalent Heston models (extending some work of Piterbarg on stochastic volatility models [Pit05b]) and
second, to the calibration procedure in terms of ill-posed problems.
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1. Introduction. Stochastic volatility modeling has emerged in the late nineties
as a way to manage the smile. In this work, we focus on the Heston model which
is a lognormal model where the square of volatility follows a CIR! process. The call
(and put) price has a closed formula in this model thanks to a Fourier inversion of
the characteristic function (see Heston [Hes93], Lewis [Lew00] and Lipton [Lip02]).
When the parameters are piecewise constant, one can still derive a recursive closed
formula using a PDE method (see Mikhailov and Nogel [MNO3]) or a Markov argu-
ment in combination with affine models (see Elices [Eli08]), but formula evaluation
becomes increasingly time consuming. However, for general time dependent pa-
rameters there is no analytical formula and one usually has to perform Monte Carlo
simulations. This explains the interest of recent works for designing more efficient
Monte Carlo simulations: see Broadie and Kaya [BKO6] for an exact simulation and
bias-free scheme based on Fourier integral inversion; see Andersen [And08] based
on a Gaussian moment matching method and a user friendly algorithm; see Smith
[Smi08] relying on an almost exact scheme; see Alfonsi [Alf08] using higher order
schemes and a recursive method for the CIR process. For numerical partial differen-
tial equations, we refer the reader to Kluge’s doctoral dissertation [Klu02].

Comparison with the literature. A more recent trend in the quantitative liter-
ature has been the use of the so called approximation method to derive analytical
formulae. This has led to an impressive number of papers, with many original ideas.
For instance, Alos et al. [ALV07] have been studying the short time behavior of im-
plied volatility for stochastic volatility using an extension of It6’s formula. Another
trend has focused on analytical techniques to derive the asymptotic expansion of the
implied volatility near expiry (see for instance Berestycki et al. [BBF04], [Lab05],
Hagan et al. [HKLWO02], Lewis [Lew(07], Osajima [Osa07] or Forde [For08]). But in
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these works the implied volatility near expiry does not have a closed formula because
the related geodesic distance is not explicit. It can, however, be approximated by a
series expansion [Lew07]. The drawback to these methods is their inability to handle
non-homogeneous (that is to say time dependent) parameters. For long maturities,
another approach has been the asymptotic expansion w.r.t. the mean reversion pa-
rameter of the volatility as shown in [FPS00]. In the case of zero correlation, averaging
techniques as exposed in [Pit05b] and [Pit05a] can be used. Antonelli and Scarlatti
take another view in [AS09] and have suggested price expansion w.r.t. correlation.
For all of these techniques, the domain of availability of the expansion is restricted to
either short or long maturities, to zero correlation, or to homogeneous parameters.
In our work, we aim to give an analytical formula which covers both short and long
maturities, that also handles time inhomogeneous parameters as well as non-null
correlations. As a difference with several previously quoted papers, our purpose
consists also of justifying mathematically our approximation.

The results closest to ours are probably those based on an expansion w.r.t. the
volatility of volatility by Lewis [Lew00]: it is based on formal analytical arguments
and is restricted to constant parameters. Our formula can be viewed as an extension
of Lewis’ formula in order to address a time dependent Heston model, using a direct
probabilistic approach. In addition, we prove an error estimate which shows that
our approximation formula for call/put is of order 2 w.r.t. the volatility of volatility.
The advantage of this current approximation is that the evaluation is about 100 to
1000 times quicker than a Fourier based method (see our numerical tests).

Comparison with our previous works [BGM09b] and [BGM09a]. Our approach
here consists of expanding the price w.r.t. the volatility of volatility, and of computing
the correction terms using Malliavin calculus. In these respects, the current approach
is similar to our previous works [BGM09b] and [BGM09a], however, the techniques
for estimating error are different. Indeed, we use the fact that the price of vanilla
options can be expressed as an expectation of a smooth price function for stochastic
volatility models. This is based on a conditioning argument as in [RT96]. Conse-
quently, the smoothness hypotheses (Hy, H», H3) of our previous papers are no longer
required. Note also that the square root function arising in the martingale part of the
CIR process is not Lipschitz continuous. Hence, the Heston model does not fit the
smoothness framework previously used. Therefore, to overcome this difficulty, we
derive new technical results in order to prove the accuracy of the formula.

Contribution of the paper. We give an explicit analytical formula for the price
of vanilla options in a time dependent Heston model. Our approach is based on an
expansion w.r.t. a small volatility of volatility. This is practically justified by the fact
that this parameter is usually quite small (of order 1 or less, see [Lew00] or [BK06]
for instance). The resulting formula is the sum of two terms: the leading term is the
Black-Scholes price for the model without volatility of volatility while the correction
term is a combination of Greeks of the leading term with explicit weights depending
only on the model parameters. Proving the accuracy of the expansion is far from
straightforward, but with some technicalities and a relevant analysis of error, we
succeed in giving tight error estimates. Our expansion enables us to obtain averaged
parameters for the dynamic Heston model.

Formulation of the problem. We consider the solution of the stochastic differen-
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tial equation (SDE):

dX; = \oidW; — %dt, X = X0, 1.1)

do; = k(0 —vp)dt + & VordBy, v, (1.2)
d(W,B); = pidt,

where (B;, Wi)o<i<T is a two-dimensional correlated Brownian motion on a filtered
probability space (3, F, (F1)o<i<T, P) with the usual assumptions on filtration (% )o<¢<T-
In our setting, (X;); is the log of the forward price and (v;); is the square of the volatility
which follows a CIR process with an initial value vy > 0, a positive mean reversion x,
a positive long-term level (6;);, a positive volatility of volatility (&); and a correlation
(pt)t- These time dependent parameters are assumed to be measurable and bounded
on [0,T].

To develop our approximation method, we will examine the following perturbed
process w.r.t. € € [0,1]:

ve
dXs = \Jorawi- S, XS =10,
Aot = k(0 — v)dt + €&, \/;det, o =g, (1.3)

so that our perturbed process coincides with the initial one fore =1: th =X, v} =0t

For the existence of the solution v¢, we refer to Chapter IX in [RY99] (moreover, the
process is non-negative for k0; > 0, see also the proof of Lemma 4.2). Our main
purpose is to give an accurate analytic approximation, in a certain sense, of the
expected payoff of a put option :

g(e) _ e_fOTrtdtlE[(K_eLT(r,—q,)dt+X§)+] (14)

where r (resp. q) is the risk-free rate (resp. the dividend yield), T is the maturity and
€ = 1. Extensions to call options and other payoffs are discussed later.

Outline of the paper. In Section 2, we explain the methodology of the small
volatility of volatility expansion. An approximation formula is then derived in The-
orem 2.3 and its accuracy stated in Theorem 2.4. This section ends by explicitly
expressing the formula’s coefficients for general time dependent parameters (con-
stant, smooth and piecewise constant). Our expansion allows us to give equivalent
constant parameters for the time dependent Heston model (see Subsection 2.6). As a
second corollary, the options calibration for Heston’s model using only one maturity
becomes an ill-posed problem; we give numerical results to confirm this situation.
In section 3, we provide numerical tests to benchmark our formula with the closed
formula in the case of constant and piecewise constant parameters. In Section 4,
we prove the accuracy of the approximation stated in Theorem 2.4: this section is
the technical core of the paper. In Section 5, we establish lemmas used to make the
calculation of the correction terms explicit (those derived in Theorem 2.3). In Section
6, we conclude this work and give a few extensions. In the appendix, we recall
details about the closed formula (of Heston [Hes93] and Lewis [Lew00]) in the case
of constant (and piecewise constant) parameters.

2. Smart Taylor expansion.
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2.1. Notations. Notartion 2.1. Extremes of deterministic functions.
For a cadlag function I : [0,T] — R, we denote I,y = infiepo )1t and lsyy = SUPef0.T] L.
Nortation 2.2. Differentiation.
(i) For a smooth function x — I(x), we denote by 19)(x) its i-th derivative.
(ii) Given a fixed time t and for a function € — ff, we denote (if it has a meaning) the
it" derivative at e =0 by f;; = % le=0-
2.2. Definitions. In order to make the approximation explicit, we introduce the
following family of operators indexed by maturity T.
DeriniTION 2.1. Integral Operator. We define the integral operator w
(i) For any real number k and any integrable function I, we set

.

-

%) as follows:

T
ol = f &L, du, Vt €[0,T].
! t

(ii) For any real numbers (k1,--- k) and for any integrable functions (I1,--- ,1I,), the
n-times iteration is given by

(ko 19), (kn,In)
T )

k1,1
e ) _ ) A, ,Vte[0,T].

(iii) When the functions (Iy,--- 1) are equal to the unity constant function 1, we simply
write

~k1/“‘/kn — (k],l),‘“,(kn,l)
@7 =Wt , Vte[0,T].

2.3. Aboutthe CIR process. Assumptions. Inorder tobound the approximation
errors, we need a positivity assumption for the CIR process.
Assumption (P). The parameters of the CIR process (1.2) verify the following
conditions:

2x0
Emf >0, (?)Inf 21

This assumption is crucial to ensure the positivity of the process on [0,T], which is
stated in detail in Lemma 4.2 (remember that vy > 0). We have

P(Vte[0,T]: vy >0)=1.

When the functions 0 and & are constant, Assumption (P) coincides with the usual
Feller test condition 2;—29 > 1 (see [KS88]).

Note that the above assumption ensures that the positivity property also holds
for the perturbed CIR process (1.3): for any € € [0,1], we have

P(Vte[0,T]: v; >0)=1

(see Lemma 4.2). We also need a uniform bound of the correlation in order to preserve
the non degeneracy of the SDE (1.1) conditionally on (Bt)o<t<T-
Assumption (R). The correlation is bounded away from -1 and +1:

|P|Sup <1
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2.4. Taylor Development. In this paragraph, we present the main steps leading
to our results. Complete proofs are given later.
If (FP); denotes the filtration generated by the Brownian motion B, the distribu-

tion of X, conditionally to 7 B is a Gaussian distribution with mean xo+ fo Pt A[vEdBi—

5 fo v{dt and variance fo 1-p; )vedt (e €[0,1]). Therefore, the function (1.4) can be

expressed as follows:

T T p2 T
g(e) = E[Pps(xo + f pf\/;det— f —Loedt, f (1-p?)osdh)], (2.1)
0 0o 2 0

where the function (x, y) — Pps(x, v) is the put function price in a Black-Scholes model

with spot ¢*, strike K, total variance y, risk-free rate re; = fo , dividend yield
T
Geq = b qT(t)dt and maturity T. For the sake of completeness, we recall that Pps(x, v)
has the following explicit expression
1 Ke7aT 1 1 Ke"eT
—Teq T L - _ X, T Il _Z
Ke T N Wlog(exe_qeﬂ)+2 \/37) e N( \/371 8T \/_)

In the following, we expand Pgs(.,.) with respect to its two arguments. For this, we
note that Ppg is a smooth function (for y > 0). In addition, there is a simple relation
between its partial derivatives:

IPgs . 1 6°Pgs
oy Y= o

P
()= =52 @y), YreRYy>0, 2.2)

which can be proved easily by a standard calculation left to the reader.
Under assumption (P), for any ¢, v{ is C? w.rt € at € = 0 (differentiation in L,-sense).
This result will be shown later. In addition, ¢ does not vanish (for any € € [0,1]).

i€

Hence, by putting o7, = 5 we get
i,
dovf, = —xvf  dt + & [vSdBs + €& ——dB; v .=0
1t 1t t ’ 1,0 =Y
2\Jv;
vl &y Y 2
dog , = —«0v5 ,dt + &———=dB; + €& ——=dB; —€&; 7dB v5,=0.

[ 5]3/2

€ €
VY 20§
19] 6
From the definitions v;; = =~ —+|e=0, we easily deduce

¢
vo, = e (vo+ f xe™* B5ds),
0

vpp=e ™ f &5 \[00,+dBs, (2.3)
U2t :E_th E’Ksés ldBS (24)
0 (UOS)i

Note that vp; coincides also with the expected variance [E(v;) because of the linearity
of the drift coefficient of (v;);. Now, to expand g(e€), we use the Taylor formula twice,
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first applied to € — v§ and \/v—f at € = 1 using derivatives computed at € = 0:

1_ (%]
'Ut —'U(),t+'()],t+7+'“,

’ U1t (%3 1t
1_ 7! 4 7
Ut = Vvolt-f- T + - +---,

1 1 3
2(v0,)2  4(vor)2  8(vor)2
secondly for the smooth function Pgg at the second order w.r.t. the first and second

variable around (xg + fo Pt \[vodB; — fo - vo «dt, fo 1- pf)vo ¢dt). For convenience,
we simply write

T
Ppgs =PBS(x0+f pt \vodBs — _UOtdtf (1 - pP)vg,dt), (2.5)

ai+jpBS aH]PBS
oxtyl  oxlyl

o [ oo [ Daas [0 gonan

Then, one gets

¢(1) =E[Pgs] 2.6)
91’35 Uyt
+E[—= - d + ——)d#)] (2.7
(f 2<v0tz " 400} 8<v0t>z f 20wt @)
B 220 f (1 Do+ 2 2.8
1 921335 (41 T p? 2
— dB; — —ouq4d .
+21E[ e[ prrrani= | oty 9)
ap BS( f (1 - pPyoy ,dt)?] (2.10)
92 PBs ) U1 T p?
m 22 [ - pnsan [ pryetyanie [ o 1)
& 2.12)

where & is the error in our Taylor expansion. In fact, we notice that:

N T T, ¢t T _2apl
E[Pps] =]E[]E[e‘f0 ’fdt(K—eonrfO (ri—qi——2)dt+ [ Bo,(prdBy+ | 1-p2dB; ))+|775]]
T
= PBS(XO/f Vo ¢dt),
0
where B* is a Brownian motion independent on 7"7?. Furthermore, the relation (2.2)
remains the same for Ppg and this enables us to simplify the expansion above. This

gives:
ProrosiTion 2.2. The approximation (2.12) is equivalent to

v1 ()2 +E.

T dPgs
s =Pastas, [ w0, + B2 [ on, om0
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The details of the proof are given in Subsection 5.2. At first sight, the above formula
looks like a Taylor formula of Pgs w.r.t. the cumulated variance. In fact, it is different,
note that the coefficient of v, s isnot 1/2 but 1. We do not have any direct interpretation
of this formula.

The next step consists of making explicit the correction terms as a combination
of Greeks of the BS price.

Tueorewm 2.3. Under assumptions (P) and (R), the put? price is approximated by

2 .
B T T _ 1 al+1P
e~ b B[(K - eh (mmdieXy) ) =PBS(XO/'UW’T)+Z”1',T7& > (xo,varr)
i=1 rYy
1 .
321+2P
+ Z bzilTles(Xo,Um’T) + 8, (2.13)
— ax?y
=0
where
T
-x,1 ,0€00,),(0,08),(—x,1
vary = f wudt,  ayp = SO, ay = SPEIOPDED),
0 , ,
(@x,820,),(—x,1),(~x,1) a r
K,c70g )A\—K,1)(—K, ’
bO,T = wO,T o ’ bZ,T = 5 -

The proof is postponed to Subsection 5.3. Finally, we give an estimate regarding the
error & arising in the above theorem.

TueorEM 2.4. Under assumptions (P) and (R), the error in the approximation (2.13) is
estimated as follows:

&=0([&sup VTP VT).

In view of Theorem 2.4, we may refer to the formula (2.13) as a second order
approximation formula w.r.t. the volatility of volatility.

2.5. Computation of coefficients.

Constant parameters. The case of constant parameters (0, ¢, p) gives us the co-
efficients a and b explicitly. Indeed in this case, the operator w is a simple iterated
integration of exponential functions. Using Mathematica, we derive the following
explicit expressions.

ProrosrtioN 2.5. Explicit computations. For constant parameters, one has:

varr =moyvg +m1 0, a1, =p&(povo +p10),

a2, =(pE)*(q0v0 + 410), bo,r =&(rovp +110).

2The approximation formula for the call price is obtained using the call/put parity relation: in (2.13),
it consists of replacing on the Lh.s. the put payoff by the call one, and on the r.h.s., the put price function
Pps by the similar call price function, while coefficients remain the same.
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where
e_KT _1 + eKT e_KT —1 + eKT
" K
KT (—KT +o<T — 1) e T (KT +e (kT -2) + 2)
po= 2 ’ P1= K2 '
o<T (—KT(KT +2)+ 25T - 2) e T (26KT(KT =3)+«xT(xT+4)+ 6)
qo = 243 om= 2x3 ’
e 2T (—4e"TKT + 20T - 2) e 2T (4T (kT +1) + T (2kT - 5) +1)
1"0 = 7 r1 = ’
43 4

ReMARK 2.1. In the case of constant parameters (0,&,p), we retrieve the usual Heston
model. In this particular case, our expansion coincides exactly with Lewis” volatility of
volatility series expansion (see Equation (3.4), page 84 in [Lew00] for Lewis’ expansion
formula and page 93 in [Lew00] for the explicit calculation of the coefficients J%) with ¢ = 3).
Using his notation, we have ayr = |V, ayr = J@ and by = J©®.

Smooth parameters. In this case, we may use a Gauss-Legendre quadrature
formula for the computation of the terms a and b.

Piecewise constant parameters. The computation of the variance varr is straight-
forward. Thus, it remains to provide explicit expressions of a and b as a function of
the piecewise constant data. Let To =0<T; <--- < T, = T such that 0, p, £ are constant

on each interval |T;, T;41[ and are equal respectively to Or,,, pr,,,,&71,,, - Before giving
(,p&0p,.)
0t ’

i+1°
the recursive relation, we need to introduce the following functions: @1; =

(@x,E%0,) (k,p&vg, ) 0,p8) , w(2k,5200,.)/(—1<,1)

Q)Z,t = wo/t 7 at = a)O,f 7 ﬁt - O,f

ProrosiTION 2.6. Recursive calculations. For piecewise constant coefficients, one
has:

0V T,y = 0T, + OTS7 O1T, + Py €T figr, (0T Tis Tisn),
o,y =021, + ' AT+ pT, €T @%_TK]H o, + (P10 E100) 2 f, 5,1;01]_ O71,,,,Ti, Tix1),
bo,r;,, =bo, + C‘N)ETTM pr; + CD;:TT_,: @a,1; + é%mf’gvo/n (O1,1, Tiy Tia),
ar,, = a1, +p1,,, 1, (Tit = T@1T, + T 5?%”1811@%11, (01,1, Ti, Tiva),
Bty = B1, +Ory, D21, + SZTM&Z(,UO/T[ (01, Ti, Tiva),
11, = OUT, + PTopy 5T,-+1h11<,vo/Ti 01,1, T3, Tiv1),

N s 2 12 T
a)Z,T,'Jr] - a)Z,T,' + éTi+l hKrvO,T]- (GTH] 7 Tll Tl+1 )/

00,Tiq = fK(TM_Tj)(UO,Ti - 6Ti+1) + 6Ti+1/
where
0 e 26T (24 (0—200)+e2<T ((—2xt+2xT—5)0+200)+4eX* D (=xt+xT+1)0+x(t-T)vp) )
K,00 (6/ £ T) = 3 ’
e T (¥ T (=it +xT—2)0+v0 )™ (ki —k T—2)O—kctvg +x Tvg+1vp)
f;g,vg(el t, T) — ( 0 — 0 0770 ),
> e (+3D) (2eXU+3T) (1(T—-H)~3) 0+ ) +e2 D (e (1 (t—T)-4)(t—T)+6) 0 —(x(x(t—T)-2) (t-T) +2)vg) )
K‘()()(G/t/T): 23 ,
1 K

2e5T 9-rert (12 (t—T)2vo - (1c(1c(t—=T)—2)(t—=T)+2) 60
gL (6,,T) = (e Do te ),
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e T (2T -2 (0-200)+2e*(*+D (1(t—T)(0—vy ) —vp))

§2.4,(0,4,T) = = :
Kl (0,1,T) = T O+t ((kt—kT—1)0+1(T—H)vy)
K,00 7ty -

K
ekt _okT ekt(9_2v )_eKTQ
I (0,1,T) = L N2 0),

t T Tu(_ _ tu
and @(T) = =222 G0H(T) = S DEDe. () =

Proof. According to Theorem 2.3, one has :

7

(etu _eTu)2

2u2

T (-x1) T (-x1)
— K —-K, K -K,
01,Tig _j(; e ptéfvo/twt,Tm dt+j; € ptétve/twt,ﬂu dt

1

T (-x1) T (-x1)
K - K, K —Ky
=a1/Ti+f e p,étvo,thiTi+ldt+f e pf‘gfvo'fa)tml dt
0 ’ T; ’

1

T; T;
—ay 7.+l Y ot Ervg pdt + . e i vp 10 Y dt
=m,TtWr 1 . PtetVot ptetVo@y 7.

i

— ~—K ~ 1 . LT
=11, + O, OUT, + PT;1 €Ty fK,pO/Ti (0is1,Ti, Tiz1),

where the functions f%,vo and @~* are calculated analytically using Mathematica. The
other terms are calculated analogously. a

2.6. Corollaries of the approximation formula (2.13).

Averaging Heston's model parameters. We derive a first corollary of the approx-
imation formula in terms of equivalent Heston models. As explained in [Pit05b],
this averaging principle may facilitate efficient calibration. Namely, we search for
equivalent constant parameters &, 0, &, p for the Heston model®

X, = \odW, — %dt,Xo = xo,

doy = ﬁ(ét —Op)dt+ E \/Z_)—tdBt,Z_)o =0,
d(W,B); = pdt,

that equalize the price of call/put options maturing at T in the time dependent model
(equality up to the approximation error &). The following rules give the equivalent
parameters as a function of the variance varr and the coefficients a; 1, ax 1, bo,r that
are computed in the time dependent model. Results are expressed using

a,;rim b= ai,rm

S Nl S - _ P1 Ui
miqo —modq1 ’

-—————, c=vary( - ),
mipo — mop1 mipo —mop1  mMigo — Moqi

where mg,m1,po,p1,90,91, %0 and rq are given in Proposition 2.5.

Averaging rule in the case of zero correlation. If p; =0, the equivalent constant
parameters (for maturity T) are

B - varr—movy - bo,r _
gf=x, O=———, &=,————=, p=0.
mq 1000 +1’16

3In this approach, we leave the initial value 9 equal to vy. Indeed, it is not natural to modify its value
since it is not a parameter, but rather an unobserved factor.
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Proof. Two sets of prices coincide at maturity T if they have the same approxima-
tion formula (2.13). In this case a1 1 = ay, 1 = by, 7 = 0, thus the approximation formula
depends only on two quantities varr and bgr. It is quite clear that there is not a
single choice of parameters to fit these two quantities. A simple solution results from
the choice of © = x and p = 0: then, using Proposition 2.5, we obtain the announced
parameters 0 and &. O

ReMARK 2.2. In this case of zero correlation and 6 = vy = 6, we exactly retrieve Piterbarg’s
results for the averaged volatility of volatility & ( see [Pit05b]).

Averaging rule in the case of non zero correlation. We follow the same argu-
ments as before. Now the approximation formula also depends on the four quantities
varr, a1,1, a2,r and by r. Thus, equalizing call/put prices at maturity T is equivalent
to equalizing these four quantities in both models, by adjusting %,6,& and p. Un-
fortunately, we have not found a closed expression for these equivalent parameters.
An alternative and simpler way of proceeding consists of modifying the unobserved
initial value 7y of the variance process while keeping & = k. For non-vanishing
correlation (py);, it leads to two possibilities

v‘ —b(bi Vb2 — 4ac) ___proarr g vart — movy
0 2a mypo —mop1’ my

£o Lo oo 28
rovp+116’ P E(b+ V2 —dac)

In practice, only one solution gives realistic parameters. However, this rule is heuris-
tic since there is a priori no guarantee that these averaged parameters satisfy the
assumption (P), which is the basis for the arguments correctness.

Proof. Using Proposition 2.5, one has to solve the following system of equations

vary =modo +m10, a1,r =p&(poto +p10),

ay,r =(p€)*(q0%0 + 710), bo,r =& (ro%0 +110).
The first equation gives 6 = % Replacing this identity in a; r and a1 gives

art _ qroarr mq
(P&?  my “gomi—qumgy’

al_,T _ plvarT mq
(p&)  my pomy—pimg’

0o =(

0o =(

It readily leads to a quadratic equation ax? + bx +¢ = 0 with x = %. By solving this

Bl

equation, we easily complete the proof of the result. a

Collinearity effect in the Heston model. Another corollary of the approximation
formula (2.13) is that we can obtain the same vanilla prices at time T with different
sets of parameters. For instance, take on the one hand vy = 6 = 4%, ¥1 =2 and &; =30%
(model M7) and on the other hand vy = 6 = 4%, x; = 3 and &; = 38.042% (model M),
both models having zero correlation. The resulting error between implied volatilities
within the two models are presented in Table 2.1: they are so small that prices can
be considered as equal. Actually, this kind of example is easy to create even with
non-null correlation: as before, in view of the approximation formula (2.13), it is
sufficient to equalize the four quantities varr, a;,, ap 7 and by 1.

As a consequence, calibrating a Heston model using options with a single matu-
rity is an ill-posed problem, which is not a surprising fact.
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TaBLE 2.1
Error in implied Black-Scholes volatilities (in bp) between the closed formulas (see appendix) of the two models
M and M expressed as relative strikes. Maturity is equal to one year.

strikes K 80% 90% 100% 110% 120%
model M, 20.12% 19.64% 19.50% 19.62% 19.92%
model M, 20.11% 19.65% 19.51% 19.62% 19.92%
errors (bp) 0.69 -0.35 -0.81 -0.42 0.34

3. Numerical accuracy of the approximation. We give numerical results of the
performance of our method. In what follows, the spot Sy, the risk-free rate r and
the dividend yield g are set respectively to 100, 0% and 0%. The initial value of the
variance process is set to vg = 4% (initial volatility equal to 20%). Then we study
the numerical accuracy w.r.t. K, T, «, 0, £ and p by testing different values for these
parameters.

TabLE 3.1
Set of maturities and strikes used for the numerical tests.

T/K

3M 70 80 90 100 110 120 125 130
6M 60 70 80 100 110 130 140 150
1Y 50 60 80 100 120 150 170 180
2Y 40 50 70 100 130 180 210 240
3Y 30 40 60 100 140 200 250 290
5Y 20 30 60 100 150 250 320 400
7Y 10 30 50 100 170 300 410 520
10Y 10 20 50 100 190 370 550 730

In order to present more interesting results for various relevant maturities and
strikes, we allow the range of strikes to vary over the maturities. The strike values
evolve approximately as Soexp(c VOT) for some real numbers ¢ and 6 = 6%. The
extreme values of c are chosen to be equal to +2.57, which represents the 1%-99%
quantile of the standard normal distribution. This corresponds to very out-of-the-
money options or very deep-in-the-money options. The set of pairs (maturity, strike)
chosen for the tests is given in Table 3.1.

Constant parameters. In Table 3.2, we report the numerical results when 0 = 6%,
x =3, £=30% and p = 0%, giving the errors of implied Black-Scholes volatilities
between our approximation formula (see Equation (2.13)) and the price calculated
using the closed formula (see appendix), for the maturities and strikes of Table 3.1.
The table should be read as follows: for example, for one year maturity and strike
equal to 170, the implied volatility is equal to 24.14% using the closed formula and
24.20% with the approximation formula, giving an error of -6.33 bps. In Table 3.2, we
observe that the errors do not exceed 7 bps for a large range of strikes and maturities.
We notice that the errors are surprisingly higher for short maturities. At first sight,
it is counterintuitive as one would expect our perturbation method to work better
for short maturities and worse for long maturities, since the difference between our
proxy model (BS with volatility (vo;);) and the original one is increasing w.r.t. time.
In fact, this intuition is true for prices but not for implied volatilities. When we
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TaBLE 3.2
Implied Black-Scholes volatilities of the closed formula, of the approximation formula and related errors (in bp),
expressed as a function of maturities in fractions of years and relative strikes. Parameters: 6 = 6%, k = 3, & = 30%
and p = 0%.

3M 23.24%  22.14%  21.43% 21.19%  21.39%  21.86%  22.14%  22.44%
23.06%  22.19%  21.42% 21.19% 21.38%  21.88%  2219%  22.49%
18.01 -4.86 0.53 0.38 0.65 -2.68 -4.86 -4.71
6M 24.32%  23.29%  22.55%  21.99%  22.10%  22.75%  2317%  23.60%
24.12%  23.36%  22.57%  21.98%  22.09%  22.79%  23.24%  23.65%
19.69 -7.17 -1.89 0.93 1.05 -3.97 -7.12 -4.57
1Y 24.85%  24.06%  23.14%  22.90%  23.06%  23.66%  24.14%  24.38%
24.78%  2412%  23.14%  22.89%  23.06% = 23.71%  24.20%  24.42%
7.72 -6.49 0.26 1.12 0.72 -4.54 -6.33 -4.27
2Y 24.86%  24.36%  23.82%  23.61%  23.73%  24.16%  24.46%  24.76%
24.86%  24.40%  23.82%  23.61%  23.72%  24.19%  24.50%  24.78%
-0.21 -3.51 -0.12 0.68 0.37 -2.54 -3.62 -1.71
3Y 2495%  24.53%  2410%  23.89%  23.98% = 24.27%  24.53%  24.74%
24.94%  2455%  24.10%  23.89%  23.98%  24.28%  24.55%  24.75%
1.80 -2.12 -0.33 0.39 0.19 -1.27 -2.12 -1.26
5Y 24.88%  24.56%  2420% 24.12%  24.17%  2438%  24.53%  24.69%
24.86%  24.57%  2420% 24.12%  24.17%  24.39%  24.54%  24.70%
1.38 -0.96 0.03 0.17 0.10 -0.58 -0.95 -0.59
7Y 25.03%  24.46%  24.30%  24.23%  2427%  24.42%  24.54%  24.65%
2497%  24.46%  24.30%  24.22% < 2427%  2442%  24.55%  24.66%
5.72 -0.43 -0.02 0.09 0.04 -0.33 -0.54 -0.35
10Y 24.72%  2451%  24.34%  24.30% 24.34%  24.44%  24.54%  24.62%
24.71%  2451%  24.34%  24.30%  24.34%  24.44%  24.54%  24.62%
0.42 -0.28 0.02 0.05 0.02 -0.17 -0.29 -0.19

compare the price errors (in Price bp?) for the same data, we observe in Table 3.3
that the error terms are not any bigger for short maturities but vary slightly over
time with two observed effects. The error term first increases over time as the error
between the proxy and the original model increases over time, as forecasted. But for
long maturities, presumably because the volatility converges to its stationary regime,
errors decrease. When we convert these prices to implied Black-Scholes volatilities,
these error terms are dramatically amplified for short maturities due to very small
vega. Finally, note that for fixed maturity, price errors are quite uniform w.r.t. strike
K.

Impact of the correlation. Analogous results for correlations equal to —20%, 20%
and —50% are reported in Tables 3.4-3.5, 3.6-3.7 and 3.8-3.9. We notice that the errors
are smaller for a correlation close to zero and become larger when the absolute
value of the correlation increases. However, for realistic correlation values (-50% for
instance), the accuracy for the usual maturities and strikes remains excellent (error
smaller than 20 bps), except for very extreme strikes.

Impact of the volatility of volatility. Inview of Theorem 2.4, the smaller the volatility
of volatility, the more accurate the approximation. In the following numerical tests,
we increase ¢, while maintaining Assumption (P). Thus, the new Heston’s parameters
are k = 10, £ =1 and p = -50%, the other parameters remaining unchanged. The
comparative results on implied volatilties and prices are presented in Table 3.10 and
3.11. As expected, the approximation is less accurate than for & = 30%, but still
accurate enough to be efficiently used for fast calibration. The results for prices are

Price Approximation—True Price
D o % 10000

4Error price bp=
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TaBLE 3.3
Put prices of the closed formula, of the approximation formula and related errors (in bp), expressed as a function
of maturities in fractions of years and relative strikes. Parameters: 0 = 6%, x =3, & = 30% and p = 0%.

3M 30.00 20.08 10.87 422 1.14 0.24 0.10 0.04
30.00 20.08 10.87 422 1.14 0.24 0.10 0.04
0.03 -0.11 0.06 0.08 0.09 -0.15 -0.14 -0.07
6M 40.01 30.07 20.52 6.20 2.72 0.40 0.14 0.05
40.01 30.08 20.52 6.19 271 0.40 0.14 0.05
0.05 -0.16 -0.18 0.26 0.26 -0.34 -0.29 -0.08
1Y 50.01 40.11 21.84 9.12 3.08 0.51 0.15 0.09
50.01 40.11 21.84 9.11 3.07 0.52 0.16 0.09
0.04 -0.21 0.06 0.44 0.23 -0.51 -0.29 -0.12
2Y 60.03 50.20 32.08 13.26 471 0.79 0.28 0.11
60.03 50.20 32.08 13.26 4.71 0.79 0.29 0.11
0.00 -0.18 -0.03 0.38 0.17 -0.43 -0.29 -0.06
3Y 70.02 60.15 41.70 16.39 5.73 1.21 0.36 0.15
70.02 60.15 41.70 16.39 5.73 1.21 0.37 0.15
0.01 -0.09 -0.08 0.27 0.11 -0.31 -0.22 -0.07
5Y 80.01 70.15 43.80 21.26 8.50 1.61 0.58 0.21
80.01 70.15 43.80 21.26 8.50 1.61 0.58 0.21
0.01 -0.04 0.01 0.15 0.08 -0.19 -0.15 -0.04
7Y 90.00 70.42 53.15 25.14 9.32 1.97 0.66 0.26
90.00 70.42 53.15 25.14 9.32 1.97 0.67 0.26
0.00 -0.04 -0.01 0.09 0.04 -0.14 -0.10 -0.03
10Y 90.01 80.23 55.22 29.92 11.49 2.62 0.84 0.33
90.01 80.23 55.22 29.92 11.49 2.62 0.84 0.33
0.00 -0.02 0.01 0.06 0.03 -0.09 -0.07 -0.02

more satisfactory than for implied volatilities. Once again, for short maturities, the
errors in implied volatilities may be quite significant, except for options not-far-from-
the-money.

Impact of the assumption (P). The assumption (P) is a technical assumption that we
use to establish error estimates for the approximation formula (2.13). In the test that
follows, we relax this assumption by taking new parameters 0 = 3%, k =2, £ =40%
and p = 0% for which the ratio 2x6/&? = 0.75 < 1. Results are reported in Tables 3.12
and 3.13. We observe that the approximation formula still works (errors are smaller
than 20 bps) but it is less accurate (compare with Table 3.2 for which the ratio 2x0/ &2
isequal to 4 > 1). An extension of the validity of our formula by relaxing Assumption
(P) is presumably relevant. This investigation is left for further research.

Piecewise constant parameters. Heston’s constant parameters have been set to:

vg =4%,x = 3. In addition, the piecewise constant functions 0, £ and p are equal
respectively at each interval of the form ]i', Ple[ to 4% +1x0.05%, 30% +ix 0.5% and
—20% +1x0.35%.
In the same Tables 3.15 and 3.16, we report values using three different formulas. For
a given maturity, the first row is obtained using the closed formula with piecewise
constant parameters (see appendix), the second row uses our approximation formula
(2.13) and the third row uses the closed formula with constant parameters computed
by averaging (see Section 2.6). In order to give complete information on our tests,
we also report in Table 3.14 the values used for the averaging parameters (following
Section 2.6).

Of course, the quickest approach is the use of the approximation formula (2.13).
As before, its accuracy is very good, except for very extreme strikes. It is quite
interesting is to observe that the averaging rules that we propose are extremely
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TaBLE 3.4
Implied Black-Scholes volatilities of the closed formula, of the approximation formula and related errors (in bp),
expressed as a function of maturities in fractions of years and relative strikes. Parameters: 6 = 6%, k = 3, & = 30%
and p = =20%.

3M 2450%  23.07%  21.92%  21.16%  20.84% 2091%  21.04% 21.21%
24.04%  23.14%  2193%  21.15%  20.82%  20.87%  21.06%  21.37%
45.76 -7.65 -1.25 0.38 2.35 3.68 -2.73 -16.51
6M 25.68%  24.38%  23.31%  21.94%  21.65% 21.68%  21.88%  22.15%
25.19%  24.45%  23.38%  21.93%  21.63% 21.64% 21.96%  22.47%
49.49 -7.75 -7.32 0.99 2.22 4.10 -8.10 -32.52
1Y 26.20%  25.14%  23.65%  22.82%  22.47%  2251% @ 22.72%  22.86%
25.92%  25.23%  23.68%  22.81%  22.44% 22.49% 22.89% 23.17%
28.04 -8.22 -2.65 1.32 3.45 2.08 -16.41 -31.56
2Y 26.03%  25.28%  24.29%  23.51%  23.18%  23.09%  23.17%  23.29%
25.95%  25.35%  24.32%  23.50%  23.16%  23.08%  23.25%  23.56%
7.83 -6.41 -2.54 0.93 2.37 1.57 -8.04 -26.37
3Y 26.06%  25.40%  24.57%  23.78%  23.47%  23.34%  23.36% = 23.42%
25.95%  25.44%  24.60%  23.78%  23.45%  23.32%  23.41%  23.58%
11.21 -3.39 -2.44 0.61 1.65 1.71 -5.11 -16.68
5Y 25.83%  25.28%  2447%  24.01%  23.75%  2357%  23.55%  23.55%
25.75%  25.30%  2447%  24.01%  23.74%  2356% = 23.56% = 23.65%
8.29 -1.76 -0.65 0.32 0.84 1.01 -1.92 -9.38
7Y 26.02%  24.97%  2456%  24.11%  23.86% 23.70%  23.65%  23.64%
25.82%  24.99%  2457%  24.11%  23.85%  23.69%  23.67% = 23.70%
20.23 -1.59 -0.59 0.21 0.60 0.69 -1.50 -6.16
10Y 25.43%  24.99%  2449%  24.19%  23.97% 23.81%  23.75%  23.72%
25.40%  25.00%  24.49%  24.18%  23.96%  23.80%  23.76%  23.76%
3.46 -0.94 -0.20 0.14 0.38 0.48 -0.95 -3.98
accurate.

Computational time. Regarding the computational time, the approximation for-
mula (2.13) yields essentially the same computational cost as the Black-Scholes for-
mula, while the closed formula requires an additional space integration involving
many exponential and trigonometric functions for which evaluation costs are higher.
For instance, using a 2,6 GHz Pentium PC, the computations of the 64 numerical
values in Table 3.2 (3.4, 3.6 or 3.8) take 4.71 ms using the approximation formula and
301ms using the closed formula. For the example with time dependent coefficients
(reported in Table 3.15), the computational time for the 64 prices is about 40.2 ms
using the approximation formula and 2574 ms using the closed formula. Roughly
speaking, the use of the approximation formula enables us to speed up the valuation
(and thus the calibration) by a factor 100 to 600.

4. Proof of Theorem 2.4. The proof is divided into several steps. In Subsection
4.1 we give the upper bounds for derivatives of the put function Pgg, in Subsection 4.2
the conditions for positivity of the squared volatility process v, in Subsection 4.3 the

upper bounds for the negative moments of the integrated squared volatility fOT vdt,
in Subsection 4.4 the upper bounds for derivatives of functionals of the squared
volatility process v. Finally, in Subsection 4.5, we complete the proof of Theorem 2.4
using the previous Subsections.

Notations. In order to alleviate the proofs, we introduce some notations specific
to this section.
Differentiation. For every process Z¢, we write (if these derivatives have a meaning):

, dize
(i) Zit = =Fle=0,
oe'
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TaBLE 3.5
Put prices of the closed formula, of the approximation formula and related errors (in bp), expressed as a function
of maturities in fractions of years and relative strikes. Parameters: 6 = 6%, x =3, & = 30% and p = —20%.

3M 30.01 20.10 10.93 422 1.07 0.19 0.07 0.03
30.00 20.11 10.93 422 1.06 0.19 0.07 0.03
0.10 -0.21 -0.15 0.08 0.32 0.18 -0.06 -0.18
6M 40.01 30.10 20.60 6.18 2.61 0.31 0.10 0.03
40.01 30.10 20.60 6.18 2.60 0.31 0.10 0.03
0.19 -0.22 -0.74 0.28 0.54 0.30 -0.26 -0.41
1Y 50.02 40.15 21.95 9.08 2.89 0.39 0.10 0.05
50.02 40.15 21.96 9.08 2.88 0.39 0.10 0.06
0.23 -0.32 -0.60 0.52 1.08 0.20 -0.57 -0.64
2Y 60.05 50.25 32.21 13.21 4.46 0.62 0.19 0.06
60.05 50.25 32.21 13.20 4.44 0.62 0.20 0.07
0.12 -0.39 -0.69 0.52 1.09 0.23 -0.50 -0.69
3Y 70.03 60.19 41.82 16.32 5.44 0.99 0.26 0.09
70.03 60.19 41.83 16.31 543 0.99 0.26 0.10
0.12 -0.17 -0.62 0.41 0.94 0.38 -0.42 -0.63
5Y 80.02 70.18 43.91 21.16 8.17 1.35 0.44 0.14
80.02 70.18 4391 21.16 8.16 1.35 0.44 0.14
0.06 -0.09 -0.28 0.28 0.66 0.30 -0.26 -0.51
7Y 90.00 70.47 53.25 25.02 8.94 1.68 0.51 0.18
90.00 70.47 53.26 25.02 8.93 1.68 0.51 0.18
0.02 -0.17 -0.24 0.21 0.55 0.26 -0.24 -0.44
10Y 90.01 80.26 55.30 29.78 11.07 2.29 0.66 0.24
90.01 80.26 55.30 29.78 11.06 2.29 0.67 0.24
0.02 -0.06 -0.11 0.16 0.43 0.24 -0.20 -0.38

(i) the i Taylor residual by R% = Z¢ =¥, §7Z;s.
Generic constants. We keep the same notation C for all non-negative constants
(i) dependingon universal constants, on a number p > 1 arising in L, estimates,

on Oy,f, vp and K;
s and T.

1 9

\/%/ Supr fSSup/ 5Inf
We write A = O(B) when |A| < CB for a generic constant.

Miscellaneous.

(ii) depending in a non decreasing way on x,

(i) We write o§ = /of for the volatility for the perturbed process.
(ii) if (Z)iefo,r) is a cadlag process, we denote by Z* its running extremum:
Z; =sup|Zs|,¥t € [0, T].

s<t
(iii) The L, norm of a random variable is denoted, as usual, by ||Z]|, = E[|Z| M.

4.1. Upper bounds for put derivatives.

Lemwma 4.1. For every (i, j) € IN?, there exists a polynomial P with positive coefficients
such that:

9"*IPgs )| < P(\y)
oxiyi 7| T y(zf+[2—1>+'

sup

x€R

Proof. Note that it is enough to prove the estimates for j = 0, owing to the relation
(2.2). We now take j = 0. For i = 0, the inequality holds because Pgs is bounded. Thus
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TaBLE 3.6
Implied Black-Scholes volatilities of the closed formula, of the approximation formula and related errors (in bp),
expressed as a function of maturities in fractions of years and relative strikes. Parameters: 6 = 6%, k = 3, & = 30%
and p = 20%.

3M 21.81%  21.10%  20.89%  21.22%  21.89%  22.71%  23.13%  23.54%
22.41%  21.11%  20.87%  21.22%  21.90%  22.78%  23.20%  23.55%
-59.86 -1.80 2.68 0.27 -0.82 -7.12 -7.19 -1.20
6M 22.75%  22.05%  21.72%  22.04%  22.53%  23.71% 24.31% 24.47%
23.41%  22.16%  21.66%  22.03%  22.53%  23.81% 24.40%  24.45%
-66.39 -10.95 5.61 0.72 -0.08 -9.75 -8.77 2.21
1Y 23.31%  22.83%  22.59%  22.97%  23.62%  24.72%  2541%  24.80%
23.83%  2291%  22.55%  22.96%  23.64%  24.82%  25.46%  24.81%
-52.67 -8.05 3.84 0.88 -1.65 -9.85 -4.37 -1.19
2Y 23.53%  23.33%  23.31% 23.70%  2425%  25.16%  25.65% = 24.93%
23.77%  23.34%  2328%  23.70%  24.27%  2522%  25.68% = 24.93%
-23.90 -1.04 2.80 0.47 -1.42 -6.19 -3.19 -0.67
3Y 23.70%  23.56%  23.58% = 23.99%  24.48%  25.15%  25.63%  24.83%
23.93%  23.58%  2356%  23.99%  24.49%  2519%  25.64%  24.84%
-23.06 -1.95 2.19 0.22 -1.15 -3.93 -1.70 -0.92
5Y 23.81%  23.76%  23.92%  24.23%  24.59%  25.15%  25.46%  24.74%
23.96%  23.77%  2391%  24.23%  2459%  2517%  25.47%  24.74%
-14.87 -0.62 0.82 0.04 -0.59 -2.06 -0.94 -0.49
7Y 23.92%  23.90%  24.03%  24.34%  24.68%  25.12%  2539%  24.68%
2421%  23.89%  24.02%  24.34%  24.68%  25.13%  2539%  24.68%
-28.79 0.90 0.63 -0.01 -0.48 -1.30 -0.30 -0.30
10Y 23.94%  23.99%  24.18%  24.42%  24.70%  25.06%  2529%  24.63%
23.99%  23.99%  24.18%  24.42%  24.71%  25.07%  2529%  24.64%
-5.60 0.42 0.26 -0.03 -0.32 -0.79 -0.07 -0.17

consider i > 1. Then by differentiating the payoff, one gets:

J PBS (6,y) = al —fOTrtdt(K_ ex+f0T(r,—q,)dt—%+\/¥WT)+]

—8i‘1]E[]l r _fo qrdt——+\/¥WT]
x (e“fO (rt—qt)dt—%+\/¥ Wr sK)

= -0 TE[W(x + G)]

where W is abounded function (by K) and G is a Gaussian variable with zero mean and

variance equal to y. For such a function, we write E[W(x + G)] f]R Y(z )%dz
Ty

and from this, it follows by a direct computation that

T E[W(x+G)]| < —

y 2
for any x and y. We have proved the estimate for j=0and i > 1. O

4.2. Positivity of the squared volatility process v. For a complete review re-
lated to time homogeneous CIR processes, we refer the reader to [GJY03]. For time
dependent CIR process, see [Mag96] where the existence and representation using
squared Bessel processes are provided.

To prove the positivity of the process v, we show that it can be bounded from
below by a suitable time homogeneous CIR process, time scale being the only differ-
ence (see definition 5.1.2. in [RY99]). The arguments are quite standard, but since we
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TaBLE 3.7
Put prices of the closed formula, of the approximation formula and related errors (in bp), expressed as a function
of maturities in fractions of years and relative strikes. Parameters: 0 = 6%, x =3, & = 30% and p = 20%.

3M 30.00 20.06 10.81 423 1.22 0.28 0.13 0.06
30.00 20.06 10.81 423 1.22 0.29 0.13 0.06
-0.05 -0.03 0.30 0.05 -0.12 -0.43 -0.25 -0.02
6M 40.00 30.05 20.45 6.21 2.82 0.48 0.19 0.07
40.00 30.05 20.44 6.21 2.82 0.49 0.20 0.07
-0.11 -0.19 0.49 0.20 -0.02 -0.92 -0.43 0.05
1Y 50.01 40.08 21.72 9.14 3.26 0.64 0.22 0.10
50.01 40.08 21.71 9.14 3.26 0.65 0.22 0.10
-0.20 -0.20 0.83 0.35 -0.53 -1.25 -0.26 -0.04
2Y 60.02 50.15 31.94 13.31 4.96 0.97 0.39 0.11
60.02 50.15 31.94 13.31 4.96 0.98 0.39 0.11
-0.20 -0.04 0.73 0.26 -0.67 -1.18 -0.32 -0.03
3Y 70.01 60.11 41.58 16.46 6.02 1.44 0.49 0.16
70.01 60.11 41.57 16.46 6.03 1.45 0.49 0.16
-0.12 -0.07 0.53 0.15 -0.67 -1.06 -0.21 -0.05
5Y 80.01 70.11 43.68 21.36 8.83 1.87 0.75 0.21
80.01 70.11 43.67 21.35 8.84 1.88 0.75 0.21
-0.06 -0.02 0.35 0.03 -0.48 -0.74 -0.18 -0.04
7Y 90.00 70.36 53.04 25.25 9.69 2.26 0.84 0.26
90.00 70.36 53.04 25.25 9.70 227 0.84 0.26
-0.01 0.08 0.25 -0.01 -0.45 -0.57 -0.07 -0.03
10Y 90.01 80.20 55.13 30.06 11.91 2.96 1.04 0.34
90.01 80.19 55.13 30.06 11.91 2.96 1.04 0.34
-0.02 0.02 0.15 -0.04 -0.37 -0.45 -0.02 -0.02

need a specific statement that is not available in the literature, we detail the result
and its proof. The time change t — A; is defined by

At
t= Est.
0

Because &p,r > 0, A is a continuous, strictly increasing time change and its inverse

A~! enjoys the same properties.
LEmwma 4.2. Assume (P) and vy > 0. Denote by (ys)y,<4-1 the CIR process defined by
=T

1
dyt =(3

5~ éZLyt)dt+ \VyidBy, yo = vy,

Inf
where B is the Brownian motion given by
~ AT
B = ; EsdBs. (4.1)
Then, a.s. one has vy > y A forany t € [0,T]. In particular, (v¢)o<t<T IS a.5. positive.
Proof. Note that (Bt),, 471 is really a Brownian motion because by Lévy’s Charac-

terization Theorem, it is a continuous local martingale with (B,By; =t (see Proposition
5.1.5 [RY99] for the computation of the bracket). Now that we have set ¥; = v,4,, our
aim is to prove that ¥; > y; for t € [O,A?]. Using Propositions 5.1.4 and 5.1.5 [RY99],
we write

Ay t
K ~
B = vy + f (105 — vs)ds + &5 \UsdBs) = vg + f (G (04, ~2)ds+ Vo,dBs).
0 0

As
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TaBLE 3.8
Implied Black-Scholes volatilities of the closed formula, of the approximation formula and related errors (in bp),
expressed as a function of maturities in fractions of years and relative strikes. Parameters: 6 = 6%, k = 3, & = 30%
and p = =50%.

3M 26.13%  24.29%  22.60% 21.11%  19.95%  19.22%  19.03%  18.92%
25.57%  24.43%  22.63% 21.11% 19.90% 18.99%  1891%  19.57%
56.55 -14.06 -2.51 0.19 4.35 23.24 11.67 -64.22
6M 27.47%  25.81%  2431%  21.85%  20.92%  19.80%  19.55%  19.47%
26.89%  25.97%  24.44%  21.84%  20.89%  19.50%  19.61% 21.11%
58.13 -16.68 -12.19 0.82 3.38 29.46 -5.28 -164.16
1Y 27.96%  2657%  24.34%  22.68%  21.51%  2049%  20.19%  20.11%
27.67%  26.75%  24.39%  22.66%  21.43%  20.24%  20.77%  21.73%
29.08 -18.08 -5.01 1.53 7.49 24.84 -58.18 -162.76
2Y 27.56%  26.51%  24.93%  23.34%  22.31%  21.30% 20.95%  20.73%
27.52%  26.65%  24.98%  23.33%  22.25% 21.15% 21.19% @ 22.20%
4.11 -14.03 -4.75 1.43 5.50 14.43 -23.17 -146.81
3Y 27.53%  26.56%  2522%  23.61%  22.66% = 21.81%  21.39%  21.16%
27.42%  26.66%  2526%  23.60% = 22.62%  21.71%  21.53% = 22.04%
11.28 -9.11 -4.59 1.06 3.97 9.79 -14.43 -88.86
5Y 27.11%  26.25%  24.83%  23.83%  23.10% 2228% 21.94%  21.66%
27.01%  26.31%  24.84%  23.82%  23.08%  2223% 21.98%  22.14%
9.64 -5.22 -1.23 0.62 1.98 5.14 -4.04 -47.56
7Y 27.35%  25.67%  24.92%  23.93%  2323%  2255%  22.22%  21.98%
27.03%  25.71%  24.93%  23.93%  2321%  22.52%  22.25% @ 22.28%
31.65 -3.57 -1.09 0.43 1.46 3.26 -3.91 -30.07
10Y 26.40%  25.66%  24.70%  24.01%  23.40%  22.82%  22.50% = 22.29%
26.36%  25.68%  24.70%  24.00%  23.39%  22.80%  22.53% = 22.48%
4.15 -2.43 -0.35 0.29 0.93 2.02 -2.65 -18.89

Now we apply a comparison result for SDEs twice (see Proposition 5.2.18 in [KS88]).
1. First, one gets @; > ny, where (1;)s is the (unique) solution of

¢
nt=0+f —é%nsds+ \nsdBs,
0

As

because vy > 0 and E’z—‘(@As —x)>—=x, forallxe Rand s € [O,A;l]. Of course n; =0,
2

K
5
thus 9; is non-negative.

2. Secondly, using the non-negativity of ¢, we only need to compare drift

coefficients for the non-negative variable x. Under (P), since

K Oa-02i-x vrz0vse[0,471],
As Inf

we obtain ¢ > y; for t € [O,A#] a.s.

Moreover, the positivity of ¥ (and consequently that of v) is standard: indeed, y is
a 2-dimensional squared Bessel process with a time/space scale change (see [G]Y03],
or the proof of Lemma 4.3 below). a

4.3. Upper bound for negative moments of the integrated squared volatility

process fOT vedt.
Lemma 4.3. Assume (P). Then for every p > 0, one has:

T C
sup ]E[(‘[0 vidt)F] < T

0<e<1
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TaBLE 3.9
Put prices of the closed formula, of the approximation formula and related errors (in bp), expressed as a function
of maturities in fractions of years and relative strikes. Parameters: 6 = 6%, x =3, & = 30% and p = —50%.

3M 30.01 20.14 11.01 421 0.95 0.12 0.03 0.01
30.01 20.15 11.02 421 0.94 0.11 0.03 0.01
0.21 -0.47 -0.31 0.04 0.57 0.82 0.16 -0.36
6M 40.02 30.15 20.70 6.16 243 0.19 0.04 0.01
40.02 30.15 20.71 6.15 242 0.17 0.04 0.02
0.37 -0.59 -1.33 0.23 0.81 1.59 -0.09 -1.05
1Y 50.04 40.21 22.11 9.03 2.59 0.22 0.03 0.01
50.04 40.22 22.12 9.02 2.57 0.21 0.05 0.03
0.36 -0.88 -1.17 0.61 2.27 1.67 -1.05 -1.69
2Y 60.08 50.33 32.38 13.11 4.06 0.39 0.08 0.02
60.08 50.34 32.39 13.10 4.03 0.37 0.09 0.04
0.09 -1.00 -1.32 0.80 2.47 1.59 -0.84 -2.00
3Y 70.05 60.25 41.99 16.20 498 0.69 0.13 0.03
70.05 60.25 42.00 16.19 4.96 0.67 0.13 0.05
0.17 -0.54 -1.21 0.72 2.20 1.73 -0.74 -1.80
5Y 80.03 70.23 44.06 21.01 7.65 0.99 0.25 0.06
80.03 70.23 44.07 21.00 7.64 0.98 0.26 0.07
0.11 -0.30 -0.53 0.54 1.54 1.29 -0.38 -1.50
7Y 90.00 70.54 53.40 24.84 8.36 1.28 0.31 0.09
90.00 70.55 53.40 24.84 8.35 1.27 0.32 0.10
0.06 -0.41 -0.44 0.43 1.32 1.04 -0.45 -1.32
10Y 90.02 80.30 55.42 29.57 10.43 1.82 0.44 0.13
90.02 80.30 55.42 29.57 10.42 1.81 0.44 0.14
0.03 -0.18 -0.20 0.34 1.04 0.89 -0.42 -1.17

Before proving the result, we mention that analogous estimates appear in [BD07]
(Lemmas A.1 and A.2): some exponential moments are stated under stronger condi-
tions than those in assumption (P). In addition, the uniformity of the estimates w.r.t.
& (or equivalently w.r.t. €) is not emphasized. In our study, it is crucial to get uniform
estimates w.r.t. €.

Proof. Fix p > 1 (for 0 <p < 1, we derive the result from the case p = 1 using the
Holder inequality). The proof is divided into two steps. We first prove the estimates
in the case of constant coefficients x, 6, & with k0 = %, €=1and & =1. Then, using
the time change of Lemma 4.2, we derive the result for (v);. The critical point is to
get estimates that are uniform w.r.t. €.

Step1. Take 6, =0, & =1, k0 = %, € =1 and consider

1
dy; = (E —xyp)df+ \/y:dBy, yo = v,

for a standard Brownian motion B. We represent y as a time space transformed
squared Bessel process (see [G]Y03])

_ Kt
Yr=e z (ext-1)
4

where z is a 2-dimensional squared Bessel process. Therefore, using a change of
variable and the explicit expression of Laplace transform for the integral of z (see
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TasLE 3.10
Implied Black-Scholes volatilities of the closed formula, of the approximation formula and related errors (in bp),
expressed as a function of maturities in fractions of years and relative strikes. Parameters: 6 = 6%, xk =10, £ =1
and p = =50%.

3M 31.51%  28.04%  24.74%  21.83%  19.94%  19.45%  19.58%  19.85%
30.68%  28.99%  24.95% 21.71%  19.38%  18.05%  19.76%  22.93%
82.46 -94.66 -21.22 12.10 56.44 140.23 -18.10 -308.17
6M 31.45%  28.86%  26.52%  22.69%  21.36%  20.11%  20.05% = 20.20%
30.83%  29.59%  2698%  22.58%  21.09%  19.14%  20.64% = 24.03%
62.40 -73.58 -46.52 11.30 26.99 97.22 -59.12 -383.12
1Y 30.09%  28.30%  25.44%  23.34%  21.89%  20.76%  20.49%  20.45%
29.87%  28.72%  25.54%  23.28%  21.70%  20.30% = 21.65% = 23.17%
21.52 -42.32 -10.69 6.02 19.45 46.13 -115.72  -271.22
2Y 28.45%  27.27%  2551%  23.73%  22.58%  21.48% 21.12%  20.90%
28.46%  27.47%  2557%  23.71%  22.50% = 21.28% 21.42%  22.75%
-0.53 -20.08 -6.39 242 8.11 19.97 -30.34 -184.76
3Y 28.08%  27.05%  25.61%  23.88% = 22.86%  21.96%  21.51%  21.27%
27.98%  27.16%  25.66%  23.86%  22.81%  21.83%  21.67%  22.30%
9.78 -11.59 -5.41 1.39 4.91 12.13 -16.04 -102.46
5Y 27.40%  26.52%  25.04%  24.00%  23.23%  22.38%  22.03% 21.75%
27.31%  26.58%  25.05%  23.99%  2321%  22.33% 22.07% = 22.26%
9.15 -5.98 -1.31 0.71 2.20 5.85 -3.93 -51.20
7Y 27.56%  25.84%  25.06%  24.05%  23.33%  22.63% 22.29%  22.05%
27.24%  25.88%  25.08%  24.05%  23.31%  22.59%  22.33%  22.36%
32.00 -3.83 -1.14 0.47 1.57 3.57 -3.88 -31.56
10Y 26.53%  25.77%  24.80%  24.09%  23.47%  22.88%  22.55%  22.34%
26.49%  25.80%  24.80%  24.09%  23.46%  22.86%  22.58%  22.53%
4.02 -2.57 -0.36 0.31 0.97 2.15 -2.64 -19.49

[BS02] p.377), one obtains for any u > 0

@T-1)

T @l
lE[exp(—uf ]/tdt)]le[exp(—lLue_ZKTf zeds)]
0 0
P kT
< C"Sh(%)‘1 exp(~ V2ue Ty tanh(%)).

. . . 00 T
Combining this with the identity x ™ = %p) fo uP~le="*du for x = fo yidt, one gets:

T 0 —K ok
Ell fo ytdt)_pls%p) fo u 4005}1(%)‘1@@(— @e‘KTvotanh(%))du.

KT _ _ kT
Define the parameter A% = (emol) and the new variable n = % =v9e T A% V2u.
It readily follows that

_ tanh(n)n

2 )dn,

T K 00
E[(f(; yedt) ] < C(%y”j{; n?P~L cosh(n) L exp(

where Cis a constant depending only on vy and p. We upper bound the above integral
differently according to the value of A.
(i) If A>1, then

T KT 00
E[( fo yrdt) 7] SC(eA—Z)Z” fo n?~!cosh(n)~'dn < Ce?*T, (4.2)
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TasLE 3.11
Put prices of the closed formula, of the approximation formula and related errors (in bp), expressed as a function
of maturities in fractions of years and relative strikes. Parameters: 6 = 6%, x =10, & =1 and p = —50%.

3M 30.05 20.30 11.28 4.35 0.95 0.13 0.04 0.01
30.04 20.35 11.31 433 0.87 0.08 0.05 0.05
0.99 -4.95 -2.80 241 7.37 4.62 -0.31 -3.51
6M 40.06 30.28 20.96 6.40 2.54 0.21 0.05 0.01
40.05 30.32 21.02 6.36 2.47 0.15 0.06 0.06
0.92 -3.90 -5.83 3.18 6.51 5.23 -1.28 -4.72
1Y 50.08 40.31 22.37 9.29 2.71 0.24 0.04 0.02
50.07 40.33 22.40 9.26 2.65 0.21 0.07 0.06
0.41 -2.60 -2.58 2.39 5.95 3.19 -2.52 -3.89
2Y 60.10 50.39 32.54 13.33 418 0.41 0.09 0.02
60.10 50.40 32.56 13.31 4.14 0.38 0.10 0.05
-0.01 -1.58 -1.82 1.35 3.67 2.26 -1.17 -2.89
3Y 70.06 60.28 42.09 16.38 5.09 0.71 0.13 0.03
70.05 60.28 42.11 16.37 5.06 0.69 0.14 0.06
0.17 -0.73 -1.46 0.94 2.74 2.19 -0.86 -2.22
5Y 80.04 70.25 44.15 21.15 7.76 1.02 0.26 0.06
80.03 70.25 44.16 21.15 7.74 1.01 0.27 0.08
0.11 -0.36 -0.57 0.61 1.72 1.49 -0.38 -1.68
7Y 90.00 70.56 53.46 24.96 8.45 1.31 0.32 0.09
90.00 70.57 53.46 24.96 8.44 1.30 0.32 0.10
0.06 -0.44 -0.47 0.47 1.42 1.16 -0.46 -1.42
10Y 90.02 80.31 55.47 29.67 10.51 1.85 0.44 0.13
90.02 80.31 55.48 29.67 10.50 1.84 0.45 0.14
0.03 -0.19 -0.20 0.36 1.09 0.95 -0.42 -1.23

(if) If A <1, split the integral into two parts, n < arctanh(A) and n > arctanh(A).
For the first part, simply use # > tanh(n) for any n. For the second part, use tanh(n) > A
and cosh(n)~! < 1. This gives

T «T arctanh(A) 2
E[( f yd) ] sc[(e—)ZP f 72~ cosh(n) L exp(— M) 4,
0 A2 0 A2
et » [ 2p-1 n
(G f 2 exp(—z)dn] =CT1+T2]. (43)
arctanh(A)

We upper bound the two terms separately.

, one has:

1. First term 77. Using the change of variable m = w

1
T < T )4+ f arctanh(Am)*~! cosh(arctanh(Am)) exp(-m?)dm.
0

Because of A <1, we have the following inequalities for m € [0, 1]:
arctanh(Am) < Aarctanh(m), cosh(arctanh(Am)) < cosh(arctanh(m)).

Using 2p—1 > 0, it readily follows that

2kT

22

2. Second term 7. Clearly, we have

2p * 2p-1 n T 4 * 2p-1,-v
) ; n exp(—z)dn:(Az) ; vF e ldo. (4.5)

T1=(

1
g f arctanh(m)?~! cosh(arctanh(m)) exp(-n?)dm. (4.4)
0

eKT
T2 < (ﬁ
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TaBLE 3.12

Implied Black-Scholes volatilities of the closed formula, of the approximation formula and related errors (in bp),
expressed as a function of maturities in fractions of years and relative strikes. Parameters: 0 = 3%, k =2, & = 40%

and p = 0%.
3M 2327%  21.25%  19.59%  18.86%  19.47%  20.64%  21.25%  21.85%
22.35%  21.48%  19.56%  18.85%  19.43%  20.83%  21.48%  21.94%
92.35 -22.93 2.23 1.62 3.51 -18.90 -22.93 -9.79
6M 24.10%  22.05%  20.22%  18.21%  18.68%  20.75%  21.78%  22.72%
2252%  22.26%  20.50%  18.14%  18.59%  21.16%  22.10%  22.51%
158.79  -20.74 -28.41 7.08 9.08 -40.69 -32.03 20.96
1Y 23.96%  22.01% 18.89%  17.60%  18.51%  20.84%  22.23%  22.85%
2220%  22.14%  18.99%  17.45%  18.48%  21.42%  22.20%  22.30%
175.41 -12.81 -10.17 14.90 2.60 -57.41 2.27 54.89
2Y 22.72%  21.05%  18.61%  17.24%  18.04%  20.26%  21.42%  22.42%
21.40%  21.20% 18.83%  17.10%  18.06%  20.72%  21.32%  21.42%
132.35 -14.49 -22.09 14.34 -1.35 -46.40 9.96 100.04
3Y 22.44%  20.84%  18.66%  17.16% 17.88%  19.60%  20.84%  21.67%
20.74%  20.67%  18.93%  17.06% 17.91%  19.96%  20.67%  20.79%
170.16  16.92 -27.04 10.16 -3.17 -36.03 16.92 87.99
5Y 21.56%  20.09% 17.86% 17.16% 17.61%  19.08%  19.94%  20.75%
20.03%  19.88%  17.92%  17.10% 17.62%  19.28%  19.83%  20.03%
153.81 20.49 -5.89 5.27 -0.54 -19.86 11.43 72.25
7Y 21.93%  19.01% 17.88% 17.17% 17.60%  18.76%  19.54%  20.16%
19.51%  19.09%  17.95% 17.14% 17.62% 18.88%  19.39%  19.58%
241.42 -7.47 -6.53 3.16 -1.53 -12.47 14.41 58.41
10Y 2021%  18.92%  17.58%  17.20%  17.53%  18.42%  19.09%  19.61%
19.24%  18.88%  17.60%  17.18%  17.54%  18.49%  18.97%  19.16%
96.63 4.46 -1.61 1.76 -0.93 -7.64 11.97 44.80
2xT

Combining (4.3), (4.4) and (4.5), we obtain E[( fOT yrdt)P] < C(

inequality (¢*—1 > x,x > 0), we have A2 = (Chilnd)

available when A < 1.

To sum up (4.2) and (4.6), we have proved that

2K

> T

Z 2y7

A2

which gives

e2rxT
p 7

T
IE[(f(; ydt) P < C—

T
El( f JidhP] < CAT(+ ),
0 TP

for a constant C depending only on p and vy.
Step 2. Take € €]0,1]. We apply Lemma 4.2 to v, in order to write vf > 3/2-1 where
€t

1351

t=0

(€&s)*ds and dyf = (3 —

K

(eélnf)z

). In view of the

(4.6)

A7)

yo)dt + \JySdBS, y§ = yo. Thus, we get fOT vedt >
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TasLE 3.13
Put prices of the closed formula, of the approximation formula and related errors (in bp), expressed as a function
of maturities in fractions of years and relative strikes. Parameters: 0 = 3%, x =2, & = 40% and p = 0%.

3M 30.00 20.06 10.67 3.76 0.88 0.18 0.08 0.03
30.00 20.07 10.67 3.76 0.88 0.18 0.08 0.03
0.12 -0.46 0.24 0.32 0.45 -0.88 -0.58 -0.13
6M 40.01 30.05 20.32 5.13 1.91 0.25 0.09 0.04
40.00 30.05 20.35 5.11 1.89 0.27 0.10 0.03
0.29 -0.37 -2.15 1.99 2.06 -2.72 -1.01 0.29
1Y 50.01 40.06 20.98 7.01 1.73 0.25 0.08 0.05
50.00 40.06 21.00 6.95 1.73 0.29 0.08 0.04
0.55 -0.27 -1.80 5.92 0.70 -4.43 0.07 0.98
2Y 60.01 50.07 30.89 9.70 2.28 0.28 0.10 0.04
60.01 50.07 30.93 9.62 2.29 0.33 0.10 0.03
0.63 -0.39 -4.17 8.03 -0.51 -4.44 0.40 1.61
3Y 70.01 60.04 40.60 11.82 2.56 0.36 0.10 0.04
70.00 60.04 40.64 11.75 2.58 0.41 0.09 0.03
0.36 0.28 -4.17 6.94 -1.42 -4.48 0.71 1.54
5Y 80.00 70.03 41.45 15.21 3.75 0.38 0.11 0.04
80.00 70.02 41.47 15.16 3.75 0.40 0.11 0.02
0.15 0.26 -1.76 4.61 -0.34 -2.79 0.58 1.24
7Y 90.00 70.07 51.04 17.97 3.78 0.39 0.10 0.03
90.00 70.08 51.06 17.94 3.80 0.41 0.09 0.02
0.01 -0.24 -1.63 3.25 -1.07 -1.94 0.70 1.00
10Y 90.00 80.03 51.95 21.43 4.55 0.46 0.10 0.03
90.00 80.03 51.96 21.41 4.56 0.48 0.09 0.02
0.04 0.06 -0.64 2.14 -0.80 -1.44 0.61 0.76
TabLE 3.14
Equivalent averaged parameters.
T Do 0 & o
3M 4% 4% 30 % 20 %
6M 3.97 % 4.04 % 30.12 % -19.93 %
1Y 3.28 % 438% 30.89 % -19.72 %
2Y 464 % 4.02% 31.12 % -18.95 %
3y 56.24 % 4.04 % 3210 % -18.20 %
5Y 28.58 % 2.68 % 33.63 % 1652 %
7Y 84.92 % 0.59 % 35.41% -14.80 %
10Y 14.54 % 457 % 39.98 % 12.32%
A—l
( fo ' yeds)/ ((—:(SSMP)2 and in view of (4.7), it follows that
A~ 1
i [ ity s [ sk
P—erlT 1
< Cle&sup)Pe ™ (14 ———)
(A7l
ESUP 2p
2pk =T éSup 1
ln R
<Ce f (gsup EZP Tp)
Inf
where we have used 6252 T < AelT < eZESuP

23



hal-00370717, version 1 - 24 Mar 2009

24 E. BENHAMOU, E. GOBET AND M. MIRI

TasLE 3.15
Implied Black-Scholes volatilities of the closed formula, of the approximation formula and of the averaging
formula, expressed as a function of maturities in fractions of years and relative strikes. Piecewise constant parameters.

3M 23.45%  21.88%  20.58%  19.70%  19.39%  19.55%  19.74%  19.97%
22.73%  21.96%  20.60%  19.69%  19.35%  19.53%  19.84%  20.28%
23.45%  21.88%  20.58%  19.70%  19.39%  19.55%  19.74%  19.97%
6M 24.09%  22.59%  21.30%  19.63%  19.33%  19.58%  19.92%  20.31%
23.09%  22.60%  21.43% 19.61% 19.30%  19.58%  20.19%  20.93%
24.09%  22.59%  21.30% 19.63%  19.33%  19.58%  19.92%  20.31%
1Y 23.95%  22.66%  20.76%  19.70%  19.37%  19.69%  20.12%  20.36%
23.12%  22.66%  20.81%  19.68%  19.32%  19.78%  20.62%  21.05%
23.95%  22.66%  20.76%  19.70%  19.37%  19.69% = 20.12%  20.35%
2Y 23.26%  22.30%  21.01%  19.99%  19.66%  19.83%  20.09%  20.37%
22.84%  22.33%  21.04% 19.96%  19.62%  19.90%  20.43% = 21.02%
23.26%  22.30%  21.01% 19.98%  19.66%  19.83%  20.09%  20.37%
3Y 23.28%  22.40%  21.27%  20.26%  19.96%  20.02%  20.23% = 20.43%
22.81%  22.38%  21.33%  20.24%  19.93%  20.04%  20.47%  20.90%
23.28%  22.40%  21.27%  20.26%  19.96%  20.02%  20.23% = 20.42%
5Y 23.22%  22.46%  21.34%  20.77%  20.54%  20.54%  20.65%  20.80%
22.88%  22.44%  21.35%  20.77%  20.52%  20.55%  20.76% = 21.09%
23.22%  22.46%  21.34%  20.77%  20.54%  20.54%  20.64%  20.79%
7Y 23.86%  22.36%  21.81% 21.26%  21.06%  21.06%  21.16%  21.27%
23.25%  22.39%  21.82%  21.26%  21.05%  21.07%  21.23%  21.45%
23.86%  22.37%  21.81% 21.26%  21.06%  21.06%  21.15%  21.26%
10Y 23.59%  22.96%  2230%  21.97%  21.82%  21.83%  21.92%  22.02%
23.46%  22.98%  22.30%  21.97%  21.81%  21.84% 21.96% = 22.12%
23.59%  22.96%  2230%  21.97%  21.82%  21.83%  21.92%  22.01%

Note that the upper bound does not depend on € €]0,1]. For € =0, the upper
bound in Lemma 4.3 is also true because (Z)?)t is deterministic and

max(vo, Os,p) > v? > min(vg, Op,f) > 0. (4.8)

4.4. Upper bound for residuals of the Taylor development of g(¢) defined in
(1.4). Throughout the following paragraph, we assume that (P) is in force. We define
the variables:

T Tp% T
po= [ oot -oondbi- [ Fas-mad, 5= [ a-phof-wadt

. T T p? T T
Not1cethat(x0+f0 o w/vo,tdBt—fO %fvo,tdt,fo (1—pf)vo’tdt‘)+(P1,Q1T)=(x0+f0 o \/EdBt—

Tt agp (T 2)1
dela fa-gholan. .
The main result of this subsection is the following proposition, the statement of which
uses the notation introduced at the beginning of Section 4.
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TasLE 3.16
Put prices of the closed formula, of the approximation formula and of the averaging formula, expressed as a
function of maturities in fractions of years and relative strikes. Piecewise constant parameters.

3M 30.00 20.07 10.78 3.93 0.87 0.13 0.05 0.02
30.00 20.08 10.78 3.93 0.87 0.13 0.05 0.02
30.00 20.07 10.78 3.93 0.87 0.13 0.05 0.02
6M 40.01 30.06 20.41 5.53 2.06 0.18 0.05 0.01
40.00 30.06 20.42 5.53 2.05 0.18 0.05 0.02
40.01 30.06 20.41 5.53 2.06 0.18 0.05 0.01
1Y 50.01 40.07 21.33 7.85 1.97 0.17 0.03 0.02
50.01 40.07 21.35 7.84 1.95 0.18 0.04 0.02
50.01 40.07 21.33 7.85 1.97 0.17 0.03 0.02
2Y 60.02 50.11 31.38 11.23 2.92 0.24 0.06 0.01
60.01 50.11 31.39 11.23 2.90 0.25 0.07 0.02
60.02 50.11 31.38 11.23 2.92 0.24 0.06 0.01
3Y 70.01 60.07 41.07 13.92 3.55 0.41 0.08 0.02
70.01 60.07 41.08 13.92 3.54 0.42 0.09 0.03
70.01 60.07 41.07 13.92 3.55 0.41 0.08 0.02
5Y 80.01 70.07 42.64 18.37 5.74 0.61 0.15 0.04
80.01 70.07 42.64 18.36 5.72 0.61 0.16 0.04
80.01 70.07 42.64 18.37 5.74 0.61 0.15 0.04
7Y 90.00 70.24 52.22 22.15 6.46 0.86 0.21 0.06
90.00 70.24 5222 22.15 6.45 0.86 0.21 0.07
90.00 70.24 52.22 22.15 6.46 0.86 0.21 0.06
10Y 90.01 80.14 54.13 27.17 8.71 1.42 0.35 0.11
90.01 80.14 54.13 27.16 8.70 1.42 0.36 0.12
90.01 80.14 54.13 27.17 8.71 1.42 0.35 0.11

ProrosiTioN 4.4. One has the following estimates for every p > 1
IP}ly <C(Esup VT) VT,
IR 7 lly <C(&sup VT)* VT,
RS, Ny <Clésup VDT,
IQFIy <C(Esup VTIT,
IRZ, lly <C(Esup VT)'T,

3
3

142
IR3T "l <C(esup VI T?,
101 3
IRy 12 llp <C(Esup VT2

To estimate the derivatives and the residuals for the variables P¢. and Qf, we need
first to prove the existence of the derivatives and the residuals of the volatility process

op = \/v_f and its square v¢. Finally we prove Proposition 4.4.

4.4.1. Upper bounds for derivatives of 0¢ and v°. Under assumption (P), the
volatility process of is governed by the SDE:

6252
- 2 = Ko+ LBy, o = o, (49)

€ _
«Jlat—((2 3 t

where we have used Ito’s Lemma and positivity of v§ (see Lemma 4.2).

In order to estimate Rget, we are going to prove that it verifies a linear equation
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(Lemma 4.5) from which we deduce an a priori upper bound (Proposition 4.6). We
iterate the same analysis for the residuals R" ; (Proposition 4.7) and R 2, (Proposition
4.8). Analogously, we give upper bounds for the residuals of vf (Proposmon 4.9).

Lemma 4.5. Under (P), the process (RU = 0¢ — 00)o<t<T is given by

2
RU _uef(ue) 1(_ 5Sd +6_65st),

where

dUS = —aSUusdt, US =1,

2¢2
c Ket eét 1 +K

Proof. From the definition (og;); = (of)t and the equation (4.9), one obtains the
SDE

k0 «
— ~00,)dt, 000 = Voo.

dop, = (2 _ K
oot (2% 2

Substitute this equation in (4.9) to obtain

c e ek
dRY, = —afR,dt - %dﬂ —dB;, R} =0. (4.10)

Note that R" is the solution of a linear SDE. Hence, it can be explicitly represented
using the process U¢ (see Th. 52 in [Pro90]):

Ry, =U; f U3 5501 + 2 ap,)

a
ProrositioN 4.6. Under (P), for every p > 1 one has

RS );lly < Ce&sup VE.

In particular, the application € — o¢ is continuous® at € =0 in L.

Proof. At first sight, the proof seems to be straightforward from Lemma 4.5. But
actually, the difficulty lies in the fact that one can not uniformly in € upper bound U§
in L, (because of the term with 1/0{ in af).

Using Lemma 4.5 and Ito’s formula for the product (L) )X f ‘b 4B s), one has

R“ _u€f(u€) e Sd )+f €syg uffot(fos%dlsu)d(ug)*.

5Note that from the upper bound (4.11) in the proof, we easily obtain that the continuity also holds
a.s., and not only in Ly. Since only the latter is needed in what follows, we do not go into detail.
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Under (P), one has af > x/2 >0, which implies that f — Uj is decreasing and t - (llf)_1
is increasing. Thus, 0 < US(US)™! <1 for s € [0,t]. Consequently, we deduce

t 2
IRG,| < fo £ +( f E‘Ssst)t +( f €5 4By (1 - L)

t 26
< f = ds + ( f e&sdBy);. (4.11)
0 UOS

Now we easily complete the proof by observing that o > min(+/0y,, 4/v0) and

I(J &dBS)illp < Césup VE. - O
We define

t
&
ope=U" f (U™ 5 dBs.
0

Therefore, (01,¢)o<t<T solves the following SDE:

_ K04 K & B
dal,t = (2(00,1‘)2 + 2)0’1ltdt+ > dB;, 01,0 = 0, (4.12)
and for every p > 1
lI(01,);llp < CEsup VE. (4.13)

Prorosition 4.7. Under (P), the process (R(lf; =0} — 0? —€01 t)o<t<t fulfills the equality:

2 €

Ry _Uef(w) 5 o (- KRy
00,5 s ,

Moreover, for every p > 1, one has
IR il < Cle&sup VO

In particular, the application € - o¢ is C* at e = 0 in Lp sense with the first derivative at € = 0
equal to o1 (justifying a posteriori the definition R° ).
Proof. From Equations (4.10) and (4.12), it readlly follows that

&2
€ € K@t K ét
dR(lf,t = —afR(f,tdt —€O‘1/t(0(f - m - E)d 8(7 —dt RL{O =0.
Because of the identity
k0  x of K . €%
—(af — -)=((—- RS, + ,
@ a0 20 Gor 200 0 (g2

one deduces the equality

22 € 2¢2
Rf{j:uff(uE)l( ‘E+e1s«”; RS+ 5 g

s 200 8(00,5)?
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Then
t 2¢2 € 2 2
foad €(77€\—1 ﬁ as K ‘E
RETS [ U5 G ol R+ s
262 252
f us ey TR+ 52>>ds+e f sy & |als||R ‘Jds
(UOS)
252 é
elon (G R+ g s

where we have used Uj (Ug)~ 1< 1foreveryse[0,t]and Uef as(Ué)'ds=1- up <1
for the third mequahty Apply Proposition 4.6 and Inequahty (4.13) to complete the
proof of the estimate of II(R“ )illp- O

We define (02 t)o<i<T as the solution of the linear equatlon

_ K0; LK (014)
dogs = (- (2(0 )2 5o+ 91‘( W 40 )dt 02,0 =0. (4.14)
Clearly, for p > 1, we have
(02,)}llp < CEsup VB (4.15)
Prorosrtion 4.8. Under (P), the process (Rcz’et =0} - 0? —€01;— 6—2202,t)05tg fulfills the
equality:
282 2
& 025 (01s)
RU — ue ue 2 a5 ;
[t T R
282
K ge (S
—_ ds.
(( oos 200 Ris* 8(o s)2)a <lds

Moreover, for every p > 1, one has
IR );llp < CleEsup VH?.

In particular, the application € — o€ is C* at € = 0 in L,, sense with the second derivative at
€ =0 equal to oy

Proof. The equality is easy to check. The estimate is proved in the same way as
in the proof of Proposition 4.7, we therefore skip the details. d

CorovLary 4.9. The application € — v is C* at € = 0 in Ly, sense. The residuals for the

t
squared volatility satisfy the following inequalities: for every p > 1, one has

RS );lp < Ce&sup VE,
IR Nilly < Cle&sup VH?,
RS );llp < Cle&sup VH?.

Proof. Note that v¢ = (6€)2 = (00 + RY)* = vo +200,RS, + (RS)?. Thus, we have
Rget = 200,tR8€t + (Rget)z, whichleads to the required estimate using 6o + < max( /oo, 4/Osup)

and Proposition 4.6. The other estimates are proved analogously using Propositions
4.7 and 4.8 and Inequalities (4.13) and (4.15). a



hal-00370717, version 1 - 24 Mar 2009

TIME DEPENDENT HESTON MODEL 29

4.4.2. Proof of Proposition 4.4. We can write

1 T ol T P% ol pt T ol T p% ol
PT = PtRO,tdBt - ?Ro,tdt’ Rle = ptRZ,tdBt - ?RZ,tdt‘
0 0 0 0

Then, using Propositions 4.6, 4.8 and Corollary 4.9, we prove the two first estimates
of Proposition 4.4. The others inequalities are proved in the same way.

4.5. Proof of Theorem 2.4. For convenience, we introduce the following notation
for A €[0,1]:

Pas() =Pys(xo + f (1~ 1) 57 + A Jol)dlB, - f PE (1= Ayoos + Ach)dt

, f (1= P71~ Ny + Ao,

3i+jPBs/\ 9™/ Pgg

Sy Sy (x0+ f pi((1 =) Va7 + A \Jol)dB: - f PF (1= Yoo, + Aol

f (1— pA)((1 = A)og + Ao! )dt).

Notice that Pgs (see (2.5)) is a particular case of Pgs for A = 0:

5 5 9"Pgs _ 9" Pps
Bs = Pps(0) xy - oxy (0)

Now, we represent the error & in (2.12) using the previous notations. A second order
Taylor expansion leads to

1 —1)2
) = ElPas(1) = EPas(0)+ 1Pas(0)+ 3 Pas 0+ [ arti5?

93 Pps(A)).

The first term [E(Pgg(0)) is equal to (2.6). Approximations of the three above deriva-
tives contribute to the error &.
1. We have [E(d,Pgs(0)) = ]E(apBS P1 BPBS Q ). These two terms are equal to

(2.7) and (2.8) plus an error equal to

Ql
ox 8yR r)

]E(

2. Regarding the second derivatives, we have E(%BiPBS(O)) = ]E(% Py (PlT)2 +

ox2

)
%%(Q;) + aaiss PlTQlT). These terms are equal to (2.9), (2.10) and (2.11), plus an

error equal to

1821335 (PI)Z + 1821335 R(Q1)2 + &ZPBS RplQl)‘
2 axz 2,T 2 ayz 2,T axy 2,T

3. The last term with 83\1335 is neglected and thus is considered as an error.
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To sum up, we have shown that
2

! PBs @PHiQl)- 1 a p I Pbs @PYHiQhH>
&= ZIE& 11 R,T Z &121 )RZ,T ]
x'y =0 x

2
f -4 ZCl ‘plpisl(A)(P)(QTf dA.

Using Lemma 4.1 and Assumption (R), one obtains for all A € [0,1]

3 PBs

-2 /+1 D+

Il

L Al f old™

where we have applied a convexity argument. Finally, apply Lemma 4.3 with e =0
and € =1 to conclude that

Wz < CI( f (1= D)o + AoD)dt)

< (-l fo 00dt) "5 m)

||‘9 P <

C
(VT)@j+i=D+

uniformly w.r.t. A € [0,1]. Combining this with Proposition 4.4 yields that

T3—i/2

( \/T)S—i

\/_

1

€1 C| ) (Esup VT)®
i=0

< C(Egup VT)? x/f

Theorem 2.4 is proved.
5. Proof of Proposition 2.2 and Theorem 2.3.

5.1. Preliminary results. In this section, we bring together the results (and their
proofs) which allow us to derive the explicit terms in the formula (2.13).
In the following, a; (resp. f:) is a square integrable and predictable process (resp.
deterministic) and /is a smooth function with derivatives having, at most, exponential
growth.
For the next Malliavin calculus computations, we freely use standard notations from
[Nua06].

Lemwma 5.1. (Lemma 1.2.1 in [Nua06]) Let G € DV°(Q). One has

t ¢
E[G f asdBs] = [ f a;DB(G)ds],
0 0
where DB(G) = (DB(G))sx0 is the first Malliavin derivative of G w.r.t. B.

Taking G = I( fOT Pt \[vo,¢dB;) gives the following result.
Lemma 5.2. One has:

T T T T
El( fo By fo pr V0] = EI( fo pr I fo pi By
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Lemma 5.3. For any deterministic integrable function f and any continuous semi-
martingale Z vanishing at t=0, one has:

' Y,
j(;f(t)tht=f(; wt’% dZ[

Proof. This is an application of the It6 formula to the product a)( f 'Z,. a
Lemma 5.4. One has:

T
ELI( f Pt Vo0 dBy) f Brondt] = w0 TP EID( f Pt VoosdBy)],
0
T
E[K( f p1 \30dBy) f Biv} ] = i P f pr Vo0,dBy)]
o0 (OKTpc,vowpc,vo 2B ) f Pt VoordBy)],

i [ oo [ onsan = ol 00D [ vegiany),
0

Proof. Using Lemmas 5.2 (f(t) = e By, Zp = fot e**&s 7fvp,sdBs) and 5.3, one has:

T T T T t
]E[l(f o) WdBt)f ,Btthdt]:lE[l(f PtVUO,tdBt)f e"‘tﬁtf e**&s \/vo,sdBsdt]
0 0 0
l(f pr o, dBt)f Pevts, Voo, dBi]
—]E[l(l)(‘[0 pt VUO,tdBt)]L wg,_TKﬁ)eKtPt‘Eva,fdt'

which gives the first equality. The second and the third are proved in the same way.
a

LemMA 5.5. One has

ai+jf3 az+]P T
g% Fosy_ o 'Pes f v0,dh).
0

ox'yl oxtyi
Proof. One has
I'Pps, _ !
E[—— E 1=, E[Pps(xo + ; Pt\/UO,tdBt_ —UOtdf (1 p1)vodt)]
_JP g
- afjs(xo, fo vo,¢d).

Since Pgg verifies the following relation

dPps _ 1 ,0*Pps  IPps
dy 2 ox2 ox

), (5.1)

we immediately obtain the result. O
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5.2. Proof of Proposition 2.2. One has

2 T 2
B2 f g, - f . )
Z(Uo t) 2 4(00 £)2 2 8(00 t) 0

07 T 2,02
_Ed (P _ aPBSfmm 24— E [aPBSfO P4

2" ox? 0x? 80,4
8P35f &Pgsf pt 1t
= E| P+ SN -EIT 58 | o,

where we have used Lemma 5.2 at the first equality and identity (5.1) at the second
one. Plugging this relation into the approximation (2.12) and summing the second
and third line, one has

- opP T v
80 =EPas] + ELSE [ (o 2
Yy Jo

2Ppe (T PV 2P vy, T p2
2L f R R f o2 ap,— [ Py anp)
0 0

ax2 800t 8x2 2(001‘)2 0 2
a p
. f (1 - D)oty
a PBS f ! p_f
axy ( f (1= p7)o,di)( Ptszt)det i Soudhl+ & (52)

In addition, one has

275 "t
—]E[& PBSf Pt “dt] [& PBS(f o U1, _dB, - %01,tdt)2]
0 0 0

ox2 8vp,t ox? 2(vo, t)2
a P L‘p2 p2
gsf f TdBs — f — 01,5ds)(pt dBt——Uudt)]
= 2<v05)z 0 2 2<vo t)z
_ w1, Pps  9*Pps f f U1s f_ 2
_IE[z( Eo E ) |« pSZ(voS v1,5ds)py o1 4di]

t 2
pp%les f f _dB, - f B o cds)p?or 4],
How 2<voS>z 0

where we have used Ito’s Lemma for the square at the first equality, Lemma 5.2
at the second and Identity (5.1) at the third one. Substituting this relation in the
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approximation (5.2) and sumrning the second and fourth line, one gets

o(1) =E[Pys] + B[ 2LES f(vm—dt]

275 fp2
8 Ps f f —dB; — f =0 Sds)pt vy dt
Moy 2(005)2 0

T 52
+ f (1= pPor, ) f B~ | B )

2(vo,4)2

9 PBs

—IE[ ( f (1-p?)o1,dt)*]+E. (5.3)

We now study the second term of (5.3). In the computations below, we use Ito’s
Lemma for the second equality, Lemma 5.2 and Identity (5.1) for the third equality

and Lemma 5.1 (G = > Pfls v1,+) for the fourth one; it gives
aZP
8 BS f f Ps -dBs — f =2y ,ds)pPoy dt
*Yy 2(005
U1t T o}
+ f (1~ oo f pr—2ap,— [ Peoy )

2(vo,1)? 0

&ZPBS ' Pg 2 2
8xy f f 2(005 % - ; ?vllsds)(pt +1-pp)oydt

2
f ([ - rnsasie dBt—p—zfm,tdt»J

(Uo t) 2

t 2

T
PBS 01,5 Ps
= | E v,(f — _dB,- | Zoy.ds)at
fO &x]/ 1.t Ps (z)os)% s 0 2 1,5
PP
+EI% f ( f 1- p%)vlsdsmtvudt]

aZPBs ‘o3
= IE[ ( (- f —-01,4ds) + 55 DBv ds)
j(; 01, 1 P \/— 1t

&31) t 2 & P
+ ax;;;vl,tﬁ %vLsds]dtHE[ Bsf (f 1- pf)vlsds)ptvl dt].

From Equation (2.3), one has Df U= e kteks &, V0. Hence it is deterministic. Thus,
using Identity (5.1) and Lemma 5.2 for the first equality and Equation (2.4) for the
second equality, one has:

9*Pgg

A=E% f ( f p2or ods)or st + ( f (1= p2yor ods)pPon )]

t
JE[aP bs f ( f Os ookt ghsg, opzdBo)d]
0

2'UO s
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Now, plug this last equality into (5.3) and use the identity

T t f T
1
[ [ prorsasorsar( [ a=prondsiptondn+ 3 [ a-phovan? -

T t t
f ( f 0201 ds)on et + ( f (1= pD)orsds)(p2 +1 - pDordt) =

f ( f (02 + 1~ 201 ds)or st = 5 f ordt

it immediately gives the result.

5.3. Proof of Theorem 2.3. Proof. Step 1: We show the equality

2 i+1 T
&P 9" Pgs(xo, |, vo,dt)
Bsf (V1,6 +v2,1)dt] =ZﬂzT 8xi§) ,

i=

where

(x,pE0g,.),(~%,1) (x,p&vp, ),(0,p8),(-x1)

aT = a)o T ;AT = wO,T

Actually, the result is an immediate application of Lemma 5.4 and Lemma 5.5.
Step 2: We show the equality

: T
1 9%*2Pps(xo, J, vo,dt)

9 PBS 2 :
=5 ( f 14d)7] Zb:le ET ,

where
2 —_ —
bor = wg;,é 00, (=%, 1) K,l),
2
(1<,p£vg )(=x,1),(x,p&0g, ), (—%,1) (k,p&0, )k, pE00, ) (K, 1),(—k,1) 1,T
by = 0 T +2w 0 T = T .

Indeed, one has

1tdt)2]_]E[ i f ( f 1 cds)or ]
aZPBS oS Kt 2 Kt '
( ds)(e vy (At + &g €™ ( vl,sds)dBt)]

.
aPBS f ( f e ds)ev? tdt]+]E[%f ;25 f ‘”EKTPEUO)( K’Dv i,

where we have used Lemma 5.3 (f(t) = e, Zy = ( fot vl,sds)(e”vl,t)) for the second

equality and Lemmas 5.2 and 5.3 (f(f) = ( ftT e~*5ds)pi&rvgett, Zy = fot v1,5ds) for the
last one.
An application of the first and second equality in Lemma 5.4 gives the announced
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result. Actually, it remains to show that by = a% /2. Indeed, consider two cadlag
functions f and g:[0,T] —» R. Then

(o il gsds)dey b falf i) fin( [, g,dta)diadty

2 2
T T T T
:f ftl(f f gt3ft2(f g1, dty)dtsdtr)dty
0 t f ty
T T T T
_ f sl f f gugudisdtadis
0 h b Jb
T T T
+f gtsf ﬁzf g, dtydtrdtz)dt
51 t3 ty
T T T T
:2f ftlf fhf gt3f gt4dt3dt4dt2dt1
0 t 13 t3
T T T T
+f ftlf gf3f fl‘zf gty dtgdtrdtsdty.
0 t t3 tr
a

Putting f(f) = pr&rvo e and g(t) = e in the previous equality readily gives by 7 = 5T,
which finishes the proof. d

6. Conclusion. Wehave established an approximation pricing formula for call/put
options in the time dependent Heston models. We prove that the error is of order
3 w.rt. the volatility of volatility and 2 w.r.t. the maturity. In practice, taking the
Fourier method as a benchmark, the accuracy is excellent for a large range of strikes
and maturities. In addition, the computational time is about 100 to 1000 times smaller
than using an efficient Fourier method.

Following the arguments in [BGMO09b], our formula extends immediately to
other payoffs depending on St (note that the identities (2.2) and (5.1) are valid for
any payoff of this type). As explained in [BGMO09b], the smoother the payoff, the
higher the error order w.r.t. T; the less smooth the payoff, the lower the error order
w.r.t. T. For digital options, the error order w.r.t. T becomes 3/2 instead of 2.

Extensions to exotic options and to the third order expansion formula w.r.t. the
volatility of volatility are left for further research.

7. Appendix: closed formulas in Heston model. There are few closed repre-

sentations for the call/put prices written on the asset S; = eh 585X i the Heston
model (defined in (1.1) and (1.2)). We focus on the Heston formula [Hes93] and on
the Lewis formula [Lew00]. Both of them rely on the knowledge of the characteristic
function of the log-asset price (X;); and on Fourier transform-based approaches.

(i) In[Hes93], Heston obtains a representation in a Black-Scholes form:

T T
Callgeston(t, St, v T,K) = Sye~ ) #4spy — ge=Ji ms35p,,

where both probabilities P; and P, are equal to a one-dimensional integral of char-
acteristic functions.

(ii) In [Lew00], Lewis takes advantage of the generalized Fourier transform,
by using an integration along a straight line in the complex plane parallel to the real
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axis. It is important to detect the strip where the integration is safe. Lewis suggests
the use of complex numbers z such that 7m(z) = % His formula writes

T ged 2X
CallHestan(tr St,0t; TIK) = Sl‘e_j; - 27 e ¢T(_Z)

Ke™ ftTrsds oo dz
L oo 72 —iz

Ste_ ffT gsds
Ke_ffT rsds
evaluated by numerical integration.
Using PDE arguments in combination with affine models, we can obtain an explicit
formula for ¢r(z) in the case of constant Heston parameters. In addition, it can
be computed without discontinuities in z, following the arguments in [JK05]. For
piecewise constant parameters, the characterictic function ¢r(z) can be computed
recursively using nested Riccatti equations with constant coefficients: we refer to the
work by Mikhailov and Nogel [MNO3].

In our numerical tests, we prefer the Lewis formula which gives better numerical
results, in particular for very small or very large strikes, compared to the Heston
formula.

where X = 108( ) and ¢r(z) = E(EX1=X)|F;). Then, the above integral is
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